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Kaisa Lahtinen, Sarah Butt, Rory Fitzgerald - CCSS, City University London
Jason Dykes, Aidan Slingsby - giCentre, City University London

Non-response bias in social surveys is one of the most challenging issues facing social science research.
We are building a model to try and predict non-response bias for the European Social Survey.
Selecting variables for use in the model is difficult as the pool of variables is large, geographic a unfamiliar.
A collaborative design process involving social scientists and visualization is developing solutions.
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Collaborative co-design is helping us sift through hundreds of variables that might help us predict non-
response, leading to a better understanding of factors affecting non-response and more informed models.
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