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With the growing number of systems that provide garerated reviews the
relationship between users and vendors, particularly unfamiliar vendors, is changing.
Users are increasingly using online reviews for assessing vendorsO services prior to
purchasingthem. However, users might be uncertain how much to trust reviews
because most users are unfamiliar with reviewers and reviews might not be credible.
Thus, it is becoming increasingly important to understand which reviews are trusted
by users when they rka purchase decisions and why.

Previous work has suggested that factors of the review and reviperreived
review valence,quality, helpfulness, accuracy, perceived reviewerOs expertise and
bias- influence user trust. It has also suggested thetfatte signals, such as the total
number of reviews posted by the reviewer, are employed by users when deciding to
trust reviews and reviewers as part of their purchase decrsdung.

This research aims to advance knowledge regarding usemtusine reviews
when making purchase decisions. It first explores how users employ interface signals
in their perception of factors of the review and reviewer that influence trust. Second, it
clarifies how these factors relate to one another and to trust. ldregghe role of
new factors perceived reviewerOs personality and personality similarity to the user
that have not been previously considered in trust in online reviews. Third, it
demonstrates how the userOs own backgreutispositional trust, pastxperience
and personality shapes trust in online reviews. To do so, this research involved three
empirical studies, two of which were Hiased studies that collected qualitative and
guantitative data and one online study that collected quantitati&e dat

The findings show that there are two categories of interface signals, review
related and revieweelated that matter in trust. Reviaelated signals seem more
important not only in trust overall, but also are employed by users to perceive factors
of both review and reviewer that influence trust more so than revielaged signals.

Regarding the interplay between the factors that have been suggested to
influence trust, it seems that user perception of these factors are related to one
another. The peeived quality and helpfulness of the review seem to be most related
to the perceived reviewerOs expertise and the perceived review accuracy seems to be
most related to perceived reviewerOs bias. While all these factors relate to trust,
factors of the ree@w seem to have a more significant role. The findings also show that
the perceived reviewerOs personality relaetrust and factors that can influence
trust. For instance, the reviewerOs perceived high conscientiousness is related to high
perceived reww quality, high perceived reviewerOs expertise and high trust. The
perceived reviewerOs personality similarity to the user seems to play a weaker role in
trust than the perceived reviewerQOs personality.

The userOs own background seems to have a sighifitern shaping trust in
online reviews. High dispositional trust, extraversion and neuroticism are related to
high perceived review qualitaccuracy, high perceived reviewerOs expertise and high
trust. The userOs positive past experience of usinge aeltiews is related to high
willingness of making a purchase based on reviews.

This research makes several theoretical and practical contributions. It builds on
previous work on user trust in onlimeviews andvendors, and the perception of
personality.The findingspoint the way towards a framework of trust relationships in
systems that provide usgenerated reviews. Alsothe findings havedesign
implicationsbecause they showhich and how interface signals can influence trust.

13
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With the growing number of systems that provide «garerated reviews, such as
TripAdvisor and Yelp, the way in which users interact with online vendors,
particularly with unfamiliar vendors, inthe context ofeCommerce has changed.
Today, many users doot interact with unfamiliar vendors directly; rathéney
search for reviews written by other users (i.e. reviewers) about their experiences with
these vendorsO services prioptmchasing It has been reported that 30% of U.S.
consumers read online iews as part of the plethora of information they access to
inform their purchase decisions (Simonson & Rosen, 2(Adthermorea report by
Compete (2006kuggestshat over 50% of travel consumers read online reviews
about hotels and restaurants prior nhaking apurchas. Users tend to perceive
independent sources of information, such as online reviews, as more credible than
sources of iformation provided by vendorsuch as advertisementd/ith increasing
use of online reviews come new forms of onltnest relationshipsn which uses®
trust in unfamiliar vendors is becoming mediated by trust in the revjeths

reviewersor possibly both.

EFB)(/%./0)$%,3%65(%G(5C1/Y%

A substantial body of previous wodn user tru$i defined as thev@llingness
to be vulnerable based on positive expectationsbout the actions of othersO
(Riegelsberger et al., 200%) in the field of humarfcomputer interaction (HCljs
within the context of eCommerce (e.g. Egger, 20Bfabner KrQuter & Kaluscha,
2003) This work hasshownthat a lack of usertrust, or insufficient trust, in online
vendors can deter users fromaking purchag decisions Online purchasg are

transactios that involverisks and uncertainty.People may perceiveisk and
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uncertainty due tohe limited informatioravailablewhen shopping online (Souz&
Dornelas 2008; Xu, 2014; McKnight et al., 2082or because of the separation in
time and placei.e. the exchange of mondgr purchased services may not happen
simultaneously(Riegelsbergeet al., 2005).Thus, online purchass are more likely
whenusers trust the vendorBhis, in turn, hasled to research intways of motivating
online user purchasg, by investigating what increase user trust in online vendors
(Briggs et al.,2002. For example, seals of approvate a form of information
embedded in thenline interface that have been suggested to increase(frast&
Theon 2000)

In addition,it has been shown that ugausst in online vendorsan benfluenced
by the userOs owhackground Notably, user® disposition to trust, their past
experiencs, andtheir personalieshave been reportdd influence noonly their trust
in online vendors but also their purchase intentidwsers with high dispositional
trust(McKnight et al, 2002a) positive past experienséavlou & Gefen, 2004and
particular personalities, such as extraverfmsonalities(Lumsden & MacKay,
2006) tend to have more trust in online vendarsd are more willing to make
purchassfrom online vendors

Given the variety of factors thabntributeto trust, it has been suggestéiat
trust is amulti-dimensional concept which can sleaped byactors that relate both
the vendor(trustee) and the user (trustor) (McKnight et 20025,b). Previous work
(e.g. Riegelsberger et al., 200%)s emphasized the importancaunflerstanding trust
and how it is shapedot only becaus# determiresuserpurchaséut alsobecause it
determinsthe success of eCommerce technology overall. The widely reportedflack
trust in eCommerce can lead users to Ostay awayCQheaechnology altogether

(Suh & Han, 2003Grabner KrQuter& Kaluscha, 2002; Egger, 20p1
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The exchage of information about servicgroviders between users via the
Internet is called electronic word of mouth (eWOM). eWOMchsaracterisedy
either positive, neutral or negative information regarding the consumption experience
(King et al., 2014). While there are various types of eW&dh as comments on
social networking $€s(Chu & Kim, 2011; Ladhari & Michaud, 2015jorums blogs
(SeeTo & Ho, 2014 Lin et al., 2012 andreputation metrics (i.eating scales(Ye et
al., 2011) the focus of this research is solely on online negi@s they represent a
populartype of eWOM (Simonso&: Rosen, 2014) In this PhD research, an online
review is defined aghe textual and/or visual information generated by a user
regarding her consumption experience wih a particular vendor, publicly
communicated on systems that provide usegenerated reviews such as
TripAdvisor and Yelp.

Online reviews are likely to influence users to purchase from unfamiliar vendors
when users trust threviews, the reviewers, or possibly both. However, there are two
issues that can decrease usersO trust in reviews and reviewershlikistragitional
word-of-mouth which includes a direct relationship between the source and receiver,
such as friends or family members, the context of online reviews usually lacks the
connection between the sendee. reviewer)and receiveli.e. user who is seeking
for information to make informed purchase decisidiis means thahat most users
are not familiar withreviewers, whichin turn can make it difficult for users to
eshblish trust in the reviewsrand reviewgXu, 2014; Lis, 2013). Also, systems that
provide uselgenerated reviews tend to lack a standard mechanism for assessing the

credibility of reviews and have therefore been criticized for providing reviews that
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might not be credible (Kobayashi et al., 2015; Ku et al., 20Q8nhsequently, user
trust in online reviews has gaindte interest ofresearchers, leadinthem to
investigate which reviews are trusted by users and why (e.g. Riasanow et al., 2015;
Lee et al. 2008; Li & Tang, 2010).

Whilst previous studies have investigated user trust in online revilegrs, are
threegaps inthe previouswork that restrict the understandingwhat leads users to
trust online reviews when making purchase decisidii®ese gps are related t@)
interface signals that users employ when trusting revi@yvshe interplay between
thefactors that have been suggested to influenceandgsthe role of new factgrand
(iii) theeffectof the userOs own backgrowmtheir trustin online reviews

First, it has been suggested that users look for signals from the interface when
determining whether to trust reviews. Signals in this thesis are defimef@sation
available in the interface, whether visual or textual, such as a profile photo, that
matters in trust. Whilst previous work has identified some interface signals that can
affect trust (e.g. Riasanow et al., 2015; Xu, 2014), it is unclear Isans .employ
interface signals in their perception different factors that can influence trust, such
as perceived review quality and reviewerOs expertise. Thus, this research explores the
relationship between the information available in the interfaeeifiterface signals)
and the perceived factors thatluencetrust. It is important to na that this research
investigates signals that are relagstherdirectly to the review or theeviewerbut it
does notinvestigatesignals of the vendorOs repistatsuch as rating scales. Rating
scales have beealreadyinvestigated in previous work (e.gadhari & Michaud,
2015 Ye et al., 201,10gut & Tas, 201Pand they have beenahin to influence both

the uses(purchasealecisiors and their trust in the posteeviews.
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Second previous researchhas examined factoreelated tothe review and
reviewer thatcan influence usersO trusEactors in thé thesis are defined as
psychological constructs that might not be directly observable and require user
interpretation. Thesefactorsindicate the perceived trustworthiness of the review:
perceivedeviewvalence (Kobayashi et al., 2015; Riasanow et al., 2@L&Y)jty (Lee
et al., 2008) helpfulness and accuracy(Li & Tang, 2010) and the perceived
trustworthiness othe reviewer:perceivedrevieweOsexpertise(Sun et al., 2011
Smith et al., 200band bias(Connors et al., 2011)he existing literaturg@rovides
insightsinto the waysome of these factors may relate to one ana@thérto trustFor
example, higlperceivedrevieweOsxpertisecould lead to reviews being perceivasi
more helpful (Ckung et al., 2008) andlsolead to higher trust (Smith et al., 2005).
However, previous workasnot investigatd the interplay betweeall the factorsthat
can influence trusiThis representa gapthat is addressday this researchmotivated
by the suggestion thatustis complex and influenced by a combination of factbes
can relate to one anoth@.g.Riegelsberger et al., 2005

Furthermore the current understanding of trust in online reviews can be
broadened by integrating new factors that have not been eoegitdefore: @rceived
reviewerOs personality and personality similarity. Perceived personality has been
shown to be relevant to persasion in the context of online movie reviews
(Mohammadi et al., 2013pnd perceived personality similarityad been shown to
influence realife relationships such as friendshipgomantic relationshipsand
marriagethat might include trust €.g. Selthout et al., 2009; Selfhout et,&2010;
Byrne, 1961). Thus, the effects of thesew factors might extend tasertrust in

online reviewsand the factors that have been suggested to influence trust
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Third, the use®s owackgrounchas not been invégated in relation to trust
in online reviews Previouswork on trust ineCommerce has shown that the a€er
background inthe form of dispositional trust, past experien@nd personalityis
relevant to the level of trust that us@tace in vendors (e.dMcKnight et al., 202g
Lumsden & MacKay, 2006)dowever the role of the ussfbackground regarding
trust in online reviews has ngétbeen investigated.

Figure 1.1 shows théhreegaps in previous work that are addressed in this
research in an effort to advance #mwledge regarding user trust in online reviews

when making purchase decisions

Figure 1.1: Overview of gaps addressed in this research (1) relationship between
interface signals and influential factors on trust in online reviews (2) interplay of
factors that have been suggested to influence trust in online reviews and the
of new factorgi.e. perceived personality and personality similarity) on trust in
online reviews (3) Effects of user background on trust in online reviews
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This research aims to advance knowledggardinguser trust in online

reviews when makingecisions tgurchasdrom unfamiliar vendorsin doing so, it

addresses thellowing overallresearch question:

What leadsusersto trust online revievs and make purchase decisions bas

on online review®

This research question is addresggdnvestigating user trust in online reviews
when making purchase decisienbased on reviewelated and reviewerelated
factors. These factors aperceivedby usersthroughattendingto interface signals.
The effects of the user backgrouark also explored.Threeresearch objectives are

developed and investigated in order to address the overall research question.

Objective 1 To investigate interface signals that matter in user trust in ol

reviews when making purchase decisions.

First, this research aims to identify the role of interfammalsin trustin
online reviews To do so, it explores how usemploysignals from the interface in
their perception of the factors that influence trust. User assessment of vendors on
systems that provide usgenerated reviews is a situation of imf@tion asymmetry
the reviewer has more knowledge about the service quality than thbasgbitz et
al., 2012). Thisin turn, can lead users to seek signals when deciding to trust the

reviews.

Objective 2 To investigate the perceived revigelated and revieweelated
factors that influence user trust in online reviews when making purg

decisions and the interplay between these factors.
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Second this research investigatesow the previously suggsted factors

perceivedeviewvalence quality, helpfulnessand accuracyndperceived reviewés

expertise and biaselate toone another and tioust in combinationlt alsoexplores

whether user trust in online reviewan beinfluenced by other factors npteviously

consideredsuch as perceivesvieweOspersonality and personality similaritgnd

how these new factors relate to factors that have Ipeewously suggestedto

influence trust

Objective 3: To investigate the way that a userOs background shapes user

online reviews when making purchase decisions.

Third, this researclnvestigaes how the use®own background shapékeir

trust in online reviews. The uséllispositional trust, past experienemd personality
have been shown to influence trust in online vendors (McKnight et al., 2002a;
Lumsden & MacKay, 2006) and theeffectscan extend to trust in online reviews.

Table 1.1 shows the relationships between the objeativikés PhD researcandthe

gapsin previousresearch.

Objective

Gap

1) To investigate interface signals th
matter in user trusin online reviews
when making purchase decisions

1) Lack of knowledge about the wjq
users employ interface signals in th
perception of differet factors that ca
influence trust in online reviews.

2) To investigate the perceived revie
related and reviewaelated factors thg
influence user trust in online reviey
when making purchase decisions and
interplay between these factors

2) Lack of knowledge about th
relationships between the factors t
have been suggested to influence trus
online reviews and the role of new factc

3) To investigate the way that a use
background shapes user trust in onl
reviewswhen makiig purchase decision

3) Lack of knowledge about the role
the userOs own background in trust
online reviews.

Table 1.1: PhDresearch objectives and respective gagsevious research
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This research contributes tfoe work onusertrust in online reviews igeveral
ways. These contributions are listed according to the respective objectives.
Objective 1:

¥ Exploring interface signals that can influence user trust in online reviews (in
chapter 3).

¥ Identifying interface signals that matter in thperception of the
trustworthiness of theeview andhereviewer(in chapter3).

¥ Clarifying the effects of reviewelated signal§community opinions and user
generated photp®n trustin online reviewsand purchase intention (in chapter

4).

¥ Identifying interface signals that matter in the perception of reviewerOs

personality (in chapter 5).

Objective 2:
¥ Clarifying the interplay between perceived review valence, quality,
helpfulnessarnd accuracyandreviewerOs expertise and bias thedvay these
factorsrelate totrustin online reviewsand purchase intention (in chapters 3
and 4).
¥ Demonstrating the role of reviewerOs perceived personality and personality
similarity to the usein user trusin online reviewsand purchase intention (in
chapter 5).
Objective 3:
¥ Demonstratinghow useOsdispositional trusinfluences the use of interface
signalsas trust signal@n chapter3).
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¥ Clarifying the role of userOs dispositional trust pemst experience in trust
online reviewsand purchase intention (in chagérand 5.
¥ Demonstrating the role of the useo@s personality in trusin online reviews

and purchase intention (in chapter 5).

EFL%."(),)%)$/0=90/(

This research address#wee objectives. the relationship between interface
signals and trust in online reviemwtbe perceivedeviewrelatedand reviewerelated
factors that can influence trust and theerplay between these factpend finally,
the role of the userOs background in tinsonline reviews Chapter 2 presents the
foundation of this researdhy reviewingprevious relevant research. Chapterst3
and5 present three studies conductedhie course othis research. Whilall three
studesinvestigated what leads users to trust online revietwsn making purchase
decisions they differed in emphasis. Study 1 (chapteeg)lored signals of trust in
online reviews andhe resultsshow that signalselating tothe review play anore
important role in trustin online reviewsthan signalgelating tothe reviewer The
resultsalso show that users tend to seek signals to perceive the reviewerOs similarity
to themselvesndthat this perceptioncan transfer onto trust in the reviev&udy 1
alsoprimarily explored the interplay between the factors that can influenseand
their effects on trusiStudy 1formed the basi$or study 2 (chapterd) and study 3
(chapter 5).

Study 2focused onthe way reviewrelated signalsan affect trustlt also
addressed the interplay thie factorsthat can influence trusind theway these factors

relate tatrustthrougha larger scalguantitativeinvestigation than study. 1
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Study 3 (chapter5) focused onthe relationship betweeithe perceived
reviewerOgpersonality andpersonality similarity to the userand trust in online
reviews The useDdackground was taken into account througfthe three studies
The combinedindings of the three studietarify thenew forms of trust relationships
between the usethereviewer andthevendoron systems that provide usgenerated
reviews

Chapter 2 presents a review of previous work related to this researchTdrea.
chapter consists a@fvo parts.A substantial body of previous work on user trushm
HCI field is within the context of eCommerthus,the frst part reviews previous
work on trustwithin this context. In doing sdhe first part clarifies the concept of
trust and explains howusertrust in online vendorscan be influenced by interface
signals and the us@sown backgroundThe second part reviews previous work on
trust in eWOM andonline reviewsand describs the factors as well as interface
signals that can influenaesertrustin online reviews

Chapter 3 presentghe first studyof the research reported in this thedikis
studyfollowed a factorial design approach and gathered qualitative and quantitative
data to explorénterface signals that matter in userst(objectivel). It outlines how
usersemployinterface signalé their perceptionof the trustworthiness of theview
(i.e. perceived review quality, helpfulnessxd accuracyandthe trustworthiness of
the reviewer (i.e. perceived reviewerOs expertise and .biag)iso shows how the
useDbackgroundn the form of dispositional trustffects the use of interface signals
(objective 3).In line with objective 2 this study provides an initial qualitative
exploration ofthe interplay between th&actorsthat can influencérust and the way

these factors affect trust.
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Chapter 4 presentshe second studyf this research. This stu@ysofollowed a
factorial design approacht Was conducted online and collected quantitative data to
investigate the effestof review valence, community opinions about the reyvevd
usergenerated photos on user trust in online reviews and purchase intdritisn
study investigated the effects of review valemekich was not taken into account in
study 1(objective 2) The effects of community opinions and ugenerated photos
were investigated based thefindings of studyl, which suggested the importance of
these signals regarding trugibjective 1) This study also shows how the uer
background in the forrof dispositional trust and past experierst@peusertrust in
online reviews and purchase intention (objectiveR®ally, this study clarifiesthe
interplay between factotbat can influence trusind how these factorslatenot only
to trustbut alsoto purchase intentio(objective 2).

Chapter 5 presentghethird studyof this research. This study followed a round
robin design approach and collecteath qualitative and quantitative data to explore
how users perceived the reviewerOs personality basederface signals (objective
1) and how the perception of the reviewerQOs personality and personality sitailarity
the userrelate totrust in online reviews and purchase intention (objective 2). This
study also shows how the userOs own personalipara®f the userOs background,
shapedrust in online reviews and purchase intention (objective 3).

Chapter 6 summarizes the researckported in this thesislt revisits the
contributions of thempiricalstudiesand show how the findings of the studies point
the way towards a framework that explausertruston systems that provideser
generatedeviews. It also revisits the design implications, point out the limitations of
the research andirections of future work and finally, it concludes with final

comments.
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This chapter provides the background to tesearch reported in thtbesis

and consists ofwo parts.The first partprovides a review oprevious work on user
trust inonline vendorgsection 2.1)It defines the concept of truahd differentiates
trust from relatedconcepts such as reliance and assurance (section 2.1.1). Section
2.1.1 alsodifferentiates trusas an internal state of the ugesm the perception of
trustworthinessas well asfrom trusting decisioa Section 2.1.2lescribe how user
trust in online vendors can be affected by signals in the interfageovides an
overview of trust signals online vendorsandthe differenttypes of signalskinally,
section 2.13 reviews previousstudies thahave emphasizedhe role of the usérs
backgroundi.e. dispositional trust, past experiene@ad personalityin shapinguser
trust in online vendors

The second part of this chapter focusesuser trust in eWOM and online
reviews (2.2).It discussedhe reviewrelated factors (section 2.2.1) and reviewer
related factors (section 2.2.2) that have been suggested to influence user trust in
online reviews and the way that these factors can relate to one anothien 3&t3
explainswhy user trust in online reviews can be affected bypixeeivedreviewerOs
personality and personality similaritp the user which have not beepreviously
considered regarding trust in online revieWsction 2.24 reviews interfae signals
that have been suggested to influence user tnushline reviews Finally, section
2.25 provides an overview ofiser trust in systems that provide ugenerated

reviews.
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Trust is adifficult construct to investigate because it is hard to defrags et
al., 2002. Understanding user online trust requitaking into accountvarious
considerations such as the message, the scamdghe channelPrevious work by
Tan and Theon (2@) suggestthat user trust relates to theocessesipon whichthe
user must rely in order twompletea transactionas well agelating tothe agentvith
whichthe user is dealing. Other work (e.g. Briggs et al., 28@8)suggested thttist
is related todependability, faith, predictability, reputaticsndfamiliarity as well as
expectation of the outcomes. EggerOs (2000) ofemust combines tree different
views. Egger(2000) suggests that trust is first relatedthe useBsknowledge of e
domain and the reputation of the vendor. Secdrukt is related to thenitial
impressionof the vendor based on the interfdeeg. layout) Third, trustis related to
the user perception of the quality of the contdféred on the site

The term @ustO is often used interchangeallih or perhaps confused with
Qeliance and Gassurand® both in everyday languagend in academic research
papers (GrabnefrSuter et al., 2006). Thus, order to clarify the investigation of this
researchirustshould be differentiated from these concepts. First, regatdist and
reliance, authors including Flechais et al. @0@nd Riegelsberger et a2005)
suggest that the difference between these two concepld depenan the stage of
interaction betwen the trustofi.e. the actor who is trustinghhdthetrustseqi.e. the
actor who is being trustedYrust is of particular importance in the early stage of

transactions, i.e. user firBtme interaction with an online vendor. Reliance arises after
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thetrustoO®ngagement in the transactiomeaning that the user forms an impression
of whether the vendor is reliable based on the outcomes of the transaction.

Second, regardg trust and assurance, Riegelsberger et28l05) and Flechais
et al. (2006) dfferentiate assurance from trust by suggesting that assurance refers to
contextual factors that lead the trustee to behave in a trustworthy manner, i.e.
fulfilling the trustorOs needs. An example aotontextual factor is institutional
embeddednesavhich refers to organisations such as consumer srigidups and
ethics committeg or institutions that have the authority to sanction untrustworthy
behaviour.

Work on trustin the HCI field such asthe currentresearchhasrelied on
definitions from the social scienceand has suggested thathére aretwo crucial
aspects of trustFirst, trustincludes two actorsthe trustor andthe trustee.Second,
trust isrequiredin situations that involve a level of uncertainggardingthe outcome
that matters d the trustor.The trusto®s uncertainty arises becatise outcome
depend on the behaviour of the trustee and the trustarlihdted control over the
outcome. The most common definition of trust useith@HCI field is as follows

Orrust is thewillingness to be vulnerable based on positive expectatiinsut

the actions of other® (Riegelsberger et al., 2005)

Given the definition stated in italics, trust has beilewedas an internal state of
the trustor (McKnight et al., 20@2; Flechais et al 2006; Lumsden, 2009;
Riegelsberger et al., 2008/ang & Emurian, 2005 To understandraist it must be
differentiated from(i) the perception of trustworthiness which is an antecedent of
trust and (i) thetrusting decisionwhichis an outcome of trst

In the eCommerce context, has been suggested thhe look and feel ofa

websiteplay significant roles in user perceptionaofendogrustworthiness (Briggs
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et al.,2002. Theperception of trustworthiness turn, can influencerust.Users tend

to have hightrust in the vendorwhen thevendoris percéved as trustworthy.
However,user perception of trustworthiness might be inaccyaaie thisin turn, can
leadto misplacedrust(Riegelsberger et aR005) Technologymediatedransactions
might notincludea large amount ahformationto help the trustoin theirassessment
of trustworthinessFor example in shoppingn physical storesconsumers can assess
the vendoDdrustworthiness based on tsre size antbcation. Trey canalsoassess
the staffOsskills and motivatiorbased orinterpersonal cues (e.g. tone of voide).
contrast, aline shoppings missing much of this information available in shopping in
physical storgsand this can limit theassessmenf the vendaOstrustworthiness.
Also, asonline vendors aim to increase user trust and motivate purchase dgcision
online vendorsnay provide information thaincrease ther perceivedrustworthiness
rather than reflecting tireactual trustworthiness.

In the context of this research, the perception of trustworthiness reféhe to
impression conveyed to the user about the trustworthiness of the review and the
reviewer by interface signal$his perception of trustworthiness can in turn influence
trust. For exmple, users might trust reviews when the review is perceased
trustworthy or when the reviewer is perceiasdrustworthy.

Furthermore, trust as a concept must be clearly differentiated from trusting
decision Trustingdecisionrefers tothe userCactual behaviour baseoh hertrust. An
example ofa trusting decisionin the eCommerce contexs the usermaking a
purchase froman online vendorbased on her trust in the venddicKnight et al.,
2002y; Riegelsberger et al., 200%).is important to notéhat even thougtrust carbe
viewed as a significanpredicor of trusting decisiors, trust might notalways be

sufficient to completelyexplain thetrusting decision This is becauséhe trusting
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decisioncould be influenced bgxternalfactors. For exapie, a user might have trust
in a particular vendor but does not make a purchase from the vendor because of the
offeredprice (Kim & Srivastag, 2007).
In the context of theresearch reported in this thesissting decision refers to
the user purchase ttie vendor servicelsased on reviewd he tusting decision can
be influenced by trust ithe revievs and itis measured by capturing the behavioural

intentionof the usetowards the vendor, i.e. purchase intention.
HFEFH%N,75#;)% 185%./6)$%@&(5C1/)%

In the context of eCommerce, information availaimethe vendorOs websitas
been referred to as signalBhesesignalscan help the trustor (user) assesghe
truste®s(vendoO} trustworthinessand thereforecan increase trust andventually
lead toa trusting decisionRiegelsberger et al., 2005; Sasse and Kirlappos, 2011)
Researchers such as Egggd(l) and Nielsen et al2000)havecarried out research
onwhat signalshould bencluded in vendorsO websitesorderto increase user trust
andtherdoy motivate users to make purchase decisions. These guidelines are based on
user studiesn which participants were asked fayuantitative and/or qualitative
feedback abouaspects of the websithat increase ther perceptionof the vendofs
trustworthiness. Briggs et al2q02 provides auseful summary ofthesesignals

(Table2.1)
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Guideline Source

Seals of approval, e.g. TRUSTe Cheskin Research (1999); Tan & Theon (2000

Explanations on advice given Egger (2000)

Independent peer evaluation, e.g. testimon Egger (2000); Schneiderman (2000)

from customers

Alternative views, i.e. links to independe Schneiderman (2000)

sources

Indicators of expertise and fulfilling pa{ Egger (2000); Fogg et al. (@D); Olson & Olson
performance (2000)

Professional image Egger (2000); Fogg et al. (2001)

Real world look and feel, e.g. real addresses | Fogg et al. (2001)

photos of real people

Policies of security, privacy, compensation § Cheskin Research (1999); Egger (200(

return Schneiderman (2000)

Table 2.1:Signals that can increase user trust in online vendors (from Briggs et al.,
20@)

Riegelsberger et al(2005) has categorised thsignals of trust in online
vendors into two typessymbols ad symptoms of trustworthines&ymbols of
trustworthinessact as signifiers of trustarranting properties or characteristics.
Examples of symbols of trustworthiness in the context of eComniectede trust
seals. Despitehe fact that such signals represent common ways of signalling
trustworthiness, vendomust still ensure that users are aware of the existence of
thesesymbols and understand the meaning of the symBalsh@rach & Gambetta,
2001). Riegelsberger et .g2005) discustiow vendors can make use of interpersonal
cues such as photos of smiling peogésymbok in order to increase the perception
of trustworthinessAccordingly, in the context of this research, smiling profile
photo of areviewer can be viewed as a symbotheftrustworthiness of theeviewer

Symptoms of trustworthinesshe second type of sigisalare Onot necessarily
created to signal trustarranting properties rather they are given off aptoduct of
trustworthy actionO (Riegelsberger et al., 2005). Tieans that unlike symbols
which are created for thepecificpurpose of signalling trustworthiness, symptoms are
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gained as a consequence of previous trustworthy behaviour. For example, the
existence ofa large numberof testimonials can indicate a high level of
trustworthiness of a particular vend@ecausesymptoms areobtained byvendors
basedon trustworthy behaviour, trustworthy vendpiis contrast to untrustworthy
vendors,do not need to invesnhoneyin order to gain symptoms of trudn the
context of this research, the numbetiofes a review is rated aglpful, referred to in

this thesis as MOmber ofhelpful votesgiven to a revieW,can be viewed as
symptom ofthe trustworthiness of threview.

Althoughthis research investigzg signals of trust in online reviews, it does not
distinguish between symbols and symptomsheftrustworthiness of theeview and
the reviewer Rather, i investigates thenfluence of interface signalsxaisertrustin
reviewsand howusers employnterface signals in theperception of differenfiactors
of the trustworthiness of theeview (i.e. perceived review quality, helpfulneasd
accuracy) andactors ofthe trustworthiness of theviewer (i.e. perceived reviewerOs

expertise and biagzhaptes 3 and 4)
HFEB®88(=3$)%18%8¥#%%/105CP5%9)(/%./0)$¥H5%( % G(5C1/Yo

Trust in online vendorbasalsobeen shown tke affected bythe use®sown
background in the form ofdispositional trust, past experience and personality.
However, theeffects of user background ihe context of online reviews havet
been investigated gap that is addressed in this reseéoblective 3) The following

sections discuss the role of user background in user trust in online vendors.
#'S " #8()*('+'*,-.%+/0(Ho

Dispositional trustis a generaltype of user belief defined ash® extent to

which one displays a consistent tendency to be willing to depend on others across a
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broad spectrum of situations and persanBispositional trustffects user perception

of the reliability of others, and it can be shaped by a userOs cultural background and
personality typeg(McKnight et al., 2002a)McKnight et al. (2008) suggested that
dispositional trust involves four dimensionstegrity, competence benevolence

and trusting stance Integrity refers to therustorOs perception of theusteeOs
honesty. Competence refers to thestorOs perception of ttrasteeOs ability to meet

the trustorOs needs. Benevolence refers tarubmorOs perception of theisteeOs

caring to act in accordance with the trustorOs interests. Finally, trusting stance means
that Oregardless of what one believes about peopleOs attributes, better outcomes result

from dealing with people@®cKnight et al., 2002a)

McKnight et al®g2002) model of trustsuggestghat the userQdispositional
trust mattes significantly in both the perception of the vendorOs trustworthiness and
trust in online vendors. This model is based on quantitativefdatainvestigatng
what makes users truservice providers, particularly legal advipeoviders.Their
model suggest that dspositional trusthas statisticaly significant effec$ on the
perceived trustworthiness of thendoras well as ortrust in the vendoiTheseeffects
meanthat users with high dispositional trust tend to perceive the vendor as more
trustworthy and also have more trust in vendors compared to users with low
dispositional trust.

As dispositional trust has been found to influence the perception of vendo
trustworthiness and the trust tlaatser placein the vendor (McKnight et al., 208R2
its effectsmay extend to the perception tistworthiness of theeview and reviewer
andto trust in the reviewsAccordingly, his research takes user dispositional trust

into account in albf the studies (chapters 3,&hd 5).
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Pavlou and Gefen (2004) explatmata useOpast experience is determined by
the quality of the us€rsown encounter with a particular vendor. Past experience is
therefore suggested to affect the @snowledgebasedtrust in the vendor. This
means that based on past experience, users can form a general idea about s vendor
performance and become fdiani with the Owhat, who, howand whenO of what is
happening during a purchase transacti®aviou and Gefen (2004)iscussthat the
useOspast experience with the vendor can influence theQsbersting decision
because of two reasarfarst, positive past experience reduces the perception of risks
and uncertainty involved in the trustimgcision i.e. the online purchaselecision
The reduced perception of risknd uncertaintyis due to the accumulated prior
knowledge about the venddsperformance based on previogacounter Second,
positive past experience leads users to be more willing to make purchase decisions
sincepositive past experience is basedto@high quality of previous encountefise.
the vendo®dulfillment of theuser needs

Given the effect of the ug@gpast experience on the udsrusting decisiorin
online vendors, it is possible that user past experience of using online reviews can
alsoinfluencethe trusting decisionn the reviews Positive pastuserexperience of
using online reviewsould be based orthe high quality of outcomes of previous
trusting decisiongn online reviewsi.e. previouspurchase decisiortsased oronline
reviews. Thuspositive past experienagith online reviews might lead useto make
atrusting decision irreviews, in contrast to negative past experiedaeordingly,
this research investigatéise potential effect of usgd past experience of using online

reviews on thdrusting decision in the review, which is measured laptaring the
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userbehavioral intention towards the vendor, perchase intentionThe effects of

user past experience anwestigated in study 2 (chapter 4) and study 3 (chapter 5)
I"#"$"$IR/(*,-.'+5 %

Personality refers to the latent construct thatoamnts for OindividualsO
characteristic patterns of thought, emotion and behaviorO (Funder, 2001). The
literature includes various models that describe personality. The most accepted model
is the ®ig 5 personality traitsOGpsling et al., 2003; Vazire &osling, 2004;
Selfhout et al., 2009; Mohammadi et al., 2018)his model, personality suggested
to include five traits:
¥ Extraversion extraverted, enthusiastic vs. reserved, quiet
¥ Conscientiousnes®ependable, sellisciplined vs. carelesdisorganized
¥ Agreeablenesgritical, quarrelsome vs. warm, sympeiit
¥ Neuroticism Anxious, easily upset vs. emotionally stable, calm
¥ Openness to experience@pen to new experience, complex vs. uncreative,

conventional

Lumsden and MacKay (2008@lscuss the relof the useDgersonalityin trust
in online vendors. Thesuggestthat extaverted users tend to perceivendorsas
being more trustworthy than introvisrdo. Tan and Sutherland2004) developed a
multi-dimensional model of trushatshowsthatfour personality traits of the usare
relevant totrust in online vendors Their model suggests that extraversion and
openness to new experience are positively related tq treisindividuals who are
extraverted and open to new experience tend to lhigier trust than introvextiand

conventional users. In contrast, conscientiousness and neuroacesmegatively
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related to trust meaninghigh conscientiousness (i.e. dependable anedssdipline)
and high neuroticism (i.e. anxious and easily upssat)decreastust.

User personality haalsobeen showrto berelevant to trust in recommder
systems.In this respectGoldbeck and Norris (2013) investigated the direct link
between the us@spersonality and user trust mmovie recommender systefne.
Netflix). Their resultsshowthat the usédgersonality has a significant roft only
regarding trust in recommender systems but also regarding the perceived usefulness
of the recommendationsAmong the five personality traits, the userOs
conscietiousness seems to be particularly important. Users who are highly
conscientious(i.e. dependable and salisciplined) tend to have more trust in
recommender systems and also perceive syg@marated recommendations as more
useful. This could be becausgsers withhigh conscientiousessare organised, plan
extensively and are deliberate in their thinking. They therefore might tend to
appreciate the recommender systasnaway to help them organise their viewing
experience(Goldbeck & Norris, 2013) It is interesting to notdhat the results
regarding the effect of the uésown personality, particularly the user level of
conscientiousness, in the contextlod recommender system contradice resultsn
the context of eCommercam which Tan and Suthénd (2004) have suggested that
high conscientiousness can reduce tris$tese conflicting results raise questions
regarding the effect of user personality on trusthm context obnline reviews and
whether user conscientiousndssa positive or negate effecton trust The effects
of the userOs own personality on trust in online reviews when making purchase

decisions are investigated in the third study of this research (chapter 5).
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Previous research has investigated different types of eWOM such as online

reviews, forums, comments generated on Facebook and rating siiales &l., 2012;

King et al., 2014; Se&o & Ho, 2014; Ladhari & Michaud, 2015; Ogut & Tas, 2012).

It has been sugpsted that eWOMan influence useftrust in vendos and therefore

thar purchasealecisiors since users tend fmerceiveinformation posted by thepeers

as credibleSeeTo and Ho (2014) discuss that user trust in vendors can develop in
online forums Vinere usergmployinformation posted by previous consumers when
deciding to trust a particular venddn this respect, positive information in online
forums can lead to high trust in the vendbadhari and Michaud (2015) have
investigated the effects ofomments generated on the social networking site
Facebook on the choice of a hotel. They found that this type of eWOM has a
significant effect on the ud®sattitude towardsthe hotel, trust inthe hotel and
intention to bookthe hotel. Reputation metrscsuch as rating scales have been also
suggestedo influence uses purchaseof vendor servicesln this respect, Ye et al.
(2011) found that a 10% increase in théng ofa hotelcan lead to 4.4% increase in
sdes. Ogut and Tas (2012) reptinat a 26 inaease in the hotel rating can increase
sales by more than 2.6%.

In addition to online forums, comments on social networking sites and rating
scales, it has also been suggested that online reviewsamliayportant part in user
perception of and attitude towards vendors. Indeed, a study by Utz (2012) revealed
that online reviews can impact the perceived trustworthiness of the vendor, to a even
greater extent than assurance seals.

Given the importancef eWOM in usersO trust in vendors and their purchase of

the vendorsO services, previous work has provided implications for vendors regarding
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the use of and responding to eWOM. Overall, most previous work has recommended
vendors to encourage users to gossitive, rather than negative, eWOM in order to
increase usersO trust and motivate them to make purchase decisions (e.g. Kim et al.,
2012). Some previous work suggests that vendors need to identify Osocial
influencersO (Chu et al., 2011) or Oopinion ls@i¢Ladhari & Michaud, 2015) and
encourage them to share positive eWOM. Social influencers or opinion leaders are
users who possess a large network of connections such as friends or followers and
therefore their opinions might strongly affect usersOdnaspurchase decision. Ye et

al. (2011) and Ladhari & Michaud (2015) suggest that vendors need to respond to
negative eWOM in an efficient manner to gain user trust and protect their online
images. Finally, Ye et al. (2011) have also suggested that eWdDMis valuable
information that can be used by vendors to improve their services and to gain
competitive advantages.

Since this PhD research focuses on investigating user trust in online reviews,
the following sectioncovers previous work that investigad the factors that can
influence user trust in online revieswUser trust in online reviews has captured
researchersO interest becamskne reviews aramore likely to influence users to
purchase from a vendor when users trust the reviews, or reviewgrsssibly both
but user trust might be restricted because of unfamiliarity with reviewermekof
credibility of the reviewgXu, 2014; Kobayashi et al., 2015) number offactors
have been suggesteditdluence user trust in online reviews andghase intention
(e.g. Lee et al., 2008; Kim et al., 2008; Ku et al., 20RZcherla et al., 2008These
factors areperceived review valence quality, helpfulness and accuracy, and
perceived revieweDsexpertise and bias. While previous workhas provided some

insightsinto the waysome ofthese factors relate to one anotaed to trustit hasnot
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taken into accoungll of these factors togetherhis represents a gap that is addressed
in this researchparticularly in study 1 (chapter 3) and studycBapter 4)because
user trustcan beinfluenced by a combination of factors that might relate to one

another (e.g. Riegelsberger et al., 2005; Briggs 2@02 (objective2).
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Findings of previousstudiesinvestigaing the effects ofuser perception of
review valence on trust have been inconsistent. Riasanow et al. (2015) suggest that
users tend to trust negative reviews more than positive revi@wsn thenumerous
service providers in the online market place (e.g. hotels), there is a low cost associated
with finding alternative service providerslegative reviews can helgsersto filter
out some ofthe availablechoicesand therefore might be trusted more thanitpes
reviews Furthermorenegative reviews are unlikely to Iperceivedas self-serving
while positive reviews can be seen as-seliving In contrast, a study by Kobayashi
et al. (2015) found that users tend to trust positive reviews more than eegativ
reviews.Thesecontradictory findingsuggest that the effect of review valence is still
unclear and further work is needed to understand how review valence affects user

trust in online reviews.
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Previous work byLee et al (2008) Kim and Park (2012) and Racherla et al.
(2008) argue thauser perception afeview quality has a significant role the trust
the user place in a review. The perceived review qualithhas been suggested to

include four dimensionsperceivedunderstandability, sufficiency, relevance and
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reliability (Lee et al., 2008)Perceived nderstandability refers to thease with
which the content can be understdndthe userPerceived ufficiency refers to the
extent to which the content of the rewiés seen asnformative regardinglifferent
aspects of thereviewed servicesPerceived elevancerefers to the extent of
congruence between information needed by users and the actual inforimeltided
in the review andperceivedeliability refers tothe Odependability of informatioa®
viewed by the useilLee et al., 2008). Therefore, higlerceived reviewguality could
be characterised by eagyunderstand content, sufficiemtformationabout various
aspects of offered services, relevant infororatneeded by users for assessing
servicesanddependability othe includednformation. In contrasg review withlow
perceivedguality would be difficult to understanthck information about the service
and could include irrelevant and unreliableformation. Furthermore, Kim &
Srivastava(2007) suggest thahot all reviews influence the purchase intentam
reviews tend to differ in qualityOnline reviewsaremorelikely to influence purchase
intentionwhenthey areperceived akigh quality

Otherstudies havenvestigated the effects of perceived review quality on user
perception of the usefulnesd and trust in systems that provide ugenerated
reviews.In this respect, Li & Tang (2010) adapted the technology acceptance model
(TAM) to the context of systems that provide uggmnerated reviews. Their model
suggests that lack of high quality reviews can negativepact theuse®gperception
of the usefulness of suchystems because low quality reviews do not helputdes
assess theendos and thereforelo not aidthe purchase decisioack of high
quality reviews caralso decrease user trust in systems that provide-geseerated
reviews. It is therefore recommendiht these systems ensure the quality of posted

reviews in order to matain user trust
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Previous studies by Connors et al. (2011) BradiesceNiculescuMizil et al.,
(2009) have emphasizetivo reasons forthe importance of perceived review
helpfulnessFirst, reviews that are perceived as helgfalze more impact on purchase
decisiors thanreviews that are perceived to behelpful. Second, the helpfulness of
reviews caraffectuserloyalty to the systems that provide usggnerated reviesvas
users tend tacortinue usingsystems that provide helpfukviews and therefore
facilitate their purchaseecisions

The existing literature provigansights on what can affect user perception of
review helpfulnessA qualitative study by Connors et. dP011) showed tha the
useDgperception of review helpfulness is negatively relatduigh levels of emotion
I.e. users tend to perceiveviews as helpful when the review inclsdew levels of
emotions.This suggesta relationship between perceived reviefdias which can
be indicated by the reviewer being highly emotiofaal will beexplained in section
2.2.2) and perceived review helpfulne@su et al., 2012; Ghose & Ipeiroti2011)
Furthermore, Ghosand Ipeirotis (2011) propose that the perceived hel@gsdnof a
review can be impacted by the quality of the review, particularly the understandability
of the review. Thus, reviews that are easy to understand and do not include spelling
and grammatical errors can be perceived as more helpful.

Finally, therevieweOdevel of experience haalsobeen showto berelevant to
the perceived helpfulness of the review. Liu et al. (2GQ@)gesthat high leves of
perceived reviewésexperience can have a positive effect on the perceived
helpfulness ofa review becauseexperienced reviewers are perceivasiproviding
more helpful information than inexperienced reviewerkis suggests a relationship
between theperceivedreviewerOs expertisnd the perceived helpfulness of the
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review since thereviewerOexperieice represents a rdensionof the reviewerOs

expertise Kim et al., 2008.
MI"H#'<%2/42'627248'28%4140/-45%

Review accuracy is defined as the exadstwr correctness of the reviemd
the extentto whichthe review reflects reality about the servimang reviewed (Li &
Tang, 2010). Theperceivedaccuracy of online reviews has been investigated in
relation to user trust in systems that provide ‘gssrerated reviews (Li & Tang,
2010)as well asn relation to the helpfulness of reviews (Connors et al., 200Q).
and TangD92010) study, which adaptedAM, they suggest thatisers tend to trust
systemsthat provide usegenerated reviews when the reviews are perceasgd
accurate.

Connors et al(2011) suggest that theerceivedaccuracy of reviewsan affect
the perceivedhelpfulnessThis meanghat in order for reviewto help the purchase

decision, regiews must first be perceivexbaccurate
HFHE(+,(-(/ P(#$(CB=$1/Y0
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RevieweDsxpertise refers to theserOs perception of trevieweras having
knowledge in a particular domaim has been considerad be annfluential factorin
user willingness to depend on online information (Kim et al., 2@&gs et al.,
2002. It has been argued thaviewerOs expertigimportantbecause it helps users
to identify trustworthy conterprovidedby reviewerswith whom they have had no

previous interaction (Kim et al., 2008).
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Previous work by Suet al. (2011) hypothesizelmodel thasuggesta direct
relationship betweenthe perceived review®s expertise and the perceived
trustworthiness of theeview. Their modelproposeshat high perceived reviewébs
expertise positivelyncreaseshe perceived trustworthiness tte review, which in
turn, increases the likelihood of purchase decisnatking

The effects operceived reviewsxpertise haveeen further investigated by
Smith et al. (2005), Pan and iGh (2011) and Cheng and Zhou (20). These studies
show that user perception of the reviefsxpertise matters iboth user trust in the
reviewerand the purchase intention. Users tend to have more trust in expert reviewers
and are more willing to make purchase decisions when thevevig perceived aan

expert.
"M1"%12/42'62726'282/=0-( %

RevieweDdias has been suggested as an important factor in usen tomdine
reviews(Ku et al., 2012Lai et al., 201D Biased reviews, referred ts antruthful
reviews arereviews generated by actors other than users who consumed the service.
Biased reviewscan be either posite or negative Ku et al. (2012) suggest that
positive biasedreviews are characterised by the reviewer praising a serviceuwith
sufficient justifiation. This kind of biased review could be posted by managers to
encourageauserpurchaseNegative biased reviews are characterised by the reviewer
being critical towards a service withlack of reasoningThis type of biased review
could be posted bypusness competitorsWhether positive or negative, biased or
untruthful reviews have been suggested to be difficult to detect by users since these
reviews have characteristics similar to genuine reviews

Previous studies by Connors et al. (2011) and Broenal. (2007) have

suggested that overwhelmingly posiiyvor negativty of the reviewercanincrease
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the perceived review®wbias. This means that the perception of reviédeias can

be related to the levels of emotions in the reviewadt alsobeensuggested that the
perception ofrevieweOsbias has a negative influence on trust in reviews about
services such as hotels and restauranist decreases as the perceptioregfewefs
bias increase@.g. Brown et al., 2007)

Another line of previousvork has developed algorithms to detect reviédger
bias. In this respecKu et al. (2012) suggest thiaiascan be indicated by threontent
of thereview as well as the reviewer behaviour. In regard to the cotitenigvel of
emotion in a particular v&ew in comparison to other reviewsnform the basis of
identifying bias.Reviewer behaviour can alée used topredict bias For instance, in
the case of hotelsa reviewer posting reviews about hotels of the same bvahd
located in different cities or countries the same time, avera short time period,
can indicatehatthe reviewer is being untruthf(iKu et al., 2012)

Table 2.2 provides a summary of previostudies investigaig reviewrelated

and reviewerrelatal factors that can influence user trust and purchase intention.
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Category Factor Author Method Key findings
Riasanow | Experimental - Users trust negativeviews more than
et al. study gathering | positive reviews
Review (2015) gquantitative
valence feedback
Kobayashi | Experimental - Users trust positive reviews more than
et al. study gathering | negative reviews
(2015) guantitative
feedback
Li & Tang | Survey - Quality of reviews influences thesefulness
(2010) of and trust in systems that provide user
Review _ generated reviews _
quality Lee et al. Experlmenta_l - _Users dgpend_on and make decision baseq
(2008) study gathering | high quality reviews.
gquantitative - Low quality reviews do nanfluence users
o feedback from
% users
© Ghose & Developing - Review helpfulness can be affected by the
= Ipeirotis algorithm to level of subjectivity (i.e. emotions) in the
-“;’ (2011) and | predict review review. Subjectivity has a negative influence
o Hong et al. | helpfulness on the perceived helpfulness of the review.
(2012) - Review helpfulness is related to the
Review rea_dability and linguistic correctness. Hglpfu
reviews tend to be readable and do not inclu
helpfulness linguistic error
Liu et al. - Review helpfulness can be affected by the
(2008) reviewerOs expertise.
Connors et | Qualitative - User perception of high level of emotions ir]
al. (2011) | interview the review reflects negatively on the percept
of review helpfulness.
Li & Tang | Survey - The accuracy of reviews is important for us
(2010) assessment of products and services.
Review - Users tend to trust systems that provide
accuracy accurate reviews.
Connors et | Qualitative - Perceived review accuracyn affect the
al. (2011) | interview perceived helpfulness of the review
Sun et al Hypothetical - Source expertise can have a positive effect
(2011) model the perception of review trustworthiness.
Smith et al. | Experimental - Reviewer expertise has a positive effect on
(2005) studygathering user trust in the reviewer. High level of
. gquantitative perceived expertise leads to high trust in the
Reviewer ;
2 expertise feedback reviewer. o N _
I - Reviewer expertise is positively related witl
© the source influence on thear purchase.
o Users tend to be influence by expert sourceg
= - . ——
k) Cheung et | Survey - Reviewer expertise has a positive influence
o al. (2008) on review helpfulness.
o Brown et Qualitative - The perception of reviewer biaggatively
al. (2007) | interview influences trust in the review.
Reviewer | Ku et al. Developing - Biased reviews can be indicated by feature
bias (2012) algorithm to of the review, i.e. level of emotions indicated

predict reviewer
bias

in the review, and also the reviewerOs
reviewingbehaviour.

Table 2.2: Summary of influential factors on trust and purchase intention suggested
by previous work
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The research reported in this thasigestigateshe potential role of new factors,
not previously considered,regarding user trust in online reviewsvthen making
purchase decisionghese factors are the perceived reviewerOs persaaadithe
perceivedreviewerOs personality similarity to the user. The following paragraphs
review previous work on the perception of persdapaind personality similarity and
provide insights on why these factongght matter irusertrust in online reviews.

A line of prevbus work has investigatetie way users perceive each otber
personalitiesonline and whether this perception of personalities metthe usersO
actual personalitie\ study byBack et al. (20103uggest that strangersO perception
of a useDspersonally based on informatioincludedon the userOs profile page on
Facebook can match the uSeactual personalityHowever not all personality traits
of the useiseem to be perceived accuratbly strangersThe accuracgeemed to be
highestfor extraversion and openness and lowest for neurotjdisdicating that
extraversion and openness were the easiest to assess while neuroticism was the
hardest to assess. The accuracgssessment @onscientiousness and agreeableness
wasintermediate.

While the perception of personality has not been directlgstigated in relation
to trust, Mohammadi et al(2013) have suggested that the perception of personality
traits correlats with persuasion in the context of online movie rexdelheir study
investigated howa use®sperception of the reviewerOs personality reltiethe
reviewerOpersuasieness that is the reviewerOs influence on the user to watch a
particular movieThis was investigatedcross three modalities: text, audiad video.

The results showed that tiperceivedreviewerOsonscientiousness and neuroticism
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are highly correlated with persuasion acrdiss three modalitiesHigh perceived
reviewerOs conscientiousness and peveeivedreviewerOseuroticism increasthe
reviewerOpersuasionThe perceived agreeableness and openokske reviewer
matter in persuasion in text and audio modalitregh perceived agreeableness and
high perceived openness incre#se reviewerQeersuasionThe perceivedeviewerOs
extraversion was the least related to persuadiagh perceived extraversion was not
found to affect persuasio®ecausethe perception of the reviewerOs personaity
related tgpersuasionit might be possible that the perception of reviewerOs personality
is alsorelated to user trust in online reviews when making purchase decision

UsesOtrust in reviewsmay also be affected by their perception of the
revieweDgersonality similarityto themselvesThere are two lines of previous work
that support thisargument First, previous work from the recommender system
literaturehas showrthat similarity has a direct effect on trushe more similathe
recommendeis to the userthe higher theise®grust in the recommendatiorThese
studiesinvestigated sgcific forms of similarity such as demographics (e.g. age,
gendey and profession) and taste (Ziegler & Goldbeck, 2007; Bonhard et a6, 200
Goldbeck, 2009)Similarity in gender haslsobeensuggestedo impact user uptake
of healthrelated online advi (Sillence et al., 2004; Sillence et al., 2005). Second,
previous work from the social psychology literature (e.g. Selfhout et al., 2009)
suggest that the perception of personalityimilarity is important in realife
relationships between individuals,uch as crosssex friendship, romantic
relationsips,and marriageand these relationshipsightinclude trust.

Taken together, previous work has shown that perceived personality and
personality similarity influence user behaviour in various domaing) mohuman

relationshipsand in humardbcomputer interactiom Thus,the currentresearch takes
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these factors intoansideration and investigateg {he way thatusers perceive the
revieweDersonalitybased on information stated on profile pages on systems that
provide usegenerated reviewsnd (i) whether the perception of revieW@s
personalityand personality similarityo the uselre important in user trust in online
reviews when making purchadecisions These are investigated in study 3 (chapter

5).
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User assessment of vendors on systems that providgerserated reviews is a
situation of information asymmetry (Utz et al.,, 2012; Xu, 2014, Riasanowl.et a
2015).A reviewer whahasconsumed the vendorOs service has muchknovdedge
about the service quality than the user who is seeking informatiovhich to base an
informed decision. Signaling theory can be used to explain behavior in this situation
Information asymmetrycan lead users to seek signals that tbkm assess the
trustworthiness of theeview andthereviewerprior to trusting the review and making
thepurchase decision

Previous work (e.g. Riasanowt al., 2015; Kobayashi et al., 20156ps
investigated the interface signals that matteusertrust in reviews however this
previous work paid scant attentioio how users use interface signals in their
perception ofeach of the factorthat can infllencetrust perceivedvalence,quality,
helpfulness and accuracy of reviewand perceived reviewésexpertise and bias
Furthermore, therbave been nprevious studies investigag how interface signals
influenceuser€perception othe reviewerOs gs@nality, which can affect trusin the
context ofonline reviews.Together, these represemtgap that is addressed in this
research (objective 1)The following paragraphs discus®o types of interface

signals: reviewelatedand reviewerelated signals. The former refers to information
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thatis directly related to the review while the lattefers to information about the

reviewer
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Spelling and structure errors caegativelyimpact theunderstandability othe
content of review and therefore cadecreaseiser trust in online reviews. Lee et al.
(2008) has suggested that understandahbigitg dimension ofreview quality that
influencestrust. Hgh quality reviews areharacterizedas reviews that areasy to

read andinderstandlue tolack of spelling and structure errors.
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Previous work by Lee et al. (2008) and Kobayashi et al. (2015) has emphasised
the importance of the level of detail included in the reviese et al. (2008) suggest
that reviews tht include detailed information are more informative and therefore can
be ®mnsidered higher qualityrurthermoreKobayashi et al. (2015uggest that users

tend to perceiveetailed reviews as more credible than reviewsl#tk details.
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According to the conventions of expressing emotions (Reilly & Seibert, 2003;
Kim & Gupta, 2012; Riasanow et al., 2015), emoticas beindicated by writing
style.Capitals, bold fontand exclamation marks have been suggested as content cues
thatindicatethe reviewerfeelsstrongemotiors aboutthe service provider. Riasanow
et d. (2015) suggests that higierceivedevels of emotion ina review can increase
the perceived trustworthiness of the review. This could be because users tend to be
emotional when expressing pleas or dissatishction aboutexperiences. Ku et al.

(2012)and Connors et al. (2011) suggest a contradicting view. &tgyethat user
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perception of the reviewes highly emotional can increase the perceived revi@ser
bias and therefore can decrease trldsstordingly, the current literature suggethat
the effect of writing style indicatg high leves of emotion is still unclear. Thus, more
work is needed to better understand how user trust in online egi@ffected by the

reviewerOs writing style
MM <'19%7?26'28/@.-+27%('B,-%o
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The number of reviews posted by a reviewer could increase the perceived
revieweDsxpertise (Kim et al., 200&)ecausa high number of reviews can indicate
a high level of experience in the domain of interest. For pignn the context of
hotek, a reviewer witha high number of posted reviewlemonstrates high level of

experience in regard to consuming hotel services.
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In addition to the total number of reviewKim et al. (2008)suggestthat the
total number of helpful votegiiven to a particular reviewer algtfluencesperceived
revieweDsexpertise. The total number of helpful votes given to the reviewer can
indicatethe reviewerOs assistafithat is theextent to which the reviewer is helpful
to other users in assesgimendor services. Kim et aR@08) suggest that a reviewer
is not perceived as havirfggh expertise onlyy posting largenumbersof reviews

butthatother users mustlsoperceive these veews as helpful.
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Xu (2014) suggests that the presence of a profile photo can increase the
perceived credibility of the review and trust in the reviewdsar study suggests that

the presenceof a profile photoof the reviewercan make the impersonal process of
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reading a onlinereview about a servickeel more likea Ofacdo-faceO interaction.
The positive effect of photos on trust heso been supported by Steinbruck et al
(2002) who suggest that photos increase sociasgmee defined as the Odegree to

which a medium allows users to experience others as being physically presentO.
HFHZ-(/+,(-%18%)(/%./0)$%%N2)$(D)%$"#$%</1+, CHRESJ(#S(CYol+,(-) %

Figure 2.1 providesan overviewof the researctreported in this thsis Overall,
this researchinvestigates the wayhat users employ interface signals in their
perception of reviewelatedand reviewetrelated factas that caninfluence trust in
online reviewgqgap 1) It alsofocuses on the perceived factors that can influence trust
by investigating the interplay between the factors that have been suggested to
influence trust and the effect of new factors: perceived reviewerOs personality and
personality similarity to the uségap 2).Finally, it investigates how the userOs own
background, in the form of dispositional trust, past experieand personality,

shapes trush online reviewsvhen making purchase decisiqgap 3)
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Figure 2.1: Overview of user trust isystems that provide usgenerated reviews
(Note: Objects in red refer to the literature gaps that are addressed in this research.
These gaps are (i) relationship between interface signals and influential factors on
trust in online reviews (ii) interplagf factors that have been suggested to
influence trust in online reviews and the effects of new factors (perceived
personality and personality similarity) on trust in online reviews, and (iii) effec
user background on trust in online reviews)

HFI@"#S$(/%)0DD#/ 2%

This chapter reviewed the existing literature that is relevant to the research aim
and objectives. The first part reviewed previous work on user trust in online vendors.
In doing so, it clarified the concept of trust. It also differeatarust from perceived
trustworthiness (which is an antecedent of trust) and trusting decision (which is a
consequence of trust). The first part also showed how trust can be influenced by

signals from the interface as well as by the userOs own background.
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The second part of this chapter discussed user trustM@®M andonline
reviews. It reviewed the review and reviewelated factors that have been suggested
to influence trust and discussed how new factors, not considefece, might affect
trust in online reviews. These new factors are the reviewerOs perceived personality
and personality similarity. This was followed by reviewing previous work which has
investigated interface signals that might affect user trust ine@mnéviews and finally

by providing an overview aifiser trust in systems that provide ugenerated reviews.
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In line with objective 1, this study explored intexasignals thanfluenceuser
trust in online reviews. lexplored how usersmploy signalsfrom the interfacen
their perception oflifferent factorsof the trustworthiness of theeview: perceived
review quality, helpfulnessand accuracy and factors othe trustworthiness of the
reviewer perceived review@sexpertise and bias. This study also téato account
the use®dackground in the form of dispositional trust regardimguse of interface
signals in theperception oftrustworthinesgobjective 3) Accordingly, thisstudy

addressdthe following research questions:

RQ-1: Whatinterfacesignalsaffect user trust in online revie®s
RQ-2: How do users employ interface signals when perceiving the
trustworthiness of theeview andthereviewer?

RQ-3: How does a userQOs dispositional trust affeaigbef interface signéts

Figure3.1 provides avisualrepresentadn of the investigation ahe first study

in terms of thenterfacesignalsand the effects of the uggbackground
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Figure 3.1: Study 1- investigating interface signals that matter in trust and the
perception of the review and reviewer trustworthiness, and the effects of user
background (Note: only objects in black are investigated)

Study lalsoexploredthe way thathe factorsthat can influencérust relate to
one andter and to trust. Previous wohas provided insightabout theinterplay
between these factoBerceived review qualityGhose & Ipeirotis, 2011; Lee et al.,
2008) revieweOwxpertise(Chewng et al., 2008; Smith et al., 2008nhdrevieweOs
bias(Connors et al., 2011; Brown et al., 200i&e been suggested to influente
perceived review helpfulness well aghe usertrustin online reviewsBecausehe
perceivedreview accuracy has been shown to be related to the perceived helpfulness

of the review (Connors et al., 2011), the perceived review accuracyatsmbe
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influenced by the perceived review qualityd theperceivedevieweDsxpertise and
bias.

This study thusinvestigatel how the use®sperception of reviewquality and
reviewerOs expertise and bias influenceuteeOperception of review helpfulness
andaccuracy andhe userQisust in the reviewFurthermore, this studiyvestigatel
the influence of perceivedreview helpfulness and accuraan user trust inthe
review. Previousstudies have investigated these facbarsnot jointly,represenihg a
gap that is primariladdressed in thistudy (objective 2) Investigating these factors
in combination is importartiecausét has been suggested thaistis influencedby a
combination of factors that might relate to one another (e.g. Riegelsberger et al.,

2005) Thus this studyalsoaddressethe following research questign

RQ-4: How doesthe user perception of the review quakityd thereviewerOs
expertise and bias influence the perception of the review helpfubress

accuracy and trust in the review?

RQ-5: How does the user perception of the review helpfulness and accuracy

influencetrust in the review?

Figure 3.2 shows the investigation of this study regarding the interplay between

the factors that can influence trust and the way these factors can affect trust.

56



Figure 3.2: Study 1- investigating the interplay of the io#ntial factors on trust
and their effects on trust in online reviews(e: only objects in black are
investigated)
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Sixteen participants (seven female, nine male, mean age of 30) took part in this
study. Participants were recruited by sending study invitations via email to City

University London staff and students.

IFHFHY%>()9%5

A lab-based experimental study was cortddan order taddress the research

qguestions The study followed a factorial design approa@nd manipulated three
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factors:perceivedreview quality revieweOsexpertise andreviewerObias. t wasa
within subjects designmeaning that all participasitexperiencedall conditions
Qualitative datawas collected by askingarticipantsto Ghink aloudto capture
interface signals thatmatter in trust and the perception of trustworthiness
Quantitative datavas capturel regardingparticipantsO backgroyrttieir perception
of the reviewsO quality, helpfulneasd accuracytheir perception of the reviewersO
expertise and biasand finally, their trust in the reviewsThe studysessiongook

placeat City University LondornteractionLab.
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Eight positive reviews were constructed for the purpose of this study, with each
review representing a conditigappendix A.1 shows all eight review3)he reviews
were presented on an interface mimicking a standardl paige on the review
website TripAdvisor. However, the interface excluded the explicit rating element and
price information and used a fictitious name for the hotel in order to avoid
confounding effects from explicit ratings, price, and brand attitudpasticipantsO
trust in the reviews. Figure 3.3 provides an example of a review used in the study
Reviews were constructed in three stages. First, a set of real reviews was

chosen from the review website TripAdvisomww.TripAdvisor.con®. Second, the

reviews were revised to be similar in length and date. In order to avoid the possible
influence of review length on perceived review quality (Lee et al., 2008), all eight
reviews were set to approximately ten lines. Furthermore, the dagclofreview

was amended to be no more than one month before the study start date to prevent the
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review date from influencing participantsO perception of accuracy (Li & Tang, 2010).
Lastly, the reviews were manipulated to create high or low variables fawrev
quality, reviewerOs expertise, and reviewerQOs bias.

Luminous Hotel
199 Jalan Bukit Bintand<uala Lumpur5510Q Malaysia

0,
</18()),15#;%S"1$%

Ut (;;(/1%S" 151

OGood HotelO
Reviewed 31 August 2012
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Figure 3.3: Example of a review
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Each of the eight reviews was manipulated to cré@gd and lowreview
quality, high and lowreviewerOs expertismd high and loweviewerOs big®! 2!
2). These three factors were manipulated based on interface signals. These factors
were chosen betise they capture aspects of the review and reviewemtigdt
affect user perception of review helpfulness and accuracy as well as trust in the
review (e.g. Liu et al., 2008; Connors et al., 2011). Negative reviews were excluded

from this study in ordeto better control the influence of the trust factors and to limit
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the investigated factors to a reasonable number. The following paragraphs describe

how each of the three factors was manipulated.

?26'28%90-."%b

Review quality was manipulated into high alosv categories based on two
signals. Firstspelling mistakewere used to manipulate understandability, which is a
dimension of quality (Lee et al., 2008). Understandability is mainly affected by
incorrectly structured sentencesspelling mistakesA review was manipulated to be
highly understandable when there were fewer than $pelling mistakesn the
review. Otherwise, the review was manipulated to be difficult to understand (i.e. low
on understandability).

Second, theletailsincluded in the revi® were used to manipulate the review
sufficiency, which is another dimension of review quality (Lee et al., 2008).
Sufficiency was manipulated based on how many of the following six information
categories were mentioned: service, sleep quality, cleanlifession, food, and
room. Websites such as TripAdvisor suggest that these aspects of hotel services
should be included in reviews. A review was deemed to be highly sufficient when
details were included on at least three of the information categoDé®rwise, a
review was deemed low on sufficiency when the details included less than three of
information categorie@~igure 3.4).

It has been suggested that relevance and reliability are also dimensions of
review quality (Lee et al., 2008). However, theBmensions are aspects that are
related to a userOs perception and therefore could not be explicitly manipulated prior

to the study.
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The reviewerOs expertise was manipulated into low and high categories based
on two interface signal&irst, the totahumber of reviewposted by the reviewer was
used to manipulate the reviewerOs experience, which is a dimension of expertise (Kim
et al., 2008). Kim et al. (2008) suggest that on websites such as TripAdvisor, the
reviewerOs experience dam indicated by théotal number of reviewthe reviewer
has contributed. Second, the tataimber of helpful votegiven to the reviewer was
used to manipulate the reviewerOs assistance, which is another dimension of
reviewerOs expertise (Kim et al., 8DReviewerOs assistance refers to the extent to
which the reviewer is helpful to other users in assessing vendor services.

The expertise dimensions of experience and assistance suggest that a reviewer
acquires high expertise not only by generating many reviews but by generating
reviews that are perceived by other users as helpful (Kim et al., 2008). Thus,
reviewerOs expertisgas manipulated as high based not only on having a high
number of reviewge.g. 30) but also on having a high numbethelpful votesat
least 50% of thenumber of reviews In contrast, reviewerOs expertise was
manipulated as low when threimber of revie'swas low and when theumber of

helpful votesvas less than 50% of the toraimber of review@-igure 3.4).

226'282/=(%>%

ReviewerOs bias was manipulated based on the occurrgrasitive wordghat can

indicate high levels of emotion towards the service provider. This was based on Ku et

al. (2012), who suggested that positive bias can be indicated by the reviewer being
overwhelmingly positive. Thus, reviewerOs bias was manipulated into higbvwand

categories based on the occurrence pokitive wordsand their derivatives:
OawesomeO OamazeO, ObestO, OfantasticO, OimpressO, OloveO, OgreatO, and Osurpr
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A reviewer was manipulated as highly biased when the numlipersdgive wordsvas
greater than five. In contrast, bias was manipulated as low when the review included

fewer than five of the positive words (Figure 3.4).

Figure 3.4: Manipulation of review quality, reviewerOs expertise and bias
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Two questionnaires werused in this studya background questionnairand a
trust factors questionnaire The following paragraphs explain the way these
guestionnaires were designed in detail and also the data colledtedeach

guestionnaire.
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Participants were asked to fill in a background questionnaire capturing their
demographics (age and gender) as well as their dispositional trust. The approach to
measuring dispositional trust was taken directly from McKnight et al. (2002a), who
suggest thiadispositional trust involves four dimensions: integrity, competence,
benevolence, and trusting stance. Participants were asked to rate themselves on these
dimensions on ‘point Likert scales, and dispositional trust was calculated as the
average value ahe four dimensions. Participants in this study had a large spread of
dispositional trust scores (Figuré&sg.ranging from 1.5 (minimum) to 4 (maximum),

with a standard deviation of 0.72, a mean of 2.56, and a median value of 2.5.

Figure 3.5: Particimants' dispositional trust measures ranging from 1.5 (lowest) to 4
(highest), median is 2.5
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Participants were also required to fill in a trust factors questionnaire for each
review. This questionnaire captured participantsO ratings of six factors: perceived
review quality, helpfulness, and accuracy, perceived reviewerOs expertise and bias,

and tust in the reviewSince eaclparticipant completed a trust factors questionnaire
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for each review,this resultedin 128 complete responses (16 participahts3
reviews).

The approach to measuring these factors was also based on previous work
using 5point Likert scales (Lee et al.,, 2008; Ku et al., 2012; Liu et al., 2008;
McKnight et al., 2002a)Review quality was measured using multiple schlased
on four dimensions: understandability, sufficiency, relevance, and reliability (Lee et
al., 2008). Each athese dimensions was measured usingpaibt Likert scale, and
review quality was calculated as the average value of these four dimensions. Every
other factor was measured using a singfgomt Likert scale. Appendix A.3 shows
the scales used in the ttumctor questionnaire. Table 3.1 shows the minimum,

maximum, mean, median, and standard deviation of participantsO ratings of the trust

factors.
Minimum Maximum Mean Median Standard
deviation
Review quality | 1 5 3.33 3.5 1.24
Review 1 5 3.27 3 1.08
helpfulness
Review 1 5 3.26 3 1.01
accuracy
Reviewer 1 5 3.07 3 1.39
expertise
Reviewer bias | 1 5 3.09 3 1.49
Trustin review | 1 5 3 3 1.08

Table 3.1:Descriptive statistics of trust factors

Data from the participantsO ratings of perceived regiesity and reviewerOs
expertise and bias were used to test the manipulation of these factors (shown
previously in Figure 3.4, section 3.2.1.2). This analysis aimed to investigate whether
the manipulation of these three factors influenced participants@pien of the
same factors. Each of the three manipulated factors was treated as two conditions

(independent nominal variables) which then allowed a comparison of participantsO
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perceived ratings (dependent variable) usingVédcoxon test. For example, ¢h

analysis compared the perceived review quality ratings in the two manipulated
high/low review quality conditions. Similarly, it compared the perceived reviewerOs
expertise ratings in the high and low reviewerOs expertise conditions and the

perceived revdwerOs bias ratings in the high and low reviewerOs bias conditions.

The results showed that there were statistically significant differences in
participantsO ratings for each pair of conditions (i) high and low review quakty (
"6.976,p < .001) (i) igh and low reviewerOs expertige=(" 6.994,p < .001) and
(iii) high and low reviewerOs biag 5" 7.005,p < .001). Appendix A.4 shows the

complete results of the manipulation check analysis.
IFHROO/0#;, $#3$, + (% CHD#%

Participants were video recorded while they were thinking aloud about the
reviews. All of these recordings were transcribed. Then, the transcript was broken
into units of analysis. A unit of analysis was defined as a participantOs verbalisation
about a sigle review. Since there were 16 participants and each participant
verbalised her thoughts about eight reviews, this resulted in 128 units of analysis (16
participants! 8 reviews). Table 3.2 shows examples of two units of analysis by

participant 1.
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Participant 1D Review Unit of analysis

1 Faultless hotel This one is very helpful, because it tells details
because of the fact that this guy has many reviews sq
assures that what he is writing must be correct. Wh
was reading this reviewthought this is better that the o
who has 2 reviews only, so this guy is alright and h
giving many reviews So if the reviewer has many hely
votes, then he might provide helpful stuff, so looking at
review content and reviews or helpful voteaka a review|
helpful or not. This is the best review | read becaus
good details and the number of reviews by this guy, 9
makes it stronger.

Good hotel The review is irrelevant, it tells more about the cour
and Kuala Lumpur in general than the hotel as |

specifically looking for a good hotel. So | think there m
be something more about the hotel like the serv
provided by the hotel. So this gsyayed briefly in Kualg
Lumpur and he is saying what he thinks about Ky
Lumpur as a city and as a tourist destination which mz
the review not really helpful. 1 noticed some spelli
mistakes like the word OfuondO but thatOs not mucl
trouble forme and | give more importance to the cont
because most of the people English might not be their
language. So, IOm looking more for ideas about the

and as long as the review is understandable it is fine fo
with spelling mistakes so itsreght, unless if its somethin
very extraordinary.

Table 3.2:Examples of two units of analysis

IFHE%/ 1=(CO/(%%

All participants underwent the same procedure during a session lasting

approximately one hour. As shown in Figur6, 3articipants were fat asked to sign
an informed consent form (step 1) (shown in appendix A.2). Then, participants
completedthe background questionnaire which captured their demographics as well
as dispositional trust (step .2Afterwards, participants were presented with the
following scenario (step 3):

You decided to travel to Kuala Lumpur, the capital city of Malaysia, for

holiday, so you search for appropriate hotels and the Lumihoted was one

of the search results. Therefore, you choose to read reviews posted by other
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travellers to gain better knowledge about the Luminous hotel and to assess

different aspects of the hotel.

Figure 3.6: First study procedure

Participans were then presented with eight reviews about a fictitious hotel
named OLuminousO (step 4); however, they were not informed that the hotel was
fictitious in order to make the study setup as realistic as possible. For each review,
the participant was asked read the review, think aloud about the review (step 5),
and then provide ratings on six factors (perceived review quality, helpfulness, and
accuracy, reviewerOs expertise and bias, and trust in the review) in the form of a
guestionnaire (step 6), callehe trust factors questionnaire. All participants saw the
same reviews. However, the reviews were presented in a different order to each

participant to prevent any possible order effect.
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Data from the participantsO verbalisatiowere analysed taddress R€l, -2,
and-3. A coding scheme was developedsed on the signals from the interface
which the reviews werpresentedParticipants mentioned nine signals and therefore
the coding schemimcludedonly codes that referred to these signals. These signals
were: revieweDscity & country, reviewer membership level, number of reviews
posted by the reviewenumber of citiegn which the reviewer had reviewed services
number of helpful votegiven to the reviewer,number of people who found the
review helpful, detailsncluded in the reviewspelling mistake# the review and
positive wordsnentioned in the review.

In addition, participants mentioned four new signals. These signals did sbt exi
in the interfacavhich presented theeviews and were not used in the experimental
manipulationThese signals emerged from participantsO responseegttierefore
named emerging interface signa&ince participants mentioned these new signals,
the coding scheme included codes that referred to these sigihalse signals were
number of people who found the review unhelpfagrgenerated photgsand the
reviewerOs similarity the usein terms ofcharacteristicsandsatisfaction levelThe
resulting coding scheme is shownTiable3.3.

All the codes shown in Table3®.except reviewerOs similarity to the user in
characteristicsandsatisfaction levelreferred directly to interface signals, i.evino
codes (Lazar et al., 2012). Thedes for reviewerOs similaritydharacteristicsand
satisfaction levelwere descriptive, meaning that applying these codes required

interpretation. The reviewerOs similarity to the useharacteristicsvas defined as
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the social similarity between ehreviewer and user, for example, family status. The
reviewerOs similarity to the userdatisfaction levewas defined as the extent of

similarity between the reviewer and user in terms of their levels of satisfaction with

hotelsO services, which carirmicated by their prior expectations from hotels.

Type

Code

Example

Codes that referred to
interface signals that
existed in the interface
that presented the
reviews

City & country

The person is from theame country
where the hotel is

Membership level

How important itOs for me if he is
top contributor

Number of reviews

This guy hagl1 reviews

Number of cities

He travelled td25 cities

Number of helpful votes

He is a genuine reviewer because
has18 helpful votes

Numberof people who foung
the review helpful

IOm more impressed Bypeople whd
found the review helpful

Details

He givesdetails about the rooms an
then he tries to say how big the rog
is so now | know if | put an extra be
it will be small

Spelling mgtakes

Although there isspelling mistakes
but its fine

Positive words

he is saying itOs a Ogood value
moneyO instead oawesomeOhe is
using neutral words and practical,
like that

Codes that referred to
new interface signals the
did notexist in the

Number of people who foun
the review unhelpful

If 1 just seehow many people vot
dislike or maybe unhelpful

interface and were not
used in the experimental
manipulation

Usergenerated photos

If 10d be able to sq#hotos with this
review,|Od feel | can depend on it

Similarity in characteristics

There is a difference betwee~n me g
the reviewer becausé donOt hav
kids, | travel with friends usually

Similarity in satisfaction level

I think he/she is easilgleased kind o
person all the things he/sh
mentioned are normal for me to fin
in a hotel.

Table 3.3:Interface signals code set
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A reliability check was conducted ontyr the two descriptive codeeviewefs
similarity in characteristicsand satisfaction level because applying these codes
required interpretationThe reliability of these two codes was checked usimg
Jaccard index, by calculating the similarity of coding between two independent
researchersThe PhD student Dara Sherwani and a PhD colleagdependently
applied the codes wamples othe data. The similarity in the coding between the two
researchers was then calculated by dividing the sizbedfhtersection ofthe codes
by the size ofthe union of the codes.The reliability check process involvddur
iterations. The firsthree iterations achieved similaigs of 40%, 57% and 77%
respectively Each of these iterations includadhinimumof 5% of the total data and
disagreements resulted in refinements ef thdes as well as the coding rules (i.e.
when to apply the codes). The refinemdyased oreach iteration were applied in the
following iteration, eadingto increasingsimilarity. The fourth iteration resulted i
similarity of 88.4% for a minimurof 10% of the data.

All the codes were then applied ttee 128units of analysislf the same code

occurred more than once in a unit, only the first occurrence was coded.
3.26.2 Influence ointerface signals on usérustin online reviewgRQ-1)

The influence of interface signals on the participantsO trustetesninedoy
calculating the number of participants who mentioned particular interface signals

when discussing trust in online reviews

3.2.6.3 Relationship between interface signals ardpérceived trustworthiness of

the review and the reviewer (RX)

This analysis explored how interface signals shaped the participantsO perception
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of the trust factorandicaing perceived trustworthiness of the review (perceived
review quality, helpfulnes and accuracy) rad perceived trustworthiness of the
reviewer (perceived reviewerOs expertise and .biEs) better understandhe
relationship between interface signals and trust factbesjnterface signalsoded
from the participants@ecordedverbalsationswere used. This time, however, the
analysis investigated the interface signals participants mentioredation to their
perceived rating®f five trust factors:perceived review quality, helpfulnesand
accuracyand perceived reviewésexpertise and biasTo do so, theatings of the
trust factors werelivided intohigh (above the median) or low (below the median).
Then the analysis investigatede interface signals that were ussdparticipantsn

relation to therust factosroupings.
3.26.4 Effects of dispositional trust on using interface signals-@GrQ

This analysis explored howparticipantsO background in the form of
dispositional trust influenced the way they used interface signals in the perception of
trustworthiness First of all, participants were divided inttwo groups based on
having high or low dispositional trust. The median value of 2.5 was used as the pivot
point: thosewith a score obelow 2.5 were classed dsvinglow dispositional trust,
and those with a score above 2aere classeds having high dispositional trust.
Ideally, the groups would have been divided based on a scorasahat igshe exact
middle scorehowever, participan@dispositional trust measures were not normally
distributed so the mediawas used to dividéne participants. As a result, the groups
were equal, each consisting eight participants. Then, the analysis investigated

whetherthese two groups differed their mentiors ofthevariousinterface signals
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3.26.5 Effects of perceived review quality, reviewerOs expeatiseeviewerObias

on perceived review helpfulness, accutayd trust in the revieyRQ-4)

This study investigatedhow the perceived review quality, helpfulnesand
accuracy ad perceived reviewésexpertise and bias relate to one another and to
trust. Given the insights provided by previous work (e.g. Ghose & Ipeirotis, 2011;
Smith et al., 2005; Connors et al., 2011), the analysisifivestigatedhe influence
of participansO perception of the reviewality and thereviewerOs expertise and bias
ontheir perception of the helpfulness and accuracy of the reviewhaidrust in the
review,

Given the small sample size of this studlye analysiswas condicted by
visualising participants@atings rather than applying statistical tes® do so, the
ratings ofperceivedreview quality, reviewddsexpertise and reviewerObias were
divided into high (when theating was above the median) éow (when the rating
was below themedian). Then, the analysis investigated how participantsO ratings of
perceived review helpfulness, accuraagd trustn the review differed according to
(i) high and lowperceived review quality(ii) high and lowperceivedreviewes

expertise and(iii) high and lowperceivedevieweOsias.

3.26.6 Effects of perceived review helpfulness and accuracy on trust in the review

(RQ5)

The analysis investigated how participantsO perception of the review
helpfulness and accuraawfluenced theirtrust n the review. Once again, this
analysiswas condicted by visualising participants@tingsrather tharby applying
statistical analysidarticipantsO ratings of perceivediew helpfulness and accuracy

were divided into high (when the rating was above the median) and low (when the
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rating was below the median). Then, the analysis investigated pasticipant©
ratings of trust irthereview differed according t@) high and lowperceivedreview

helpfulnessand (ii) high and lowperceivedeviewaccuracy.

| FI%*()0;$)o
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Previous work has investigated some interface signals that can affect user trust;
(e.g. Kobayashi et al., 2015; Kim et al., 2008)pwever, littleis known aboutthe
respective importance of interface signaith regardto user trustand the typs of
these signalsA better understanding of this could lead to improved interface design
thatcould help users, first, tperceivethe strength of trustworthiness and, secaad,
decidewhether to place trust iareview. This analysis investigated these two issues
by analysing participantsO thimi aloud regardingwhat interfacesignals were
emphasised in relation taust(previously explained in section 3.2.4.2)

Participant® trustseemed todepend onsome interfacesignals more than
others. Figure3.7 showsthe number of participants who mentioneaichinterface
signalas they discused trust in each of the review&evensignalsseemed to matter
most in participantsO trust. These signals vierarder of importancérom most to
least number of people who found the review helpfilich wasmentioned by all
participants (16 out of @)); details included in the reviewspelling mistakesand
number of reviewgosted by the reviewefeach mentioned by 15 participants
positive wordgmentioned by 14 participantgevieweOsity & country (mentioned
by 13 participants)andnumber of helpful votegiven to the reviewefmentionedoy

12 participants
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Figure 3.7: Number of participants whmentioned interface signals. Dark green bars
refer to reviewrelated signals, dark blue bars refer to reviesedated signals, light

green bars refer to emerging revieglated signals and light blue bars refer to
emerging reviewerelated signals.

Other signals werenot considered frequently by participants, including
membership leveind number of cities(each mentioned by four pafpants). A
factor in this lack of focus seemed to be that participants struggled in understanding

how these levels were earned and, thus, the signal was clouded, such as:

P12: OSenior contributor, | wonder what that means? | guess this one is not
swayedby mood, it sounds like somebody being fairly objective, and he is comparing
the hotel with other places. And he says Onot great in any special wayO, so he sounds

neutral, He is somebody who is not impressed by the receptionist, or not moodyQ

74



Some partipants also paid more attention to other sigmadBcative ofthe

reviewerOs background instead of travelling experience. For example:

P11: Ol prefer this review. | find this review accurate, | think itOs honest, | feel
comfortable with trusting this réaw, IOm more inclined to think about the amount of
reviews written by this person and how many of his/her reviews are helpful to other
people, | guess that makes it up for me to have an idea about him/her, IOm not sure if

| care about how many places heésn inO

Trust in a review could be eroded if a user does not trust the reviewer, or, more
positively, high trust in a reviewer could be transferred to a review. Hence, the
analysis also investigated what types of intersigaalsplayeda role inpartidpantsO
trust Overall, there seemed to be two broad typesighals reviewrelated and

reviewerrelated.
226'28@.-+27%('B,-%

The interfacesignalthat wasmentioned byall participants was reviewelated:
number of people who found the review helpiihen using thisignal participants
relied extensively on the virtual communitiesO opinions to help them estalsdish
ParticipantsO responses suggest timsignal seemed tglay an important role in
their trust, leading to higher trust when teavere more pedp who found the review
helpful. Similarly, participantsO trust seemed to decrease when reviews did not have

any helpful votes by other users. For example:

P6: OThe review is alright in terms of writing style but | cant trust this review
because it doesnOt provide information and no one found it helpful, it just talks about

how he (the reviewer) felt when he was there but it didnOt give information about the
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hotel, | think the review should be about the hotel but it doesnOt say anpthiing a

the hotel really®

Participants also made extensive usehefdetailsincluded in the reviewn
determiningtheir trust in the reviews (mentioned by 15 participafite@r responses
suggest that they tended to trust reviews when the review included details about the
service In contrasttrust seemed to decrease when the review lacked details. For
example:

P1: Ot gives a little detail about the hotel, so it is not realtything concrete
that gives me a better idea about there. The review mentions the neighbourhood and
the area but | still donOt get it if the hotel is good or not like is the hotel providing all
the services which | need? Or is there any particulariserwhich is not good? So
itOs better than the before but not that much. 1Om looking for more specific
informatiorE 1tOs alright because it tells something about the location and there is a
mall nearby with all kinds of food options but itOs still notréfvéew which | will
trustO

P5: Oit just gives a lot of detail about the place and also it sounds believable
because the person is giving actual data about the rooms they stayed in . It sounds
real, the review is reasonable with good details, | thirk iéview has the kind of
information which | care about and | think | would use this as one of the reviews to
get a better sense of the hotel and to decide whether | should be staying at this hotel
or not.O0

Spelling mistakeswvere also frequently mentiodeby participantsrhentioned
by 15 participanis However,it was unclear to what extespelling mistakesvere

taken into consideration regarditrgist. A posdile explanation of this is thainline
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reviews represent a form of user generated content (M@@Qh made participants

not toconsiderspelling mistakeasserious, for example:

P2: OAlthough it has spelling mistakéfs fine for me cause itOs user
generated, so sometimes when you type you can make mistakésundestood
what he is trying to sayts fine but | would probably want something more than this
and | wouldnOt necessarily trust this person. He (the reviewer) is describing Kuala
Lumpur more than the actual hotel and all what he says about the hotel isvilzest i

good while he is talking about the cityO

The third most encounteredviewrelatedsignal by participants referred to the
positive wordsmentionedin the review. Positive words such as OgreatO and
OfantasticO were mentioned by 14 participants Ouhesé 14 participants 13
participants cementionedpositive wordswith the details included in the review.
These participantsO responses suggest two points.afiigh number ofpositive
wordsdid not seem taecreasérust when the review includedetiled information.
Second a high numberof positive wordsdecreasedrust when the review lacked

details.For example:

P4: GFor me its that this review is telling me that a member of the staff is
friendly then this hotel could be potentially friendlyhink the review is flattering
and there isnOt a lot about the state of the Hbiés. review is very flatteririg he is
saying its "great" without mentioning detailswill need more information and |

wouldnOt base my whole decision on this reviewO

P10: OThis one is OHKtOsa little bit flattering but at least itOs talking about
details like the friendliness of the staff, it talks about the location quite a bit, but the

language is definitely flattering. | would probably disregard some of the words the
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actual facts would be helpful to me®mooking at the facts for instand®@Os a big

roomOand | ignore thédmazing@wordO
226'282/@.-+27%('B,-%o

Participants also made userefiewerrelatedsignalsin determiningtheir trust
Participants frequelyt mentionednumber of reviewa reviewer providedngentioned
by 15 out of 16 participants), revieW@scity & country (mentioned by 13
participants) and number of helpful votegiven to the reviewefmentionedby 12
participants). In these cases, theelesf trust seemed to transfer frahereviewer to

thereview, for example:

P1:0When | was reading this review | thought this is better that the one who
hastwo reviews only, so this guy is alright and he is giving many revi8wsf the
reviewer hagnany helpful votes, then he might provide helpful sthiSs the best

review | read

There was also negativeansfer of trust wheimformation about reviewerQOs
background aroused suspicion. For example, participants often wondered about the

accuracyof reviews when reviewes@ity & countrywas the samasthe hotel:

P5: QOm suspicious of this one even though the person has contributed a lot on
TripAdvisor but he or she is from Malysia and it makes me wonder whether itOs a
real review or not , | timk its flattering a lot and basically he sounds that he is in

love with the woman on the desk, IOm not depending on it.

Intriguingly, thissignal which gave details of the reviewavasalsoused by

participants in a different way, to assess their shityléo the reviewer:
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P15: At could be good for me; the reviewer is from the UK like me which is
relevant tome about cultural aspects, he the reviewrjoyed it with whoever he

went withEl can depend on it for evaluating the hotelO

FG2/B',BY26'28@2.-+2 7% 7%/26'282(@.-+2 Ppt+2/;-42%B,-.( %

ParticipantsO verbalisatiaisoincludedfour new signals These signaldid not
exist in the interface that presented the reviewd were not manipulatedin the
experimentaketup Two of these new signals were revieslated:number of people
who found the review unhelpfahd usergenerated photgsand two reviewerelated
signals: reviewerOs similarity to user in termshafacteristicsandsatisfaction level
Participants voied the need for two new reviewlated signals embedded in
the interface that couldelpthem in trusting the reviewd he first of these relates to
number of people who found the review helpiMhile thissignal already existed in
the interface, 7 out 016 participants also expressed the desire to see how many
people found this reviewnhelpful It seems that these participants intuitively
understood that this signal captured only one aspect of a positive and negative
perspectiveand wanted a more compeand balanced perspective. Interestingly,
participants did not expect this balance of perspective to be extendedtorther of
helpful votesa reviewer has gained, even though it also expresskspositive
aspectand it transmits a signal about iellness. Possibly, the overall helpfulness of
a reviewer is more difficult to assess than the helpfulness of a reSevendly
participantsO responses revealed thatgeserated photos alongside reviews may

allow themto assess the trustworthiness of a review:

P13: Qt has very specific information about how far is the hotel from the city

centre and the shopping malls and | believe itOs accurate because it is specificE but |
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cant judge accuracy of information complgtbased on the reviews. IOm looking
here more for the content, if it would have more votes for being helpful , then my
trust would be more, if | would be able to see photos of the hotel with this review, |

would feel that | can depend on this review.O

Five participantsO mentioned this, possibly because photos were seen as less
subjective and also less prone to falsification.

Some participantsearchedor signalsindicating perceive similarity with the
reviewerand this perception may have matterettustin the reviews These signals
were the reviewerOsimilarity to the user in terms o$atisfaction leveland
characteristics(mentioned bysix and three participants respectively).In regard to
the reviewerOsimilarity in satisfaction levelparticipants attempted to assess the
reviewerOs satisfaction level based on the content of the review. Their responses
suggest thatissimilarity in satisfaction level which can be indicated by prior
expectations from the service providegn hinder the from depenéhg on the
review, for example:

P5: Oso | will use the review to get a little bit of details rather than depending
on it, 1Om just a bit hesitated with this reviewE when | read a review | think is this
person like me, do they have the same exgieos | guess its not quite right to call a
hotel the®esOI'm not sure if there is anything tells me about these people taste with
hotels, | can be dissatisfi with this hotel but this guseem to be happy. So if this
was the only review | wouldnCiropletely depend on itO

It is interesting to netthat out of thesix participants who mentioned the
reviewerOs satisfaction levéije participantsco-mentionedsatisfaction levelwith

positive words This suggestghat participantgustified the reviewer beingoverly
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positivebased on the possibility of the revieweving adissimilarsatisfaction level
I.e. beingeasily satisfied or havinigwer expectationgrom the service provider

With regard to the reviewer@snilarity in characterigics, three participants
mentioned that they preferred reviews posted by reviewers whochanaeteristics
similar to their own This could be because thesatipants found reviewthat are
posted by similar reviewets be more relevargnd therefore they were more willing
to depend onthese reviews In contrast, dissimilarity betweenthe reviewerOs
characteristiceandthose ofthe participanseemed to reflect negatively on trust in the

review. For example:

P3: OWhen | read it, | thirik has the problem that | cérelate to this person
since he is a business traveller and | wouldnOt trust him because his main
consideration is locationThere are irrelevant information like the credit card, a lot
of the review is irrelevant like bus wgtles , night market which are general

information about the city . The big mall nearby is not interesting to me arQway.

Previous work by @ldbeck (2009) has already shown that similarity can
predict trust in thedomain ofrecommender systems atite reaults of this study
provide insights that similarity could also play an important role in trust in online

reviews.
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The relationship between interface signals and trust fastas investigated
by exploring the interface signals that participants mentioned in relation to their
perceived ratings of the trust factors (previously explained in section 3.2.4.3). The

following paragraphs explain the interface signals that were used by participants in
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their perception of the review quality and helpfulness that were perceived based on
similar interface signalsThis is bllowed by interface signals that were used in the
perception breviewerOs expertise. Then, signals that were used in the perception of
reviewerOs bias and review accuracg reported(reviewerOs bias and review

accuracy were perceived based on similar interface signals).

12/42'627%/26'28%90%+5%

Figure 3.8 shows he signalsthat participants mentioned when thasrceied
reviews as high quality (above the median of 3.5). One interfagmal played a
particularly important roleparticipantsfrequently mentioned thdetailsmentioned
in the reviewsOf 16 participats 15referred to this signal when they discussed high
review quality

P1: OYes this one is good, | would click the helpful bottom because it tells me
everything that | need to knovlike clean rooms, friendly staff, good food, generous
breakfast and the reviewer says how it is decorated, the rooms are big, the location,
its 10 minutes from shopping mall and its close to the city so it gives a broad overall
idea about the hotét.| think the details in the review are enough so as much as |

want to know®
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Figure 3.8:Number of participants who mentioned interface signals in their
perception of high (dark bars) and low (light bars) review quality

The second most used signedferred to byl4 participantswhen perceiving
high review quality was theumber of people who found the review helpgfuthese
instances, participants used the attitude of the virtual community in their perception
of the review quality. For example:

P10: B othersliked it, it has everything | care about , it gives me good details
about the beds , the room, how big it is , the food but it sounds a little bit flattering
because of the words used but it is believable because it backs up with details and 3
others Iked it.O

The positive wordsmentioned in the review also seemed to matter in
participants® perception of high quality reviews (mentioned by 13 participants).

Participants tended to perceive reviews that lagkesitive words,or included a



smaller number fo positive words,as of higher quality, possibly because these

reviews were seen as more objective. For example:

P10: OThis one is the best review so faomebody else found this review
helpful which makes me feel to trust it m&rel donOt think itOs too flatter either, he
is saying itOs a Ogood value for moneyQ instead of OawesomeO, he is using neutral

words and practical, | like thatO

Despitethe factthatthe lackof, or low number gfpositive wordsvasseen as
signalof highreview quality, thepresence of aigh number opositive wordglid not
seem toalways havethe opposite effectReviews that included high number of
positive wordswvere not necessarily perceivedkasnglow quality, especially when

the reviews includedufficientdetails For example:

P1 OThe review is good and | have no problems with it, the details are good,
room, bed and cleanliness, location and the staff, the breakfast is good and the room
service, and strategically located in the city, so these are the key thingsEthis
comment islattering but its talking about details so its not too bad. As long as there

are details | donOt care if people find it great, | donOt really think about that.O

Participants supplemented thparceptiorof high review quality with interface
signalsrelated tothe reviewers. The next three most importaignalsthat helped
participants evaluate high quality reviews wetenber of reviewgmentionedby ten
participants)number of helpful votgsnentionedby ten participants and revieweds
city & country (mentioned byour participants).

Participants relied on similar signals when perceiving low quality reviews:

positive words(by 13 participants)details (by 11 participants)number of reviews
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(by 11 participants)number of people who found threview helpful and number of
helpful votegiven to the reviewer (each mentionedrrye participants).

There may be a need to providdditional signals for lowquality reviews.
Seven participants mentioneadimber of people who found the review unhélpfu
relation to low review quality. None dhe participants mentioned the need for this
signal when they perceivddgh review quality, implying that thisignalcould have

a direct effect omthe perception dbw-quality reviews. For example:
P12: OThine is bad, | wonder how many unhelpful votes it could getO
12/42'627%126'28%:2.);0.,2((

The interface signals mentioned by participants the perception ofeview
helpfulnesswere similar to thos¢hat were mentioned in the perception of review
quality. The number of people who found the review helpfudl details included in
the review (each mentioned by 15 participan{®sitive wordsand number of
reviews(each mentioned bien participants)the number of helpful votggnentioned
by nine participarns), and the reviewerOsharacteristics (mentioned by three
participants) were used when the helpfulness was rated above the med{&igafe
3.9). The same signals were used when the helpfulness was rated below the median
of 3. These results poirtb review helpfulnesdeing perceivedin a similarway as

review quality through signals in the interface.
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Figure 3.9:Number of participants who mentioned interface signals in their
perception of the helpful reviews (dark bars) and unhelpful reviews (ays)
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RevieweOsexpertise relates to the reviewersO perceived knowledge in a
particular domain ant often assumed to be associated with summarised ratings of a
reviewerOs generated content by other users (Kim et al), ZB@8results showed
that not onlydid signalsdirectly related to the reviewer matter in the perception of
the revieweDsexpertise, but signals that related to the revigsp mattered in the
perception of the reviewerOs expertigure 3.10) Fifteen participants mentioned
review detailswhenthey rated the expertisef the reviewembove the median of; 3
they perceived detailed reviews to reflect hex{pertise on the part of theviewer.

For example:

P3: OHe seems to know what people look forirnemws this is a really good

review and it confirms the hotel is goodE | like the details of describing of what is in

a room with clean furniture, desk and a small sitting area®
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Figure 3.10:Number of participants who mentioned interface signals in their

perception of high reviewerOs expertise (dark bars) and low reviewerOs expertise
(light bars)

Out of the four revieer-related signals that could have given clues about
revieweOsexpertise,the number of reviewsand number of helpful votesor a
reviewer seemed to particularly influence the perception of this trust facielve
participants mentionechumber of reviewsposted by the reviewer andine
participants mentionesiumber of helpful votesshen perceiving high review®s

expertise. For example:

P2: Orou can tell he/she has done reviews before and he/she has 47 reviews
and 29 helpful votes so I0m starting to build relatively a good picture of the hotel so
now | think this hotel is probably good so yes | can depend on it. So | think this guy

knows what he's sayingO

Participants also seemed to consider the same signals for their perception of
low revieweOsexpertise but to a lesser extemh addition five participants
mentioned the need farsergenerated photowhen they ratedeviewe®sexpertise

as low. This could be because participants perceivedekpgrtise reviewers as
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inexperienced and unhelpful in comparison to kegbertise reviewers. This, in turn,
could have led to uncertainty about reviewers and, theratosearcing for further

signalsby whichto assess trustworthiness.
12/42'627%/26'282/=(%Y%%-(%

It has been proposed that uspesceivereviewerObias based on reviews that
praise a service without justification (Ku at, 2012) and, therefore, ones within
the content of a reviewThe results of this study shothat participants used both
reviewrelated and reviewerelated signals in their perception of revie@sbias
(Figure3.11) Once again, théetailsincluded in the review seemed to be the most
importantfactor. This signal was mentioned by 15 participants when bias was rated
high (above the median of 3). Participants seemed to perceive reviews as potentially

untruthfulwhen the reviewlacked details. For example:

P3: Orhere is no detail about the hot all, no description of the room, its
really just about the location, | think itOs a review of this area in Kuala Lumpur and
he says itantasti©but | canOt see any detailsEisnOt that believable that they

loved the hotelO

The second mosimportant signal in perceiving high revie@sbias was
positive wordgmentioned by 14 participants). It seems tolaigh number opositive
wordstriggereda high perception of biagspecially when the review lacked details.
Positive wordswere cementoned with details by 13 participants when review@s
bias was rated high. This suggests that the perception of bias is rather complex and it
is not based dy on high leved of emotions indicated in the review but also the

level ofdetailsin the reviev.
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Figure 3.11:Number of participants who mentioned interface signals when
perceiving high reviewer bias

The details included in the review angositive wordswere also used by
participants when they perceived low reviewerOs bifie responses ofl4
participants suggested that reviews that included sufficient details decreased the
perceived reviewerOs bias. Similarly, the lack, or low numbeppsifive words
seemed to lead participants to perceive the reviewer as not biased (mentiémed by
paticipants).

Among the reviewerelated signals, participants considered the revidwity
& country when perceiving high reviewer bias (mentioned by 12 participahiss.
signal seemed to increase the perception of bias especially when the rOgityér
country matched the service destinatiofinally, six participants mentioned the

reviewerQOsatisfaction levelhen perceiving high biagor example:

P3: Olt seems the reviewer does not have high expectations so the hotel was
adequate but they thght that was amazing. Perhaps they are being slightly
flattering, so my view is the hotel is adequate, like®@u food changed daiBis

something basic for me, nothing positiveO
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Even though participants used different signals in their perception lobiag,
it seems that it wadglifficult for participantsto judge whether the reviewer was
biased. In fact, 9 of our 16 participants specifically mentioned that they struggled

when source bias was perceived as high, such as:
P4: ONothing there tells me geepeople are real customersO
12/42'627%/26'28%-440¥645

Participants used signals in their perception of revamguracythat were
similar to the signals used in the perception of reviewerOs Bles.signalsdetails
and positive wordsvere mentioned by participants when they perceived the reviews
as accurate (mentioned by 14 and 12 participaaspectively). These two signals
were also mentioned by participants when they perceived the reviews as potentially
inaccurate. Participants®sponses suggested that their perception of the review
accuracy increased when the review included suffidetdilsbut lacked or included
a low number ofpositive words In contrastlack of details and a high number of
positive wordseemed to decreashe perceived accuracy of the reviews.

In addition, participantsO mentioned the revi@seity & country in their
perception of the review accuracy, especially in their perception of low review
accuracy Six participants mentioned that they suspectedatcuracy of the reviews
when the review&background (i.ecity & country) matched the service destination

(Figure3.12)
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Figure 3.12:Number of participants who mentioned interface signals when
perceiving low review accuracy
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A personOBeliefs can affect how trustworththey consider anotherersonto
be from the outset in real life, and this disposition to trust also applies online to the
relationship between users and ders (McKnight et al., 2002a,d4su, 2008). Low
dispositional trust could lead to users not trusting reviewers, regardless of signals that
indicatethat reviewers have adequate experience. Currently, there is a lack of insight
into the role of dispositiodrust inusing interface signalend this may hamper the
design of interfaces that could assist usetis low dispositional trust

The effects of participantsO dispositional trust on the way they used interface
signals was analysed by classifying mapants into two groupshigh dispositional
trust and low dispositional trystnd then investigating how these two groups differed
in their use ofinterface signals (previously explained in section 3.2.4ijure3.13
shows thdéwo interfacesignalsthatwere used differently by participants with high or
low dispositional trust; the remainirsggnalswere used similarly by both groups and

therefore are not discussed in detail.
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Figure 3.13: Interface signals that differed between participants' wgh h
dispositional trust (dark) and low dispositional trust (light)

Participants with low dispositional trust paid more attention to background
detailsof reviewers All participants with low dispositional truseight out of eigh?
mentioned theeviewescity & country, while only five out of eight participants
with high dispositional trust referred to this signal. It appearsphsicipants with
low dispositional trust used this interfasggnal to judge the reviewer as less
trustworthy.Low dispositionto trust led participants to focus on negative aspects of
the reviewer, confirming their suspicions. Hence, interface designs may inadvertently
provide signalghat causeisers with low dispositional trust to trust reviewers even
less.

One of he sgnals that directly relageto the reviewersO expertis@s used
more extensively by participants with high dispositional trtisin by participants
with low dispositional trustSevenout of eight participants with high dispositional
trust mentionedhe number of helpful votegiven to the reviewer whiléhreeout of
eight participants with low dispositional trust referred to this sigitakeems that
participantswith high dispositional trustwho, by definition, have a disposition to

trust othersyere more swayed by what other users thought of reviewers. This in turn
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suggests that user belief can reinforce how signals in the interface are interpreted, for

example

P2 (high dispositional trust participant):yOu can tell he/she has done reviews
before and he/she has 47 reviews and 29 helpful votes so IOm starting to build
relatively a good picture of the hotel so now | think this hotel is probably good so yes

| can depend on it.. So | think this guy knows what he's sayingO

P15 (low dispositional rust participant): Olt looks like the reviewer is a
professional or experienced reviewer based on the 41 reviews and helpful votes but |
donOt know if just looking at these kind of push me to gooforsity that this is more

helpfulO

These results sggst thatow dispositional trust seemed to be associated with a
more critical interpretation of trust signals, whersasme signals in the interface

boostedrustfor userswho already had a disposition to trust others.
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Given the insights provided by previous work (e.g. Ghose &dfpis, 2011;
Connors et al., 2011), this study investigated penception of three factgreeview
quality, reviewe®sexpertise and reviewerOsias, influencedusers@erception of
review helpfulnessand accuracy as well as trust in online reviewshis was
investigated by dividing participantsO perceived ratifgsview quality, reviewerOs
expertise and reviewerOsias into high and lowategoriesbased on the median.
Then, the analysis investigated how participantsO ratings of perceived review

helpfulness, accuracy and trust differed according to (i) high ewdplerceived
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review quality (i) high and low perceived reviewerOs expertise (i) high and
low perceived reviewerOs bias. The data anapgigachwas previously discussed

in detail(section 3.2.4.p
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Figures 3.14 to 3.16 show participantsO ratings of the review helpfulness,
accuracy and trust according to high perceived review quality and low perceived
review quality.In theseFigures the blue diamondmdicate participantsO ratings of
helpfulness, accuracynd trust when the reviews were perceived as high quality
(above the median of 3.5). The red diamomadicate participantsO ratings of
helpfulness, accuragyand trust when the rews were perceived as low quality
(below the median).

It is interesting to note ikigures3.14, 3.15, and3.16 thatthere is little overlap
between the blue and red diamondisdeed, the majority of the blue diamonds are
distributedon the high side of the scale while the red diamondsdiatebutedon the
low side of the scale. Bdistributiors of blue and red diamosdin Figures3.14,

3.15, and3.16 indicatethat participantsO perception of high revigiality seemed to
increasethe perceivedhelpfuinessand accurey and also legparticipantsto have

more trust in the review¥Vhen the review was perceived as high quatitgst ofthe
participantsO ratings of review helpfulndsgyre 3.14), accuracy Kigure 3.15), and

trust (Figure 3.8) ranged between 4 and 5 (orpéint Likert scales). In contrast,
participantsO perception of low review quality seemed to decrease the perceived

helpfulness and accuracy, as well as lowering trust in the review. When the reviews
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were perceivé as low quality, almost all participantsO ratings of helpfulness,

accuracy, and trust ranged between 1 and 3.

Figure 3.14: Participants' ratingsf perceived review helpfulness according to high
perceivedeview quality (blue diamonds) and low perceived review quality (red
diamonds) (Note: 1 stands for strongly disagree, 2 disagree, 3 not sure agree, 4 agree and
5 strongly agree)

Figure 3.15: Participants' ratingsf perceived review accuracy according to high percer
review quality (blue diamonds) and low perceived review quality (red diamonds) (Note: 1
stards for strongly disagree, 2 disagree, 3 not sure, 4 agree and 5 strongly agree)
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Figure 3.16: Participants' ratingsf trust in review according to high perceived review
quality (blue diamonds) and low perceived review quality (red diamonds) (Note: 1
stands for strongly disagree, 2 disagree, 3 not dargree and 5 strongly agree)

It is important to note that ¢hFigures used to visualize participantsO ratings in
order to demonstrate the interplay between the factors that can influence trust and
their effects on trust, such as FiguresA33.15, and 3.8, do not account for repeated
ratings. For example, iRigure 3.4, P16 rated review helpfulness as 2 twice and also
rated the review helpfulness as 3 twice when the reviews were perceived as low
quality. However, Figure 34ldoes not show these repeated ratings. Repeated ratings
were not taken into accountdaeise the analysis investigatealv many participants
rated the review helpfulness in a particular way according to perceived review
quality, rather thatmow many timesach participant rated the review helpfulnesa in
particularway. Thus, repeated ratys are not taken into account in any of Eingures

reported in this section.
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Figures 3.17, 3.18, and 3.19 show participantsO ratings af fesfigfulness,
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accuracy and trust according to high and low perceived reerégexpertise The
blue diamonds refer to participantsO ratings of helpfulness, agamddyustwhen
the revievers were perceived dgvinghigh expertise (above the mediah3). The
red diamonds refer to participantsO ratings of helpfulness, agcamecirust when
the reviewers were perceivedlasvinglow expertise (below the median of 3).

In Figures 317 to 319, the red and blue diamonds are overlapping and there
seem to be no clear patterns regarding the distributions of red and blue diamonds on
either side of the scale. This suggests that participantsO perception of the reviewsO
helpfulness, accuracyand trust in the reviews were not affected by the perceived
reviewersO expertise. High perceived reviewersO expertise did not seem to lead
participants to perceive the reviews as more helpful or accurate and did not seem to
increase participantsO trust the reviews. Similarly, low perceived reviewersO
expertise did not seem to decrease participantsO perception of the reviewsO

helpfulness or accuracy or their trust in the reviews.

Figure 3.17: Participants' ratingsf perceived review helpfulness according to high
perceived reviewer expertise (blue diamonds) and low perceived reviewer expertic
diamonds) (Note: 1 stands for strongly disagree, 2 disagree, 3 not sure, 4 agree and 5
strongly agree)
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Figure 3.18: Participants' ratings gferceivedeview accuracy according to high perceiv:
reviewer expertise (blue diamonds) and low perceived reviewer expertise (red diamonds)
(Note: 1 stands for strongly disagree, 2 disagree, 3 nqédagese and 5 strongly agree)

Figure 3.19: Participants' ratings of trust in review accordindpigh perceived
reviewer expertise (blue diamonds) and low perceived reviewer expertise (red
diamonds) (Note: 1 stands for strongly disagree, 2 disagree, 3 not sure, 4 agree and 5
strongly agree)
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Figures 3.D, 3.21, and 3.2 show participantsO ratings of review helpfulness,
accuracy, and trust in relation to high and low perceived reviewersOrhe same

approach described in the previous paragraphs was followed to visualize participantsO
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ratings. The blue diamonds refer to participantsO ratings of helpfulness, accuracy, and
trust when the reviewers were perceived as having high bias (dizowedian of 3).

The red diamonds refer to participantsO ratings of helpfulness, accuracy, and trust
when the reviewers were perceived as having low bias (below the median of 3).

Similar to results on perceived reviewersO expertise (Figur88820Q),

perceived reviewersO bias did not seem to influence the perception of review
helpfulness, accuracy, and trust. As shown in Figured, 3.21, and 3.2, the red

and blue diamonds are overlapping and there seem to be no obvious patterns
regarding the distrilition of the red and blue diamonds on either side of the scale.
Thus, contrary to expectations, high perceived reviewersO bias did not seem to
decrease the perceived helpfulness, accuracy, and trust. Also, the low perceived

reviewersO bias did not incretise perceived helpfulness, accuracy, and trust.

Figure 3.20: Participants' ratings of perceived review helpfulness according to high
perceived reviewer bias (blue diamonds) and low perceived reviewer bias (red
diamonds) (Note: 1 stands for strondigagree, 2 disagree, 3 not sutagree and 5
strongly agree)
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Figure 3.21: Participants' ratings of perceived review accuracy accordinigho h
perceived reviewer biabl(e diamondsand low perceived reviewer biagq diamonds
(Note: 1 stands for strongly disagree, 2 disagree, 3 nqtdageee and 5 strongly agree

Figure 3.2: Participants' ratings of trust in review according to high perceived
reviewer bias (blue diamonds) and low perceived reviewer bias (red diamonds) |
1 stands for strongly disagree, 2 disagree, 3 not 4agree and 5 strongly agree)
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Perceived review helpfulness and accuracy have been suggested as important
factors that can influence user trust in online reviews (Hong et al., 2012; Liu et al.,

2008). Thus, the analysis investigated how participantsO perceptibasef ttvo
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reviewrelated factors influences their trust in the revieWss was investigated by
dividing participantsO ratings of perceived review helpfulness and accuracy into high
and low groupsbased on the median values. Then, the analysis investigaved
participantsO ratings of trust differed according) high and low perceived review
helpfulness and (ii) high and low perceived review accuracy. The analysis approach
waspreviouslyexplained in detaifsection 3.2.4.6

The same approach was falled as in the previous subsection visualize
participantsO responseBig(res 3.23 and 3.2). The blue diamonds refer to
participantsO ratings of trusttire review when the reviewvasperceived as helpful
(above the median of Figure3.23) and accuate (above the median of @igure
3.24). The red diamonds refer participantsO ratings of trust in the review when the
reviewwasperceived as unhelpful (below the mediar{RByure3.23) and inaccurate

(below the median JFigure3.24).

Figure 3.23: Participants' ratings of trust in review according to high perceived
review helpfulness (blue diamonds) and low perceived review helpfulness (red
diamonds) (Note: 1 stands for strongly disagree, 2 disagree, 3 not sure, 4 agree and 5
strongly agree)
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Figure 3.24: Participants' ratingsf trust in review according to high perceived
review accuracy (blue diamonds) and low perceived review accuracy (red dian
(Note: 1 stands for strongly disagree, 2 disagree, 3 nqtdageee and 5 strohg
agree)

In both Figures 32and 3.2, there is little overlap between the blue and red
diamonds. Most of the blue diamonds are distributed on the high side of the scale and
most of the red diamonds are on the low side of the scale. This mean$¢nathe
review was perceived as helpful and accurate, participants tended to give a higher
trust rating to the review. In contrast, when the review was perceived unhelpful and
inaccurate, participants gave a lower rating of trust in the review. Accordimgl

seems that participantsO perception of review helpfulness and accuracy were

important in their trust in the reviews.
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This study showed how user trust in online reveew influenced by signals
from the interface(RQ-1) (objective 1). The findings build on previous work
investigaing trust signalge.g. Kobayashi et al., 2015; Riasanow et al., 2@15)o0
ways First, they reveal new revievelatedand reviewerelated signals that have not

been considered before. These signals amene community opinions about the
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review and usegenerated photogreviewrelated signals)and the reviewdds
background (i.e. city & country) and the reviewerOs similaritile usein terms of

characteristics and satisfaction leysdviewerrelated) Secondthe findings of this

study contribute to previous work by providing insights intoithportance of each
type of signalregarding trustOverall, it seems that reviemelated signals armore

importantin trustthan signals tharerelated to theeviewer.

Previous work has focussed extensively on exploring what factors influence
trust in online reviews (Lee et al., 2008; Kim et al., 2008; Ku et al., 2012), and the
findings presented herextend thisline of work by exploring the way interface
signals are used in the perception of these fadqiR(32). The waythat users use
interface signals in theperception of trust faots of the review and revieweid
perceived trustworthiness afe review andthe reviewer) doesnot appear to be
straightfoward. First, userstend to use variousindependentsignals in their
perception of trust factor&or instance, review quality seems to be perceived based
on a variety of signals that relate to both the reviewthadeviewer. Second, some
signds seem to be used in combination. For exampbsijtive words mentioned in
the review seemed to be used in combination with details included in the iaview
the perception of differentrust factors such agerceived review qualityand
reviewerOs biagn these cases, high number of positive words, indidag a high
level of emotionscan lead users to perceive the review as of low quality and the
reviewerasbeing highly biased, especially when the review lacks details. In contrast,
when the review inades sufficient detailsgg high number of positive words does not
seem to have an effect.

This study represers the first attempt to understand the role of userOs

dispositional trust in the context of online reviews, particularly in the way users
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interface signals (R@3) (objective 3).It appearsthat users with low dispositional
trust are more criticah their interpreation of interface signals as trust signals than
users with high dispositional trust. Previous work (Hsu, 2008; McKnight et al.,
20023,b) has paid scant attention to the role of dispositional truitencontext of
onlinereviews, and this warrants further investigation.

In regard to the factors that can influence trdsg study provided support to
previous work (e.g. Lee et akR008; Connors et al., 2011) which suggested that
perceived review quality, helpfulnessd accuracy can influence user trusbmtine
reviews. However, the current study showsal effects of the perceived reviewerOs
expertise and bias on trust (RIand-5) (objective 2)This may indicate thdactors
of the review are more importaint user trust in online reviews than factors of the
reviewer.Neverthelessthe effects operceived reviewerOs expertise and hégs! to
be further investigatetbecausdhese factorhave beersuggested to matter in trust
(e.g. Sun et al., 2011; Ku et al., 2012)

There are two limitations associated with this study and its findFigs, this
study included only positive reviewswvhile negative reviewswere excluded.
Prevous work byRiasanowet al. 015 suggested that negative reviews can be very
influential in user trust, possibly more so than positive reviews. Thus, further work
needs to take negative reviews into account. Seconéinthiegswere based on data
collected from a small sampleThus, a largeiscale investigation could provide
guantitative evidence to valida{g the effect ofinterfacesignalson trust and the
perception of trustworthinesg§i) the interplay between the factdhat can influence
trust and their effects on trusind(iii) the effects of dispositional trust

Finally, the findings of this studyhave practical implications for designers of

systems that provide usgenerated reviewd he findings can be applied to interface
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designsto better help users in perceiving tinestworthiness of theeviews andthe
reviewersandin establising trust in online reviewsFirst, signals that relate to the
online communityOs opinions about reviews should be transparent as the results
revealedthat participants relied on community opinianstheir trust in the reviews
as well agn their percetion of the quality and helpfulness of reviewdhe findings
recommendcapturing a more balanced perspective by signalling both positive and
negative opionsaboutreviews

Second, prticipantsO responses suggested that they would appreciate objective
evidence to verify the information givdary a reviewer This evidence could come in
the form of photographs, but it is less obvious how other seovieated information
items (e.g. service, sleep quality, etc.) that may be important in purchasing decisions
could be represented in this way.

Last the results showed that participansedvarious signaldut still struggled
to determinereviewesCbias. Designers could help users by providing more direct

signalsthat could be used to determibi@s

%
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Study 2extendedstudy 1in four ways. First, study 2investigaed how user
trust in online reviewsis influenced byreview valerce Review valence has been
suggestedo bean influential factor on trusand previous work has shown mixed
results of review valence on trug.g. Lee et al., 2008; Kobayashi et al., 2015;
Riasanow et al., 2015Becauseeview valencavas not considered in study dtudy
2 took review valence into account in relation tott(objective 2).

Second, study 2 focused on revieslated signal§community opinions about
the review and usegenerated photpghat were suggestedy study 1to influence
trust (objective 1) Study 2 further investigated the effects of these sigigls
investigaing how community opinions that reflect diffetgmerspectives, rather than
only positiveperspectivg can influence trust. It also investigated how user trust can
be influenced not only by thpresence ophotcs but also by the photo type and
valence This is because photos can be of different types depending on the content
and can be of difference valence similar to the textual content of a review.

Third, study 2extended study 1 by further investigatitig role of the usebs
own backgroundn trust in online review¢objective 3)and the way that the factors
that can influencerust relate to one another ataltrust (objective 2)While these
were primarily addressed in study 1, the findings were based on a small sample and

thereforethe findingsneeded to be validated based on a larger scale investigation. In
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regard tothe useDdackgroundstudy 2took into accounthe userOs past experience
using online reviewi addition to the userOs dispositional trust.

Finally, study 2 investigatedot only user trust in online reviews but also user
purchase intentiobased on online review$hisis in line withthe main aim othis
researchwhich is about investigatingghat leads users to trust online reviews and
make purchase decisions based omiine reviews Accordingly, study2 addressed
the following research questions:

RQ-1:. How do review valence, online community opinions about the review

and usegenerated photos influence user trust in online reviglen making

purchase decisia

RQ-2: How does a userOs background in the forms of dispositional trust and

past experience shape trust in online revietwven making purchase decisgn

RQ-3: How do the influential factors otmust relate to one anotheo, trustin

online revievg, and topurchase intentich

Figure4.1 provides a graphical representation of the investigation of study 2



Figure 4.1: Overview of study 2 (i) investigating the effects of review valence,
community opinions and usgenerated photos on trust and purchatntion (iii)
effects of user background in the forms of dispositional trust and past experience
(ii) interplay between the factors that can influence ftiiNste: Only objects in
black are investigated)
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A total of 884 prticipants took part in this study. Participants were recruited by
advertising the study on social media sites: Twitter, Facebook, and LinkedIn, where
the online study linked was shared. Also, study invitations were sent to City

University London staff ashstudents via email.
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Among the 884 participants who took part in this studg4 participantsO
responses were incomplete and were therefore excluded from the analysis. An
additional 11 participantsO responses were excluded from the analysis because these
11 participants spent no time (i.e. zero seconds) on the review page and therefore
they were not aware of the experimental manipulation. As a result, the data analysis
included responses from 799 participants (mean age of 33.3 years, 54% male and

46% femag).
KFHMN$BAC 2055 %

An online experimental study was conducted in order to address the research
guestions. The study followed a factorial design approach; it manipulated review
valence, community opinions about the review, and photo presence, type, and
valence. The study used a between subjects design, i.e. each participant was assigned
randomly to one condition. It collected quantitative data about the participantsO
background, trust factors of the review and the reviewer, trust in the review, and

purchase intention.
KFHFI1%&#$(/%;)
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Fifty restaurant reviews were constructed for the purpose of this study; each
review represented a condition. Eaeliew was presented orsareeshot using the

tool Qualtrics «vww.qualtrics.corm and each participant was randomly shown only

one review. Figure 4.2 provides an example okview presented onszreeshot.

The reviews were evenly randomised, i.e. reviews were set to be presgoally to



participants, in order to obtain an equal, or similar, number of responses for all
reviews.

To avoid confounding effects of explicit rating elements, price information, and
review date, these elementvere excluded from thecreeshots that preserdethe
reviews. Also, thescreeshots used a fictitious restaurant name (Ledbarry) to avoid
the confounding effect of familiarity with brand on participantsO responses. All the

reviews wee set at the same length, five lines, in order to eliminate any effect of

Figure 4.2: Example ofscreeshot presenting a review
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review length on perceived quality because long reviews can be more informative

(Lee et al., 2008).

<)&%".$),%08&(09(Q)-%)BB#+(
Following a factorial design approach, this study idelll a total of 50

conditions: 2 review valence (positive and negativd community opinions (2:8,

3:7, 5:5, 6:4, and 9:1 helpful to unhelpful votésh usergenerated photos (absent,

positive food photo, negative food photo, positive atmosphere phudonegative

atmosphere photo). The following paragraphs explain how each of these variables

was manipulated.

?26'28%6-.2,4%

First, review valence was manipulated as either positive or negative based on
the content of the review. The manipulation approaek tased on previous work
(Utz et al., 2012; Riasanow et al., 2015). The positive review referred to a pleasing
customer experience and recommended the restaurant to others. In contrast, the
negative review referred to a dissatisfying customer experiamtevarned others
about the restaurant. Both the positive and negative reviews were constructed to be
identical in structure. The reviews started with an introductory sentence about the
overall experience, i.e. whether the restaurant is worth visiting orTinen, the
reviews included information about the food served and atmosphere. Finally, the
reviews concluded with a recommendation sentence. Figures 4.3 and 4.4 show the

positive and negative reviews that were constructed for this study.
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Figure 4.3: Positive review

Figure 4.4: Negative review

Prior to the main study, the positive and negative reviews (shown in Figures 4.3
and 4.4) were tested. This test first aimed at validating the classification of review
valence, i.e. whether the positive review actually represented a pleasing customer
experence and the negative review actually represented a dissatisfying customer
experience. Second, the test aimed to ensure the similarity of the positive and
negative reviews in terms of quality, as review quality has been suggested to
influence trust (Li & Tang, 2010; Lee et al., 2008) and therefore can have a
confounding effect on participantsO responses.

The test included two conditions: positive review and negative review. It was

conducted online using Survey Monkeywww.surveymonkey.com and each

participant was assigned to one condition (i.e. between subjects design). Forty
participants were assigned randomly and evenly to either the positive or the negative
condition. This was done in order to obtain an ecquahber of responses for each
condition.

During the test, participants were asked to provide explicit feedback about the

review valence and quality. Review valence was measured by asking participants to
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choose whether the reviewer hadgaod experiencer bad experiencewith the
restaurant based on the review presented. Review quality was measured based on the
approach of Lee et al. (2008). Participants were asked to rate four dimensions,
understandability, sufficiency, relevance, and reliability, gyobt Likert scales and

review quality was calculated as the average value. Appendix B.1.1 shows the
guestionnaire used in this test.

The results confirmed the validity of the manipulation of review valence. All of
the participants (20 out of 20) who were gasd to the positive review condition
chose the optiothe reviewer had a good experience with the restauraisb, 100%
of participants (20 out of 20) who were assigned to the negative review condition
chose the optiothe reviewer had dad experienceith the restaurant

In regard to the review quality, a two esieled ttest (TOST) using the XLStat
b a statistical analysis software that integrates into EX2elvas applied to
participantsO ratings of the quality of positive and negative reviews. T8& TO
analysis investigated the statistical equivalence between the positive review quality
and the negative review quality. Prior to reporting the results of TOST analysis, it is
important to point out some details of this analysis. TOST analysis requees th
researcher to choose a threshold difference such that only smaller differences than the
threshold can be considered as statistical equivalence. In contrast, when the
difference exceeds the chosen threshold, the variables are considered to be
statisticaly different. For the analysis of review quality, the threshold was set at 10%
of the scale size. Because review quality was measured ugiagtSLikert scales,
the maximum threshold difference was set as 0.5. This means that if the difference in
participantsO ratings of the quality of the positive review and the quality of the

negative review exceeds 0.5, then the positive and negative reviews are considered
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different in terms of quality. Otherwise, the positive and negative reviews are
considered to begaivalent in quality.

Results of the TOST analysis showed that the difference between the positive
review quality and the negative review quality did not exceed 0.4 (90% confidence),
which was even less than the chosen threshold of 0.5. The differencsebétve
positive review quality and negative review quality ranged ft@n394 to 0.194 with
a p value of 0.047 (f < 0.05). Therefore, the positive and negative reviews were
considered to be statistically equivalent in terms of quality. Appendix B.1.2sshow

the complete results of TOST analysis.
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Community opinions can be indicated as the ratio of helpful to unhelpful votes
given by community members to a particular review. Since the ratio of helpful to
unhelpful votes can represent a lwraectrum of community opinions, this study
included five different random ratios. These ratios were: 2:8, 3:7, 5:5, 6:4, and 9:1
(helpful to unhelpful votes). Each of these ratios represented a condition of
community opinions about the review, i.e. fisenditions in total. The total number
of votes, both helpful and unhelpful, was set to be 10 for all reviews to prevent any

possible confounding effects of the total number of votes on participantsO responses.
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Photos were classified as either absent or present. In the absence condition,
there was no photo presented alongside the review. In contrast, the presence
condition included one photo presented alongside the review. The photo was either of

food, specificdly, pizza, or the internal atmosphere of the restaurant, and it was either
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positive or negative. The selection of photos is explained in the following

subsections.

L:*+*%+5)h

Previous work by Jang and Namkung (200@s suggested that food and
atmosphere represent aspects of restaurants that can influence individualsO
behavioural intention towards restaurants. These aspects were therefore used for the

two types of photos in this study: food (specifically pizza) antbaphere.

1:*+*%6-.2,4%

Similar to the textual content of reviews, the valence of photos can be different.
Some photos can convey favourable meanings (i.e. positive photos) while other
photos can convey unfavourable meanings (i.e. negative photos).dAcpgy this
study included positive and negative photos and of food and atmosphere.

The photos were selected in two stages. First, a set of 2gerserated photos
(ten photos of pizza and ten photos of atmosphere) were selected from the review

website Yelp <www.Yelp.con®. Second, an online test was conducted with these

photos to choose positive and negative food photos and positive and negative
atmosphere photos. The test was conducted using the survey tool SurviegyMon

<www.surveymonkey.com The test included two conditions: photos of food (ten

pizza photos) and photos of atmosphere (ten atmosphere photos). A total of 48
participants were randomly and evenly assigned te ocondition (i.e. between
subjects design) in order to obtain the same number of responses for each condition.

For the photos of food, each participant was shown 10 photos of pizza, one
photo at a time. For each photo, the participant was asked to ra@irf@nsions of

perceived food quality: perceived visual appearance, tastiness, freshness, and
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healthiness. Each of these dimensions was measured usippiat d.ikert scale
taken fromJang and Namkung (200@ppendix B.2.1.1). Perceived food quality was
then calculated as the average value of the dimensionsO ratings.

The photo with the highest mean value of perceived food quility3(18) was
chosen to be the positive food photo (Figure 4.5) and the photo with the lowest mean
value of perceived food glily (M = 2.18) was chosen to be the negative food photo
(Figure 4.6). Appendix B.2.1.2 shows all the photos that were tested and the mean

values of perceived food quality.

Figure 4.5: Positive food photo

Figure 4.6: Negative food photo

In order to ensure that the chosen food photos differed regarding the perceived
food quality, a paired sampletest using Microsoft Excel 2011 was applied to
participantsO ratings of perceived food quality of the positive food photo (Figure 4.5)
and ratirgs of perceived food quality of the negative food photo (Figure 4.6). The
results showed that there was a significant difference between the positive food and

negative food photos in regard to perceived food quadity@.01).
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The second condition includghotos of the internal atmosphere of restaurants.
Each participant was shown ten photos, one photo at a time. For each photo, the
participant was asked to rate four dimensions of perceived atmosphere: perceived
restaurant setting, colors used insiderstaurant, lighting inside the restaurant, and
interior design. Each of these dimensions was measured ugiomtSLikert scales
taken from Jang and Namkung (2009) (appendix B.2.2.1). Perceived atmosphere was
then calculated as the average value of iimerdsionsO ratings.

The photo with the highest mean value of perceived atmosg¥lexe3(73) was
chosen as the positive atmosphere photo (Figure 4.7) and the photo with the lowest
mean value of perceived atmospheM € 2.51) was chosen for the negative
atmosphere photo (Figure 4.8). Appendix B.2.2.2 shows all the atmosphere photos

that were included in the test and the mean values of each.

Figure 4.7: Positive atmosphere photo

Figure 4.8:Negative atmosphere photo



A paired samplé-test using Microsoft Excel 2011 was applied to participantsO
ratings of perceived atmosphere of the positive atmosphere photo (Figure 4.7) and the
negative atmosphere phdteigure 4.8) to ensure that these photos differed in regard
to the perceived atmosphere. The results showed statistical diffeperc@.@5) in
the perceived atmosphere between the positive atmosphere photo and the negative

atmosphere photo.
<"I"$"1%CO*,,-'/2( %

Two questionnaires were used in this study: background questionnaire and trust
factors questionnaire. The following paragraphs explain the way these questionnaires

were designed and also the data collected from each questionnaire.

P)/>'-0.&*( K.#+,%0&&)Yo-#

The background questionnaire (shown in appendix B.4) captured participantsO
age, gender, dispositional trust, and past experience using online reviews. The
approach to measuring participantsO dispositional trust was taken directly from
McKnight et al. (2002a). Dispositional trust was measured based on four dimensions:
integrity, competence, benevolence, and trusting stance. Each of these dimensions
was measured usingpbint Likert scales and dispositional trust was calculated as the
average glue.

Participants were also asked to provide feedback about their past experience
using online reviews for making purchase decisions. Participants were first asked
whether they had prior experience using online reviews. This was used as a filter
questionif the participant answered OyesO, then the participant was asked to respond
to three 7point Likert scales about past experience adapted from Pavlou and Gefen

(2004). Past experience was then calculated as the average value of the three scale
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ratings. Ifthe participant answered OnoO, then the participant was directed to proceed
to the scenario page. Ninefiye participants reported that they had not used online
reviews before and thus did not rate their past experience. The analysis therefore
included D4 participant responses about past experience. Table 4.1 shows the
minimum, maximum, mean, and standard deviation of participantsO dispositional trust

and past experience.

Minimum Maximum Mean Standard

deviation
Dispositional trust| 1.17 6.92 4.65 0.85
Past experience | 1.00 5.00 4.02 0.51

Table 4.1: Descriptive statistics of participantsO dispositional trust (Note: N=799 for
dispositional trust and N= 704 for past experience)

6-.+,(9)/,0-+(K.#+,%0&&)006-#

After reading their assigned review, participamisre required to provide
ratings on seven factors: perceived review quality, helpfulness, and accuracy;
perceived reviewerQOs expertise and bias; trust in review; and purchase intention. The
approach to measuring these factors was based on previous werkt(he, 2008;

Liu et al., 2008; Kusumasondjaja et al., 2012; Kim et al., 2008; McKnight et al.,
2002a;Park et al., 2007; Sparks & Browning, 20Ehd used -point Likert scales
(shown in appendix B.5).

The perceived review quality and trust in the egwiwere measured using
multiple scales. Review quality was measured based on four dimensions:
understandability, sufficiency, relevance, and reliability. Each of these dimensions
was measured using apoint Likert scale taken from Lee et al. (2008) and th
perceived review quality was calculated as the average value. ParticipantsO trust in the

review was measured based on the approach of McKnight et al. (2002a), by adapting
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four 7-point Likert scales. Trust in the review was then calculated as the average
value of the scale ratings. Table 4.2 shows the minimum, maximum, mean, and

standard deviation of the factors measured in the trust factors questionnaire.

Minimum Maximum Mean Standard
deviation

Review quality 1.00 5.00 3.64 0.61
Review 1.00 5.00 3.46 0.85
helpfulness
Review accuracy | 1.00 5.00 2.95 0.67
ReviewerOs 1.00 5.00 3.16 0.78
expertise
ReviewerOs bias | 1.00 5.00 2.82 0.65
Trust in review 1.00 5.00 2.97 0.85
Purchase 1.00 5.00 2.82 1.01
intention

Table 4.2: Descriptive statistics of factorseasured in trust factors questionnaire

KFH®B&/1=(C0/(%

The main study was conducted online wusing the tool Qualtrics

<www.qualtrics.corm. Participants were first shown an introductory page that

explained the purpesof the study, procedure, tasks, and total required time to
complete the study which was approximately 10 minutes (shown in appendix B.3).
Then, participants completed a background questionnaire that captured their
demographics (age and gender), dispmséi trust, and past experience using online
reviews.

Afterwards, a scenario was presented to geeticipantasking that participant
to imagine s/he intends to find a restaurant for her/his birthday and conducts an
online search. Search results includedonline review about an Italian restaurant

called OLedbarryO. Participants were then asked to proceed to the next page which
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included ascreeshot of an online review about the restaurant. Then, participants
were asked to proceed to the next page atel saven factors on-foint Likert
scales, perceived review quality, helpfulness, and accuracy; perceived reviewerOs

expertise and bias; trust in the review; and purchase intention.
KFHBH#$145#:2),)%
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RQ-1 was addressed by investigating the effect®wakew valence, community
opinions about the revievand photo presence, typand valence omarticipantsO
ratings of seven factors that were measured in the trust factors questioRewiesy
valence, community opinionandphoto presence, typand valence were categorical
variables.The sevenfactors captured in the trust factors questionnairecluding
perceived review quality, helpfulnesand accuracgyperceived reviewerOs expertise
and biastrust in the reviewand purchase intentipwere continuous variables

There were two possible analysis technigqueesametricmultivariate analysis
of variance (MANOVA) or nonparametric Krusk&Wwallis test The appropriate
analysis techniquavas chosen based osata distribution MANOVA requires
normally distributed datavhereasKruskaBPWallis can be applied to data that is not
normally distributedDancey & Reidy, 2002)

The data distributionwas tested by applyinghe Shapir@wWilk test to
participantsO ratings of tlsevenfactors that were measured in the trust factors
guestionnaire The ShapirdWilk test tests the null hypothesis that thested
variables are not normally distributesid therefore significant resulitsdicate non

normality of data distributianThe resultof the Shapirdwilk testwere significant
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on all thefactors p < .0001), indicatingthatthe participantsO ratingé$ all the factors

were not normally distribute@able4.3).

Statistic Significance
Review quality 0.959 < 0.0001***
Perceived helpfulness 0.817 < 0.0001***
Perceived accuracy 0.798 < 0.0001***
ReviewerOs bias 0.778 < 0.0001**
ReviewerOs expertise 0.848 < 0.0001***
Trust in review 0.950 < 0.0001***
Purchase intention .0.900 < 0.0001***

Table 4.3:Results of normal distribution test of factors measured in trust factors
guestionnaire (Note: *p<0.05, **@x01, **p<0.001, df = 799 for all factors)

Accordingly, the nonparametric Krusk&Wallis test was chosen as the
appropriate tesfor investigating the main effects oéview valence, community
opinions about the reviewndphoto presence, typand valenceThese were treated
as the independent variables and the seven factors captured in the trust factors

guestionnaire were treated as the dependent variables.
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This studyinvestigatedthe way thatparticipantsO background in the form of
dispositional trust and past experierstgapedthar trust in the reviews and their
purchase intention based on the reviews. To do so, a Spearman correlation was
appliedto investigate the relationship between participantsO dispositional trust and
past experiencandtheir ratings of thesevenfactors that were captured in the trust
factors questionnaire: perceived review quality, helpfulresdaccuracy perceived

reviewerOs expertise and biaisist in the review and purchase intentiorThe
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Spearman correlation was chosen rather than its parametric equifRézmson
correlation because participantsO ratingstie seven factorsvere not normally

distributed (as shown previously Trable4.3, sectiord.2.4.).
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The first study primarily investigated the interplay between the fathat can
influence trust and the way these fact@isite totrust. These factors were perceived
review quality, helpfulnessand accuracyand perceived reviewerOs expertise and
bias. However the findings of the first study were based on a small sanifies,
this study investigated the interplay betweerséfactors and the way these factors
relate totrust based on a larger samphdso, this study took into account user
purchasentention and investigated how it relat® the factorsthat can influence
trust and to trust.This analysis waslso conducted by applyinghe Spearman
correlationbecause of the nemormal distribution of the collected dafBhe same
analysis was applied to address-R@nd RQ@3, i.e. therole of the user bekground
and the interplay between the influential factors on trust were investigated by
applying Spearman correlation to data collected from the background and trust

factors questionnaire.
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The results showed thatview valence influenceparticipantsO perception of
the trustworthiness of both theview andthereviewer, their trust in the reviewnd

their purchase intentio(iTable4.4) (complete results shown in appen&i6.l).

Factor Chi-square Significance
Review quality 8.865 0.003**
Review helpfulness 7.839 0.005**
Review accuracy 0.369 0.544
ReviewerOs bias 9.764 0.002**
ReviewerOs expertise 2.387 0.122
Trust in review 4.908 0.027*
Purchase intention 83.161 0.000***

Table 4.4:Main effects of review valence (Note: df=1 for all factors, *p<0.05,
**p<0.01, **p<0.001)

The valence of the review significantly influenced participantsO perception of
two factors of the trustworthiness of theeview: perceived review quality and
helpfulness.Participants perceived the positive review as of higher quality (mean
rank = 423.44 mean = 3.70jhan the negative review (mean ranB75.42 mean =
3.57) (#2 (1, N = 799) = 8.865, p = 0.003) Similarly, the positive review was
perceivedas more helpful(mean rank = 420.24nean = 3.52)han the negative
review (mean rank = 378.7/Mmean= 3.39) (#2 (1, N = 799) = 7.839,p = 0.005)

Unlike the perceived review quality and helpfulness, the perceived review accuracy
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was not significantly influenced by the review valeng2 (@, N = 799)= 0.369,p =
0.544)

The effect of review valence extended to participantsO perception of the
trustworthiness of theeviewer,especiallythe perceivedreviewe®dias (#2 (1, N =
799)= 9.764,p = 0.002) It seems that thaegativereview increasedhe perceived
reviewer®bias in contrast tthe positivereview. This means that participants tended
to perceive the reviewer to bmore biasedwhen the review was negative.
Participantgeportedhigher biasof the reviewellmean rank = 422.18nean = 2.88)
when the review was negative than when the review was pogitiean rank =
378.85,mean = 2.76)The valence of the review did not have a significant effect on
participantsO perception of the reviewerOs exp@itiggé, N = 799) = 2.387,p =
0.122).

Finally, the results showed that participants had more frughe positive
review (#2 (1, N = 799) = 4.908,p = 0.027)and were also morkkely to make a
purchase decision based on the positive rev#v(l, N = 799) = 83.161,p <
0.0001)compared to the negative revieRarticipantsreported highetrustin the
positive review(mean rank = 417.56nean = 3.03}jhan the negative reviefmean
rank = 381.59mean = 2.91)They also reported high@urchasententionbased on
the positive relew (mean rank = 469.70nean = 3.12fhan the negative review

(mean rank = 326.9Gnean = 2.5Q)
<'$H'1%E*GGO,'+5%*)","*,00

Unlike review valence, community opinions about the review mattered only in
the perception of thdrustworthiness of theeview. The results showed that

community opinions about the revieonly significanty affected the perceived
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helpfulness of the revie@?2 (4, N = 799)= 13.600,p = 0.009)(Table4.5) (complete

results shown in appendik6.2).

Factor Chi-square Significance
Review quality 8.122 0.087
Review helpfulness 13.600 0.009**
Review accuracy 9.286 0.054
ReviewerOs bias 4.902 0.529
ReviewerOs expertise 3.002 0.419
Trust in review 8.826 0.066
Purchase intention 8.025 0.091

Table 4.5:Main effects of community opinions (Note: df=4 for all factors, *p<0.05,
**p<0.01, **p<0.001)

Overall, it seems thain increase in community positive opinions (i.e. helpful
votes) increased partantsO perception of the revé@ivelpfulness.For exampe,
reviews with opinions 3:7 (helpful to unhelpful votes) were perceasedore helpful
(mean rank = 377.45nean = 3.40)han reviews with opinions 2:8ngan rank =
361.09 mean = 3.29)Table 4.6). This pattern was observddr all opinion ratios
with one exceptionReviews with opinions 6:4 were perceived as less helpful (mean
rank =406.08 mean = 3.47) than reviews with opinions 5:5 (mean radil =85,

mean = 3.55). This was contrary to expectations because the opinions 6:4 included

Community opinions Mean rank of perceived Mean of perceived
ratios helpfulness of review helpfulness of review
2:8 361.09 3.29
3:7 377.85 3.40
5:5 417.47 3.55
6:4 406.47 3.47
9:1 437.66 3.58

Table 4.6:Perceived review helpfulness at differegios of community opinions
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more helpful votes than opinions 5:5.
<'$H'$%L:*+*%)/2(2,%8

The presence ofa usergenerated photo alongsidbe review significantly
influencedparticipantsO perceptiohthe trustworthiness of the review and reviewer
Among factorsof the perceived trustworthiness the review the perceived review
quality was significantly influenced by th@esence of g@hoto (#2 (1, N = 799) =
5.446 p = 0.020) (Table4.7). It seems that the presenceapphoto decreasedhe
perceivedquality of the reviews When the review was presented with a photo,
participants reportetbwer perceived reviewquality (mean rank= 390.44 mean =
3.61) than when the review was presented without a phoieag rank= 437.01
mean = 3.75fcomplete results shown in appen&i6.3).

The negative effect of photo presence extended to participantsO perception of
the trustworthiness of theeviewer The presence of a photo increased participantsO
perception of the reviewerOs bi#2 (L, N = 799) = 5.760,p = 0.016). Participants
reported higher bias when the review was presented with a jpimatan rank =
408.46,mean = 2.84than when the review was presented without a pfro&an
rank = 367.26mean = 2.73)In contrast, the presence of afhseemed to decrease
the perceived reviewerQOs exper@ige(1, N = 799) = 6.320,p = 0.012) Participants
reported lower review&sxpertise when a photo was pres@gnean rank = 390.33,

mean = 3.12)han when there was no photo (mearkra®37.46 mean = 3.29)



Factor Chi-square Significance
Review quality 5.446 0.020*
Review helpfulness 0.727 0.394
Review accuracy 0.201 0.654
ReviewerOs bias 5.760 0.016*
ReviewerOs expertise 6.320 0.012*
Trust in review 1.927 0.165
Purchaseéntention 1.502 0.220

Table 4.7: Main effects of photo presence (Note: df=1 for all effects, *p<0.05,
**p<0.01, **p<0.001)

%
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There were nosignificant effects of photo type on participantsO responses
(Table 4.8) (appendixB.6.4 shows complete resultsThe results showed that the
effects of photo type on factors tife perceivedtrustworthiness of theeview and

reviewer, trust in the revievand purchase intention were insignificant.

Factor Chi-square Significance
Review quéty 0.316 0.574
Review helpfulness 0.207 0.649
Review accuracy 0.121 0.728
ReviewerOs bias 0.677 0.411
ReviewerOs expertise 0.278 0.598
Trust in review 0.541 0.462
Purchase intention 0.036 0.849

Table 4.8:Main effects of photo type (Notdf = 1 for all effects, *p<0.05,
**p<0.01, **p<0.01)
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Similar to photo type, photo valence did not have a signifieiatt onany of
the factorsof the perceivedrustworthiness of theeview and revieweron trust in the

review, or on purchase intentiorfTable 4.9) (complete results shown in appendix

B.6.5.
Factor Chi-square Significance

Review quality 0.053 0.818
Review helpfulness 0.002 0.968
Review accuracy 0.001 0.977
ReviewerOs bias 1.590 0.207
ReviewerOsxpertise 1.463 0.226
Trust in review 2.325 0.127
Purchase intention 1.119 0.290

Table 4.9:Main effects of photo valence (Note: df=1 for all effects, *p<0.05,
**p<0.01, **p<0.01)

K IFRAL; (Y89 (/% M#="7/105CRR0) $UBIG+, (-) % #5CLD/="#)(%65$ (5%, URE

ParticipantsO dispositional trustated tatheir perception ofhe trustworthiness
of thereview, particularly theerceivedquality of the reviewrg = 0.093 p = 0.020
(Table 4.10). This positive significant relationshipuggest that participants with
high dispositional trust tended p@rceivereviews as higher quality than participants
with low dispositional trust.

There was significant relationship between participantsO past experience using
online reviews and theipurchase intention based on the revigws=0.103 p =

0.010. Participantswho had positive past experiescesing online reviews were



more willing to make a purchase based on the revidas participants who had

negative past experience.

Review | Review Review | ReviewerOg ReviewerOg Trust Purchase
quality | helpfulness| accuracy | bias expertise in intention
review
Dispositional | 0.093* | 0.022 0.037 -0.036 0.067 0.024 | 0.002
trust (0.020) | (0.584) (0.356) (0.366) (0.093) (0.548) | (0.967)
Past -0.073 | -0.055 -0.027 0.004 -0.055 0.037 | 0.103*
experience | (0.068) | (0.170) (0.500) (0.369) (0.164) (0.355) | (0.010)

Table 4.10: Correlations between participantsO background with the influential
factors on trust, trust and purchase intention (Note: N=799 for all correlations of
dispositional trust, N=704 for all correlations of past experience, *p<0.05, **p<0.01,

***p<0.001, signficant correlations are indicated by bold font)
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Table4.11 provides an overview of the interplay between the fadtwat can

influencetrustand the way these factaiate totrustin online reviewsand purchase

intention
Review Review Review ReviewerOs| ReviewerOs | Trust in | Purchase
quality helpfulness | accuracy bias expertise review intention
Review 1
i
3 quality
a:jJ Review 0.611*** 1
= helpfulness (0.000)
‘©
9 [ Review 0.361+* 0.328%* 1
3 1—3 accuracy (0.000) (0.000)
S
2 ReviewerOs | -0.155%** -0.185%* -0.257%* 1
P bias (0.000) (0.000) (0.000)
a
% ReviewerOs 0.413*** 0.434*** 0.315*** -0.131*** 1
- expertise (0.000) (0.000) (0.000) (0.000)
Trust in| 0.501** 0.563*** 0.392%** -0.195%* 0.430%** 1
8z o| review (0.000) (0.000) (0.000) (0.000) (0.000)
28
<
-% § g Purchase 0.205*** 0.237*** 0.165*** -0.128*** 0.128*** 0.292*** 1
© £ 2| intention (0.000) (0.000) (0.000) (0.000) (0.000) (0.000)
x =

Table 4.11: Interplay between the factors that can influence trust and their effects on
trust and purchase intention (Note: N=799 for all correlations, *p<0.050:8ds
***n<0.001)
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Table 4.1 shows that there were significant relationships between all the
factors investigated in this study. However, these relationships were of difference
strengths (based on the Spearmanrgwalues). The following paragraphs expla
how factors of the review and reviewer related to one another, to trust in online

reviews, and to purchase intention.
M,+2/).-5%>2+822,%;-4+*/(%*;%+.2%6/26'28

The results showed that tlsérongest relationship was between the perceived
review quality andthe perceived review helpfulness £ 0.611,p < 0.001). This
relationship suggests that reviews that were perceived as high quality were also
perceived as helpful. The perceived review quality was also related to the perceived
review accuracyr{= 0.361,p < 0.001), but to a lesser extent nh@ the perceived
review helpfulnessThis could bebecausehe perceived review quality might not be
sufficient to help users in their perception of the review accurébgse results
support results of thérst study which suggested that the perceived review quality
influences the perceived helpfulness and accuracy of reviews (chapter 3, section
3.3.4) The resultsaddthat perceived review qualityjight bemore important in the
perceived helpfulness of theview thanin the perceived accuracy of the review.
Furthermore, the perception of the review helpfulness and accuracy seem to be
related to one anothdrs= 0.328,p < 0.001) meaning that participantsnded to

perceive helpful reviewasmore accuratand vice versa
M,+2/).-5%>2+822,%;-4+*/(%*;%+:298/26'282/

There was a significant relationship betwelba twofactorsof the perceived
trustworthiness of theeviewer: perceived reviewerOs expertise and bias. Parti€pants

responses suggest that theirgeption of these two factoisrelated(rs="0.131,p <
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0.001).While this relationship was not strong, it suggests that participants tended to
perceive reviewers with high expertise as less biased. It also suggests that reviewers
who were perceived dsaving low expertise were perceived &aving high bias.

These results extend the first study (chaptear8) pevious work (e.g. Sun et al.,
2011; Brown et al., 2007hat has investigated theffectsof these reviewelated
factorson trust in online reiews separately. Results of this stuslyow that the

perception of theefactors could be related to one another.
M,+2/).-5%>2+822,%;-4+*/(%*;%+:2%/26' 282926 78%0

There were significant relationships betwderst factorsof the review andhe
reviewer, implying that participant®perception otthe trustworthiness of thesview
was associated wittheir perception ofthe trustworthiness of theeviewer. In this
respect, the strongest relationships were between the perceived reviewerOs expertise
andthe perceived review qualitys& 0.413,p < 0.001) and the perceived review
helpfulness ;= 0.434,p < 0.001) These relationships suggehat that high quality
and helpful reviews reflected high reviewerOs expgatiskvice versa. The perceived
reviewerOs expertise wadso related to thperceived review accuracgs€ 0.315,p <
0.001), but to a lesser exterithus, t seems thaparticipantsO perception of the
review quality and helpfulness are more related to the perceived reviewerQOs expertise
thanis perceived review accuracy.

The results showed significant relationships between the perceived reviewerOs
biasandthe perceived qualityr{= " 0.155,p < 0.00)), helpfulnessrs="0.185,p <
0.00)), and accuracyr{="0.257,p < 0.00] of reviews. These results suggest that
reviews that were perceived as high quality, heJpéumd accurate decreased the
perceived reviewerOs hiand vice versalt is interestig to note that perceived

reviewerOs bias was related to review accuracy stmegly than to the review
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quality and helpfulnessThe first study suggested thaters tend to use similar
interface signals in their perception of the reviewerOs bias and review accuracy and
this suggestionextend to the results of thisstudy, which reveal a significant
relationship between the perceived reviewerOs bias and reciesacy.

These results contraditite results of the firsttady (chapter 3, section 3.3.4)
because hey suggest that the perceived reviewerOs expertise and bigtaygan
significant rolesin the perception of the helpfulness and accuraicyeviews. A
possible explanatiorfor the contradiairy results could be related to the designs of
studies 1 and 2. In study the review quality was manipulated into high and low
categoriesitherefore, high and low perceived review quabiypearedo be most
importantin the perception othe helpfulness and accuracy of reviews. In study 2
however, the review quality was controlled. In this case, the reviewerOs expertise and
bias seemed to have significardgles in the perceivedreview helpfulness and
accuracy. This implies that user perceptisrof helpfulness and accuracy are first
influenced by the perceived review qualitgnd then by the perceived reviewerOs

expertise and bias.
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All the factorsof the perceivedirustworthiness of theeview andthe reviewer
were significantly related to trust in online reviewgarticipantsO trust in online
reviews vas related totheir perception of therustworthiness of theeview, i.e.
perceived review qualityr{= 0.501,p < 0.00J), helpfulnessris="0.563,p < 0.007),
and accuracy r{ = 0392, p < 0.00), and alsoto their perception of the

trustworthiness of theeviewer i.e. perceived reviewerOs expertisg=(0.430,p <
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0.00) and bias ;= "0.195, p < 0.00]). However, it is important to note that
participantsO trust in the reviews was nstnenglyrelated to factors of theerceived
trustworthiness of theeview thanto factors of theperceivedtrustworthiness of the
reviewer. This means that tiperceivedirustworthiness of theeview seemed to be
more important irtrust than theperceivedtrustworthiness of theeviewer. Of the
three factors of the perceivedtrustworthiness of theeview, the perceived review
quality and helpfulnesstronglyrelated totrust Of the twofactorsof the perceived
trustworthiness of the revieweperceived reviewerOs expertise was the most related
to trust. The perceived reviewcauracy and reviewerQOs bias were the least related to
trust possibly because these factwmse beelifficult for participantsto judge.

All the factorsof the perceivedirustworthiness of theeview andthe reviewer
were significantly related to purclesntention participants were more willing to
make a purchase decision when the review and reviewer peneeived as
trustworthy. However, these relationships were weaker than the relationships with
trust. This could mean that thelationshipof the perceivedtrustworthiness of the
review and revieweandpurchase intention are mediated by trust in the reuitgh
perceivedreviewO and reviewerfsstworthinesscan lead to higher trust in the

review, which in turn leads to higher purchase intention (.292,p < 0.00J).
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This study contributed to the PhD research in several ways. It first investigated
the effects ofreview valence, which was not considered in the first s{iRiy-1)
(objective 2). This finding contributes to the debate on the effects of review valence
on trust the findings support previous work by Kobayashi et al. (2015) while

contradicing work by Riasanow et al. (2015)he findingssuggest that users tend to

134



havetrustin positive reviews more thaim negative reviewsand thatusers do not
perceive positive reviews as potentially ssdfving.

This study also investigatéa@o new reviewrelated signalthat were suggested
to be important in trust by the first studyommunity opinions about the review and
usergenerated photoRQ-1) (objective 1).Community opinions ahd the review
are shown to be relevant especiallyregarding theperceived helpfulres of the
review. The findings suggest that as community positive opinions about the review
increase, the perceived helpfulness of the review also increases. In contrast,
community negative opions about the review decredbe perceived helpfulness of
the review.However,the findings on community opinionsare surprising especially
becausecommunity opinionshad only one effect in this studwhile community
opinionwas showrto bethe most important reviewelatedsignalin trust in study 1.
This couldbe because review valence was not included in the first studwdsit
included in this studyReview valence could ba more powerful indicator of the
perception of trustworthiness and trust than community opinions. But when the
review valence is controlie the community opinions become very important in the
perception of trustworthiness and trust.

In regard tausergenerategbhotos, hisis the firststudyto investigatehow user
trust in online reviews can be influenced ttwe presence of a photo alongside the
review (RQ-1) (objectivel). Overall, the findings suggest that the presence of a
photo can negativelynfluencethe perception of thieustworthiness of theeview and
the reviewer. One could argue thahis finding is surprising especiallybecause
photos can provide additional information about the reviewed services and therefore
could increasehe perceived trustworthiness of the review #melreviewer There

are two possible explanations of the negative effe€tphmto presence. First,
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participants might have perceived photosaasieansof manipulaing their trust.
Previous work (Riegelsberger et al., 2002) investgathe effects of photos,
particularly photos of staff, on user trust in online vendas suggsted that photos
can decrease trust atlierecould be a similar pattern regarding the effectusker
generatedphotos ontrust in online reviewsThe second explanation relates to the
study setting and the photos used in the study. Participants might have perceived the
positive photos, particularly the positiieod photg as not appealing and this could
haveled to negative effect§ he positive dod photo that was used in the study had a
mean ratingof 3.18 (on a point Likert scale) in the preest (discussed in section
4.2.1.1). This means that tipesitive food photo might nohavebeen perceived as
positive in the main studyThus, the presee of food photos, both positive and
negativemight have led t@ decreas inthe perceivedrustworthiness of theeview
andthereviewer

This study extendgrevious work (e.g. Lee et al., 2008; Liu et al., 2008;
Connors et al., 2011; Ku et al., 2018yestigaing the factors that can influence user
trust in online reviews when making purchase decisionthree waysFirst, this
study clarified the interplay between the factofghe perceivedtrustworthiness of
the review andthe reviewer.Perceivedreview quality and helpfulness seem to be
most related to thperceivedreviewerOs expertieerceived review accuracy seems
to be most related to the perceived reviewerOs bias. Séattods of theperceived
trustworthiness of theeview, particularly perceivedreview quality and helpfulness
seem to be the most important trust Third, the findings also suggest that the
perceivedrustworthiness oboth the review andthe reviewerare related to thaser

purchase intention. However, thastationshps might bebe mediated by trust in the
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review, implying that theperceivedrustworthiness ofeview and reviewer influence
the trust in the review, which in turn influences the purchase intention.

It is worth noting that grticipantsin this study intereted with only one review
and this represents a limitation of this stulgrticipantsO interaction with one review
may be somewhat unrealistic given that users in realnifgy read several reviews
and the impact ofa positive review could be reduced by several other negative
reviews while the impact ofa negative reviewcould be reduced by severpbsitive
reviews.Thus, lurther workis neecdto takeinto accounthe quantity of reviewand
investigate its effeston trustin online reviews.

Finally, the findings of this study showhat users@ust in online reviews when
making purchase decisiorare related to their owibackgroundin the form of
dispositional trust and past experier(€&-2) (objective 3).Particpants withhigh
dispositional trusperceived the reviews as higher quathgan participants with low
dispositional trusand participans with positive past experiensavere more willing
to make purchase decisions based on the reutgavsparticipants with negative past
experience Previous work by McKnight et al. (2082) and Pavlou and Gefen
(2004) has suggested tldaspositional trust and past experiemas affectusertrust

in online vendorsand thiswas extendetb the contekof online reviews.
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Study 3extendedhe previous studies by investigating tioéesof new factors
in user trust in online reviews when making purchase decigidmeactive?). Study 1
suggested thdhe perceivedsimilarity of thereviewerto the usemightincreaseuser
trust in revieve. This supportsprevious work (e.g. Goldbeck, 2009) whichsshown
that similarity in demographics and tastan increasetrust in recommendations
However,no research has been donetla role ofpersonality similarityin trustin
online reviews The perception of personality similarityan influence realife
relationships such as friendship thaight include trust (Selfhout et al., 2009). Thus,
it is possible thatthe perceived personality similarityould alsomatter online,
particularlyin user trust in online reviews.

The perception bthe reviewerOs personality has bsleownto berelevantto
the persuasiveness of threviewerin the catext of online movie reviewdn this
respect, Mohammadi et al. (2013) suggedtthat the perceived reviewerQOs
conscientiousness, neuroticisagreeblenessand openness are significantly related
to the reviewerOs persuasion. The perceived reviewerQOs extraversion is suggested to
be the least relatdd persuasion.

Taken together, previous worindicates that the perceivedreviewerOs
personalityand personality similarity to the usenight be important regarding user
trust in online reviewsThus in an attempt to broaden the understandhgvhat

leads users to trust online revewhen making purchase decisiorbis study
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investigatedhow these faors are relatedhe useOstrust in online reviewsand
purchase intentian

To better understand the roletbé perception gbersonality in trust, this study
exploredthe relationship between the perception of personality and interface signals
(objective 1). To do so, it explordtie interface signals that users empioytheir
perception of each of the reviewerQOs personality traits.

Finally, just as dispositional trust and past experienaee been shown to
influence user trust in online vendo(McKnight et al., 2002y Paviou & Gefen,
2004), the userOs own personality dlasbeen showro berelevant (Lumsden and
MacKay, 2006). Thus, thisstudy took the user personalityn addition to
dispositional trust and past experienicép accounts part of the userOs background
and investigatedits role in trust and purchasmtention (objective 3).Accordingly,
this study addressed the following research questions:

RQ-1: How does theperceivedreviewe®gpersonalityrelate tousersO trust in

online reviews when making purchase decisibns?

RQ-2: How does a userOs perceptiosiafilarity of a reviewerOs personality

their own relate to usersO trust in online reviews when making purchase

decision&!

RQ-3: How do users employ ietface signals irtheir perception of the

revieweOgpersonality!

RQ-4: How does the userOs backgrouind the form of personality,

dispositional trustand past experienceshape trust in online reviews when

making purchase decisichs

Figure 5.1 provides graphical representation of the investigation of study 3.



Figure 5.1: Overview of study dinvestigating (i) signals that matter in the
perception of personality (ii) how the perceived personality and personality
similarity relate to trust in onlineeviews, trust factors of the review and
reviewer and purchase intention and (iii) the role of the user background
including the user own personality (Note: only objects in black font are
investigated)
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This study aimed to recruit users of the review website Yelp

<www.Yelp.con®. Yelp was chosen because it is one of the most popular review

websites. Participants were recruited by sending the study invitation to City
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University London st as well as students via emailhe study was also advertised
on Yelp, on the public messages page.

A total of 28 Yelp users took part in this study (15 female, 13 male, mean age
of 38.6 years). All paitipants had profile pages on Yelp that showed their personal
information such as profile photo, number of reviews posted on Yelp, and number of
friends as well as showing their posted reviews. Figure 5.2 shows an example of a

profile page on Yelp.

Figure 5.2: Example of Yelp profile page
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This study followed a round robin design approach, which is a common
method in social psychology of investigating interpersonal relationships between

individuals (Selfhout et al., 2009; Selfhout et al., 2010; Barelds & Bakb#|istra,
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2007; Albright et al., 1988). In a round robin study, participants are divided into
groups and within each group a participant serves both as the subject (i.e. rating
others) and as the target (i.e. being rated by others). This means that participants
within each group are required to rate one another. Therefore, each group in a round
robin study must include at least two participants (Lashley & Kenny, 198&his
study,the 28 participants were equally divided into seven groups in which each group
included four participants. An essential condition of the study was the unfamiliarity
of participants with one another within the groups. Thus, participants were allocated
to groups in which the group members were completely unfamiliar with each other,
l.e. z&o acquaintance conditions. This is because familiar participants, such as
friends, could rate each other favourably on personality and trust with no regard to
the information available on the profile pages.

A round robin design was chosen because it &tba naturalistic setting for
this study in which users interacted with each other without any experimental
manipulation. Although experimental studies help to control independent variables,
unlike naturally occurring interactions, the generalizabilitgxperimental studies is
rather limited. Round robin design studies have therefore been suggested to increase
the generalizability of findings (Warner et al., 1979).

This study collected quantitative data in the form of administered
guestionnaires and quiative data in the form of thinking aloud. The questionnaires
captured participantsO background. The questionnaires also captured participantsO
perception of the reviewerOs personatityst factors of the review and reviewer,
trust in reviews, and purele intention based on profile pages. The qualitative data
captured the interface signals from profile pages that were used by participants in

their perception of the reviewerOs personality.
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Two questionnaires weresed in this studybackground questionnairand
perceived personality and trust factogaiestionnaire. The following paragraphs
explain how these questionnaires were designed and also the data collected from each

guestionnaire.
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The background questionnaire captured participants€atetf of dispositional
trust, past experience of using Yelp reviews for assessing vendorsO services, and the
five personality traits (extraversion, conscientiousness, agreeableness, neuroticism,
andopenness to experience) (appendix C.2). The approach to measuring participantsO
dispositional trust and past experience were exactly the same as in the second study
(chapter 4). Dispositional trust was measured based on four dimensions: integrity,
benevoénce, competence, and trusting stance. Each of these dimensions was
measured using-@oint Likert scales and dispositional trust was calculated as the
average value of the dimensionsO ratings. This approach to measuring dispositional
trust was taken direlgtfrom McKnight et al. (2002a). Past experience was measured
by adapting three-point Likert scales from Pavould and Gefen (2004) and then was
calculated as the average value.

The approach to measuring the five personality traits of participants veas tak
directly from previous work (Gosling et al., 2003; Selfhout et al., 2009). Participants
were asked to rate five bipolar items:

¥ Extraversionextravertegdenthusiastio/s. reserved, quiet

¥ Agreeablenesgritical, quarrelsomers. sympathetic, warm
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¥ Consciatiousnessdependable, setlisciplinedvs. disorganized, careless
¥ Neuroticism:anxious, easily upses. calm, emotionally stable
¥ Openness to Experiencepen to new experiences, complsexconventional,
uncreativg
Each of these five bipolar items sveated on -point Likert scales ranging from
1 (extremely like the pair of adjectives on the left) to 7 (extremely like the pair of
adjectives on the rightlUsing these scales meant that the high dimensions of the
traits extraversion, conscientiousnessuroticism and openness to experience were
actually on the low side of the scale while the low dimensions of these traits were on
the high side. Thus, prior to analysing the data, participantsétsels of these
traits were reverse coded. In regarédgpeeableness, the high dimensions were on the
high side of the scale and low dimensions were on the low side of the scale.
Each participant was required to fill in a background questionnaire, resulting in
28 data sets of participantsO-sating of dispsitional trust, past experience, and the
five personality traits, with no missing data. These data were used to investigate how
the userOs background shapes trust in online reviews when making purchase decisions
(RQ-4). Table 5.1 shows the minimum, maximumean, and standard deviation of

participantsO dispositional trust, past experience, and personality traits.
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Minimum Maximum Mean Standard deviation
Dispositional trust| 3.67 6.25 4.99 .65
Past experience | 3.00 6.33 5.11 .89
Extraversion 3.00 7.00 5.18 1.57
Conscientiousnes| 2.00 7.00 5.61 1.42
Agreeableness 1.00 7.00 4.86 1.76
Neuroticism 1.00 6.00 3.32 1.63
Openness 3.00 7.00 6.32 .98

Table 5.1: Descriptive statistics of participants' background (Note: N = 28 for
dispositionakrust, paste experience and all personality traits)
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This questionnaire captured two sets of perceived factors. The first set was the
perceived five personality traits of the reviewer. To measure précipantOs
perception of group members, each participant was required to rate the five
personality traits of the three group members. This questionnaire used the same
personality trait scales as the background questionnaire. Thus, participants®@fratings
extraversion, conscientiousness, neuroticism, and openness were reverse coded
(complete questionnaire shown in appendix C.4).

Each participant in this study was required to rate the three group membersO
five personality traits and there were seven gsdngotal, resulting in 84 data sets of
perceived personality traits (4 participahts3 group members 7 groups). These
data were used to investigate how the user perception of the reviewerOs personality
traits relates to trust in online reviews andghase intention (RQ).

Afterwards, the participant was asked to rate seven factors: perceived quality,
helpfulness, and accuracy of posted reviews, perceived reviewerOs expertise and bias,

trust in the reviews, and purchase intention, goint Likert s@ales. The approaches
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to measuring these factors were exactly the same as for the second study (chapter 4),
following the approaches of previous work and usifgpint Likert scales ranging

from 1 (strongly disagree) to 7 (strongly agree) (Lee et al., 2008t al., 2012;
McKnight et al., 2002a; Sparks & Browning, 2011) (appendix C.4).

Each participant was required to rate these seven factors for every group
member, resulting in 84 data sets for the seven factors (4 participehtgroup
memberd 7 groups). These data were used to address1RQ, and-4. Table 5.2
shows the descriptive statistics of data collected in the perceived personality and trust

factors questionnaire.

Minimum Maximum Mean Standard deviation
Extraversion 1 7 5.05 1.66
Conscientiousness 2 7 4.92 1.52
Agreeableness 1 7 5.05 1.48
Neuroticism 1 7 3.49 1.49
Openness 1 7 5.14 1.68
Quality of reviews 1.50 7.00 5.51 1.19
Helpfulness of reviewy 1 7 5.35 1.43
Accuracy of reviews | 2 7 4.95 1.28
Reviewer bias 1 6 2.56 1.45
Reviewer expertise 1 7 5.19 1.39
Trust in reviews 1.00 7.00 4.93 1.56
Purchase intention 1 7 5.00 1.74

Table 5.2:Descriptive statistics of data collected in the perceived personality and
trust factors questionnaire (Note: N = 84 for all personsaifigs and trust factors)
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Quialitative data were captured from participantsO verbalisations as they were
justifying their ratings of the reviewersO personality traits. These data were video
recorded and all the recordings were transcribed. These data were used to address
RQ-3: OHowdo users employ interface signalstiveir perception of the reviewerQOs

personality?0
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The same procedure was followed for all participants. Each participant attended
a separate individual study session lasting approximately 30 minutesstdhe
sessions took place at City University London Interaction Lab. Prior to collecting
data, the facilitator explained the procedure of the study, the time required to
complete the study, and the data that needed to be provided by participants in the
form of questionnaires and video recordings. The facilitator then obtained
participantsO signed consent to take part in the study (consent form shown in
appendix C.1).

Afterwards, the participant was asked to fill in a background questionnaire.
This questionaire captured participantsO demographics (age and gendegtisgsf
of dispositional trust and past experience, andragligs of five personality traits:
extraversion, conscientiousness, agreeableness, neuroticism, and openness to
experience.

Then the participant was shown Yelp profile pages of the other three group
members. These profile pages were shown one at a time. The participant was first
asked whether she is familiar with the reviewer. This was used as the first filter
question. If the pdicipant answered OyesO, then the participant was asked to indicate

147



the type of familiarity: OfamilyO, Orelationship partnerO, or Osomeone | knowO. If the
participant reported that the reviewer was Osomeone | knowO, she was asked to
describe the extent damiliarity on a 6point Likert scale (1 = far acquaintance, 2 =
acquaintance, 3 = close acquaintance, 4 = friend, 5 = close friend, 6 = best friend).
This scale was taken from Selfhout et al. (2010) (shown in appendix C.3). All
participants reported thtiey were unfamiliar with all others in the same group.

Then, the participant was asked to rate the reviewer on the five personality
traits and then verbally justify the rating of the personality traits based on information
available on the profile pageh@& participant was allowed to access only the main
profile page (i.e. profile overview) but could freely scroll on the page. Finally, the
participant was asked to rate the reviewer on seven factors: perceived quality,
helpfulness, and accuracy of postedeess, perceived reviewerOs expertise and bias,

trust in the reviews, and purchase intention.
LF Rt $HERH;2),) %
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The round robin design meant that the data was collected fpains of
individuals i.e. dyads. Data collected from dyads gaaglude nonrindependence, i.e.
reciprocity within ratings collected from dyadslonindependence oflata has
implications regarding the data analysguiring thatdyads rather than individual
paticipants,be treated as the unit of analysis (Judd, 2000; Lashley & Kenny, 1998).

Thus, prior to analysg the data, lie degree of nofindependencén the data
was investigated. This was doig following the approach ofludd 2000) by

applyingtwo-way mixed intra-class correlation to the ratingsllectedfrom dyads.
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Results of this analysi§able5.3) showed thathe data collected from dyad&l not
include norindependence on any of the perceived personality traits and trust factors.
This means thahe dyads did not rate each other in a similar way on the personality
traits and the trust factor$hese results alloweithdividual responset be usedas

the unit of analysis.

Perceived Intra -class Lower Upper F value Significance
personality traits correlation bound bound
and trust factors
captured from
dyads

Extraversion -.331 -1.067 141 754 .900
Conscientiousness | -.203 -.870 224 .833 .796
Agreeableness .242 -.173 510 1.316 .106
Neuroticism 227 -.198 .500 1.290 124
Openness to new .058 -.461 .392 1.061 394
experience

Quiality of reviews -.037 -.612 331 .964 .565
Perceived helpfulnes{ -.469 -1.284 .053 .684 957
of reviews

Perceived accuracy d -.113 -.718 .279 .899 .686
reviews

Source bias .034 -.498 .376 1.035 .438
Sourceexpertise 122 -.361 433 1.138 .279
Trust in review -.064 -.652 313 941 .609
Purchase intention | -.181 -.834 .238 .848 72

Table 5.3:Noneindependence within dyadslote: *p<.05, **p<.01, ***p<.001,
N=84 for all traits and factors, Number of itefos all traits and factors = 2, 95%
Confidence Interval of lower and upper bound)
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This study collected multiple data points from the same participants. Each
participant rated the personality traits of three groumbess and also rated the three
group members othe sevenfactors perceived quality, helpfulnesand accuracyf
reviews perceived reviewésexpertise and biadrust in reviews and purchase

14¢



intention. This means that the collected data represemii#ghle observations nested
within individualks, i.e. nonindependent observation&nders & Tofighi, 2007)

Enders and Tofighi (2007) and Judd (2000) suggest thatindependent
observations can cause between participant varientiee datawhich canleadto

invalid results when applying standard statistical tests that assume the independence
of the observations.

Between participants variance refers to the differebedween participants in
their tendencies in rating the dependent variable(s). A hypcdhetxample of
between participantsO variance is as fall@uppose that participand and B are
required to ratehreegroup members on trust. Participant A may have a tendency to
rate others high on trust. Thus, participant AOs ratings of her gronipense on a-7
point Likert scale, range from to 6 (group member 1 given a rating of 4, group
member 2 givera rating of 5andgroup member 3 givea rating of6). In contrast,
participant B might have a tendency to rate others low on trust. So hgsratithe
same group members as participant A range feaim 4 (group member 1 given a
rating of 2, group member 2 givenrating of3, and group member 3 givenrating
of 4). This difference, referred @sbetween participastvariancecan lead to inalid
resultswhen applyingstandardstatisticaltess because most standard statistical tests
assume independence of observatiangl therefore do noaccount for between
participants variance

To address théetween participant variancperson mean centag, which is
also referred to as perstgvel centering,must be applied to each participantOs
ratings (Enders & Tofighi, 2007)Person mean centering involves two steps. First,
the mean value of each participantOs ratings is calculated. Then, the individual ratings

of the same participant are subtracted from the meahre Table5.4 shows ratings
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of participants A and Bof the hypothetical exampldjefore and after person mean

centering.
Participant A Participant A Participant B Participant B
ratings before ratings after ratings before ratings after
centering centering centering centering
Group member 1| 4 -1 2 -1
Group member 2| 5 0 3 0
Group member 3| 6 +1 4 +1

Table 5.4:Example of person mean centering

As shown inTable 5.4, the person mean centering removed the variance
between participants A and B. Indeed, ratings of participants A and B became
mediatedaround zero despite their different tendencies.

In regard to the data collectedtims study, person mean centering was applied
to participantsO ratings of their group membersQO personalitetzsevenfactors.

This removedhe between participantsO variandhéncollectediata.

1#$),%08+: %" (SHER(+1-("#-1#", %0&(09(, #(-#2 Yo +08&) $Y0) BE (. +#-(,-.+, (%&(
0&$Y&H(-H2Yo#3+(3:H&(T)>%&' (.- 1:)+H(* 1Yo+ BGH (T1U

RQ-1 was addressed by applyitmvariate Spearma®s rhaorrelationto the
person meancentred data collected from the personality artcdust factors
questionnaireThe analysis investigated the relationship between participantsO ratings
of the reviewerOs personality traitsd their ratings ofthe seven factorgerceived
quality, helpfulnessand accuracy of reviews, perceived reviewerOs expertise and
bias, trust in online reviewand purchase intention. This analysis involved 84 sets of
data.

The ronparametric Spearman@errelation was chosen instead dfe
parametric Pearsooorrelationbecausesome ofthe data ofperceived personality

traits andthe severiactors were not normally distributed and therefore these data did
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not meet the normal distribution assumption associatedtigtRearson correlation.

The distribution ofdata of perceed personalitytraits and the seven factorsvas
testedby applyingthe ShapirdWilk test Shapir@wilk tests the null hypothesis that

the dependent variables are not normally distributed and therefore significant results
indicate nomormality of data ditribution. This test was appd to dataof perceived
personality andhe severfactorsafter persormean centeringhe data. Te results
showed that data on participantsO perception of the reviewerOs personality traits
conscientiousness and agreeablenesse not normally distributed. Also, data on
participantsO perception of three factors, helpfulness of reviews, reviewerOs bias, and
purchase intention, were not normally distributed. Table 5.5 shows the results of the

distribution test.

Perceivedpersonality traits Statistic Significance
and trust factors
Perceived extraversion 0.977 0.139
Perceived conscientiousnesy 0.967 0.028*
Perceived agreeableness 0.960 0.010*
Perceived neuroticism 0.977 0.142
Perceived openness 0.974 0.088
Perceived reviewsO quality | 0.983 0.342
Perceived reviewsO 0.939 0.001**
helpfulness
Perceived reviewsO accurac| 0.974 0.097
Perceived reviewer bias 0.962 0.015*
Perceived reviewer expertise 0.973 0.075
Trust in reviews 0.983 0.370
Purchaséntention 0.965 0.022*

Table 5.5:Results of normal distribution test of data of perceived reviewer
personality traits and perceived trust factors (Note df = 84 for all perceived
personality traits and trust factors; *p<.05, **p<.01, **p<.001)
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In orde to address RQ, the reviewersO perceived personality similavig
first measured. The approatthmeasuring thgerceived personality similaritiesas
taken directly from Selfhout et al. (2009he absolute differencevas calculated
between the participantOs salings of personality traits (captured in the background
quesionnaire) and the participantOs ratingsgafup members@ersonality trai
(captured in the personality and trust factor questionnagsilting in84 datasets
Table5.6 shows theminimum, maximum, mearand standard deviation perceived

similarity in personalitytraits

Minimum Maximum Mean Standard

deviation
Extraversion 0.00 5.00 1.56 1.46
Conscientiousness 0.00 5.00 1.62 1.41
Agreeableness 0.00 4.00 1.50 1.25
Neuroticism 0.00 6.00 1.71 1.38
Openness 0.00 5.00 1.42 1.59

Table 5.6:Descriptive statistics of perceived similarity in personality traits (Note:
N=84 for perceived similarity in all personality traits)

Data on perceived similarity in personality traits weperson mearcentered
prior to condudnhg the analysis in order to remove the between particspeaniance
Then,bivariate Spearma®sho correlation was applied to investigake relationship
between the perceived similarities in personality traits with participantsO ratings of
the seven factorqerceived quality, helpfulnesand accuracy of reviews, perceived
reviewerOs expertise and bi@sst in reviews and purchase intentiofthese were
captured in the perceived personality and trust factors questionnaire and involved 84
sets of data)The ronparametric Spearmatorrelationwas applied instead dhe
parametric Pearsarorrelationbecause ofhe nonrnormal distribution of some dhe

dataon participantsO ratings of some factgt®ownpreviouslyin Table5.5).
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RQ-4 was also addressed by applyibiyariate Spearma®s rhaorrelation.
However, prior to datanalysis the average values efich participant@atings ofthe
sevenfactors werefirst calculated. This is because each participant réteee
reviewers orthe seven factor¢84 datasets in totgl while each participant had only
one rating ofpersonality traitsgdispositional trusandpast experiete (28 dataets in
total). Then, Spearmancorrelation was applied to investigathe way that
participants® background related to ttaierageratings of perceived quality,
helpfulness and accuracy of reviews, perceived reviewerOs expertise anttusias,
in reviews and purchase intentioff his analysis involved 28 sets of dathe ron-
parametric Spearmarcorrelation was again applied because of nenormal
distribution of participantsO past experiences, extraversion, conscientiousness,
agreeablenesand neuroticismandnon-normal distribution of participants®erage
ratings of the quality antelpfulness of reviewéTable5.7) as determined using the

Shapird@wilk test
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Statistic Significance
Dispositional trust 0.988 0.980
Pastexperience 0.917 0.029*
Extraversion 0.840 0.001**
Conscientiousness 0.854 0.001**
Agreeableness 0.906 0.015*
Neuroticism 0.905 0.015*
Openness 0.690 0.000***
Quality 0.889 0.006**
Helpfulness 0.845 0.001**
Accuracy 0.977 0.784
Bias 0.965 0.460
Expertise 0.933 0.074
Trust 0.934 0.077
Purchase 0.966 0.480

Table 5.7: Results oihormal distribution test of participants’' background and their
average ratings of trust factors (Note: df = 28 for participantsO dispositional trust, past
experience, pspnality traits, average ratings of perceived trust factors, average
ratings of trust in reviews and purchase intention, *p<.05, **p<.01, **p<.001)
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The qualitative dataollected from participantsO verbalisation was brdkem
into units of analysis. Each unit referred to a single justificatlwat included
connection between one or more personality traits and one or more interface signals.
This means that defining the unit of analysis required examining participantsO
verbalisations and identifying the justificatiook perceived personality traits based
on interface signalsThis way of breaking down the data resulted2ii8 units of
analysis across all participants.

Figure 5.3 provides examples of two units of analysis that were obtained from
one participarsverbalisation abouthe personality traits of group member. As

shown inFigure 5.3, the first unit of analysis referred to participant 4 justifying her
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perception of paicipant 140s extraversion based on the membership level (OeliteO)
and also based on the reviewer use of exclamation marks. This means the first unit of
analysis included judgement of extraversion based on two interface signals
membership level and examation marks. The second unit of analysis refers to
participant 4 justifying her perception péarticipant 14asbeing dependable based on

the high number of reviews posted by the reviewer. Thus, the second unit of analysis
includes a connectip between oa personality trajtconscientiousnesswith one

interface signalthe high number of reviews posted by the reviewer.

P4 justifying extraversion and conscientiousness 1dr P

"Well | see she is a

as well which again is very helpful for me, y

S
| would say she i{j e on 3, | think there is a tendency but nothi
strong to suggest that. She ﬁives information that will be pretty handy for p

so much appreated. She h ;]

Figure 5.3: Example of two units of analysis (Note: blue refers to interface si
and green refers to personality traits)

Two coding schemes were developed to analyse the qualitative data and
determinehow thepercepton of personality traits related interface signaléRQ-3).
The first coding scheme was developed to capture participantsO verbalisations that
included personality traitsso this scheme included codes taken directly from
previous measures of panality (Gosling et al., 2003; Selfhout et al., 2009). For
example, the codes OextravertedO and OenthusiasticO were used to capture the
participantOs perception of thigh dimensiorof extraversionln contrast, the codes
OquietO ar@eserve®were usedo capture participantOs perception of the reviewer

being low on extraversiorm &ble5.8).
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Personality trait

Dimension

Example

High: extraverted,
enthusiastic

P7: | think she iextravertedand superenthusiastic|
Eshe is using a lot of exclamation marks

Extraversion

Low: quiet,
reserved

P23: | say she igjuiet and reservedbecause sh
doesnOt have a picture

High: dependable,
self-discipline

P19: Dependabledefinitely and seltdisciplined
because again she writes well, there is attentio
details

Conscientiousnes

Low: careless,
disorganized

P24: | think she would be more likecarelessperson
and disorganize& looking her photo she is quitg
young

Agreeableness

High: warm, P26: Definitelywarm andsympathetidbecause she i
sympathetic saying she "loves”
Low: critical, P19: | think she could beritical .

quarrelsome

High: anxious,
easily upset

P12: | wouldnOt say hedaxiousdefinitely and he is
noteasily upseto ...

Neuroticism

Low: emotionally
stable, calm

P6: | would say he ismotionally stablendcalm

Openness to new

High: open to new
experience,
complex

P16: | think she is probablypen to new experience
andcomplex

experience

Low: uncreative,
conventional

P16: | think she is probably mocenventional

Table 5.8:Personality traits code set

The second coding scheme vaEvelopedo capture participantsO verbalisation
that included interface signal3his coding scheme was developed basedhen
information available on the review@sprofile page thatwas mentioned by
participants when judging the revieWaspersonality traits.This coding scheme
included 19 codes in totalTéble 5.9). The codes were then assigned to their
respective types.d example, Osmiley face shotO and Oyoung ageO were assigned to
revieweDsdentity, while Opositive wordsO and Onegative wordsO were assigned to
review valence. fie types of codes were then assigned to two broad categories:

reviewrelatedand reviewerelated.



Applying the coding schemes shown Tiables5.8 and 5.9 did not require
interpretationbecausehey were based on identifying keyword$ws, no reliability
check was conducted@he two coding schemes were applied to the units of analysis
simultaneosly in orderto capture the connections between the perdygrisdits and
theinterface signals. This means thiztthe analysis investigated the-cocurrences
of codes fromTable5.8 with codes fromTable5.9. If the same code was mentioned

more tharoncein a unit of analysisonly the firstoccurrencevas coded.
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Category Type Code Example
Profile photo absence| P23: | say she is quiet and resery
becauseshe doesnOt have a picture
Smiley face shot P2: you can see by thamile in the photg
she has an extraverted
Identity Young age P1: she is quitgoungcomparing to me
B Old age P2: its because of the age, older ones
= on the dependable side
g Level of High number of P15: she hamany reviews
2 Contribution reviews
(O]
4

Level of High number of P5: so too many friends and he has o
Community friends been there for a short time and he
Relationships written 40 reviews

Community Elite P5: she has beastite for this year
Standing

Review-related

Type of services

Nightlife service

P13: he is kind of the person who is in 1
club

Food service

P20: the wholdood markebit is just a bit
too muchE he comes across quite

Area P10: she is inSoh& so itOs abusy
interesting area
Location of
services City P2: So IOm looking at the address of
places, one is iRortugalhere
Positive words P11: Just saying the worddovely',
"delicious, "greatatmosphere”
Negative words P20: There are many negative words h
Valence using he saydisappointing
1 star rating P11: She has given quite femand 2 stars
2 star rating rating s
3 star rating P9: he gives it3 starsits ok. So he is
critical
. Presencef P7: she is usingxclamation marks
Orthographic ;
exclamation marks
features

Level of detail

Detailed information

P14: | think she is dependable beca
there islots of details

Lack of details

P28: I0m afraid he is a bit careless&
detail

Table 5.9:Interfacesignals code set
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Previous work by Mohammadit al. (2013) has suggested that the perception
of the reviewerOs personalitgn relate to the reviewerQeersuasivenesm the
context of online movie reviews. In this respect, the perceived reviewerOs personality
traitsof conscientiousness, agreeaiglss, neuroticisprand opennesare suggested to
be important. This study investigatéte way that the perception of the reviewerOs
personality traits can relate to user trust in online reviews when purchasing services
such agrom hotels and restaurants.

While participantsO perceptionaif the personality traits of reviewesgeemed
to matter intheir responsesthe perceivedpersonalitytraits seemed toary in
importance The level of importance of thgerceivedreviewerQOs personality traits is
repored based on the numbesf significant correlations of each perceived
personality trait withperceivedfactors of thetrustworthiness of theeview and
reviewer as well as with trust in the reviews and purchase intention. The level of
importance is also reportdzased on the strength of teggnificantcorrelationsi.e.
Spearman rho®@svalues
The perceived personality trait that seemgrtatter the mosbased orparticipantsO
responses was conscientiousnd3atticipant®perception of this personality trait
related to their trust in the reviewheir purchase intentigrandtheir perception of
the trustworthiness of theeviewers andhe reviews.It seems thaparticipants had
more trust in the reviews = .498,p < 0.000) and also were more willing to make

purchase decisions based on the reviews (440,p < 0.000) wherthey perceived
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high reviewerOs conscientiousness (Table 5.10)e perceived reviewerOs
conscientiousness also seemed to relate to the perceived trustworthiness of the
reviewer, particularly, the reviewerOs expertise. Participants in this study reported
higher reviewerOs expertise when the reviewer was perceiveghlyscoinscientious

(i.e. dependable and selisciplined) (s= .455,p < 0.000). Furthermore, the results
showed that the reviewerOs perceived conscientiousness and the perceived
trustworthiness of the review were related. ParticipantsO responses dutjgaste
they perceived the reviews being higher quality=(.221,p = 0.043) and more
helpful s = .342, p = 0.001) when the reviewer was perceived as highly

conscientious.

ReviewerOs perceived personality traits
Extraversion Conscientiousness | Agreedbleness | Neuroticism Openness
Quality -0.018 0.221* 0.291** -0.280** 0.142
@ (0.874) (0.043) (0.007) (0.009) (0.196)
()
2 £ | Helpfulness | -0.023 0.342** 0.033 -0.277* 0.090
z ‘§ (0.838) (0.001) (0.768) (0.011) (0.414)
x =
3 [ Accuracy -0.072 0.198 0.181 -0.147 0.159
= (0.512) (0.070) (0.099) (0.183) (0.148)
o | Bias -0.204 0.101 0.146 0.113 -0.032
5 g (0.063) (0.358) (0.183) (0.306) (0.772)
=
“;’ % Expertise 0.280** 0.455%** 0.090 -0.115 0.248*
g2 (0.010) (0.000) (0.415) (0.296) (0.023)
>
Trust 0.132 0.498*** 0.124 -0.401*** 0.226*
GE) (0.230) (0.000) (0.259) (0.000) (0.039)
o
§ Purchase 0.082 0.440*** 0.115 -0.342** 0.232*
(0.460) (0.000) (0.294) (0.001) (0.034)

Table 5.10:Correlations between reviewer's perceipedsonality traitsvith trust
factors, trust and purchase intention (Note: correlations are reported in Spearman rho
rs values and significance reported between brackets, *p<.05, **p<.01, **p<.001,
N=84 for all correlations, significant correlaticer® indicated by bold font)

The perceived reviewerOs neuroticism was the second most important
personality trait. This reviewerOs personality trait related to participantsO trust in the
reviews, purchase intention based on the reviews, and perception eof th

trustworthiness of the review. However, in contrast to perceived conscientiousness,
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perceived neuroticism seemed to have a negative role. The perceived reviewerOs high
neuroticism, i.e. anxious and easily upset, was associated with low trust in the
reviews (s=".401,p < 0.000) and low purchase intentian £ ".342,p < 0.000).

This means that participants had less trust in the reviews and were less likely to make
a purchase decision based on reviews when the reviewer was perceived as highly
neurotic.Furthermore, perceived reviewerOs neuroticism was negatively related to the
perceived qualityr¢ = ".280,p = 0.009) and helpfulnesss€ ".277,p = 0.011) of
reviews, suggesting that reviews were seen as being low quality and less helpful
when the revierer was perceived as anxious and easily upset.

Third, perceived reviewerOs openness also seemed to relate to participantsO trust
in the reviews and purchase intention, but to a lesser extent than perceived
conscientiousness and neuroticism. Participangsned to have more trust in the
reviews (s = .226,p = 0.039) and were also more willing to make a purchase based
on the review 1 = .232,p = 0.034) when the reviewer was seen as open to new
experiences. Furthermore, the perceived reviewerOs opennesslates to the
perceived reviewerOs expertise=(.248,p = 0.023), meaning that reviewers who
were perceived as open to new experience were also perceived as having high
expertise. This could be because participants perceived reviewers who are open to
new experience as more willing to try different services and therefore might be more
knowledgeabile.

The perceived reviewerOs agreeableness and extraversion seemed to be the least
important. Each of these perceived personality traits was related to ants&p
perception of one trust factor. Perceived reviewerOs agreeableness related to the
perceived review quality{=.291,p = 0.007), suggesting that participants perceived

reviews as higher quality when the reviewer was seen as warm and sympathetic
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rather than when the reviewer was seen as critical and quarrelsome. In regard to
perceived reviewerOs extraversion, this personality trait was related to the perceived
reviewerOs expertisg € .280,p = 0.010), meaning that reviewers who were seen as
potentially social and outgoing were seen as more knowledgeable regarding services
such as restaurants.

It is worth noting that none of the perceived reviewerOs personality traits related
to perceived raewerOs bias. All correlations between all perceived personality traits
of the reviewer and perceived reviewerOs bias were insignificant. This could be
because the perception of bias is difficult and personality traits of the reviewer might

not be enoughotexplain whether the reviewer is biased.

LFIFRE(;#$,15)",S% 2($-((5%9)(/% <(/=(S$,15%8% $"(%+,(-(/Q)% <(/)15#;$2%
N,D,;#/,$288% $"(% WBEDY (/% .10)$YBYB;,5(% *(+,(-)% " (5% &', 57% <O/="#)(%

>(=,),15) %6\ ¥-2%

The existing literature, particularlyithin the recommender system field
(Goldbeck, 2009Ziegler & Goldbeck, 2007)suggests thathere are significant
relationship between particular forms of similarity, such as similarity@nderand
taste, and trust. However, nothing is known about the relationship between
personality similarity and trust on increasingly popular gssrerated review
systemsThe perception of reviewerOs personality similarity might influence the trust
uses place in online reviews, especially because perdepesonality similarity has
been suggested to influence rbfd relationships that can include trust (Selfhout et
al., 2009).

ParticipantsO  perception of similarity in three personalitgits

conscientiousnesgpennessand agreeablenesseemed tanatter intheir responses
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(Table5.17). Perceived similarity in conscientiousness was negatively related to the
perceived reviewerOs expertise=(" 0.242 p = 0.026 and to trust in the reviewss(
="0.219 p=0.045. These results suggest tiparticipants perceived the reviewer as

of higher expertise and also had more trust in the reviews when the reviewer was
perceived similar in terms of conscientiousn@$gseresults suggestvo points.

the one hand, grticipants whorated themselves ¢iin on conscientiousness (i.e.
dependable and sdtisciplined) perceived the reviewer ad higher expertise and

had more trust when the reviewer vedsoperceived as highly conscientious. On the
other hand, participants who rated themselves low on emigmisness (careless and
disorganised) perceived high reviewerOs expertise and had mone thasteviews

when the reviewer waalsoperceivedas havindow conscientiousness. These results
are interesting because they complement results reported in section 5.3.1. They imply
that high perceived conscientiousness does not alvedgeto high trustand high
perceived reviewerOs expertisew perceived consariousness might alselateto

high trustand high perceived expertisbut only for users who are also low on
conscientiousness.

There were similar patterns regarding the perception of similarity in openness.
Perceived similarity in openness was neg#fivelated to participantsO perception of
reviewerOs expertise € " 0.237 p = 0.030 and perception of reviewsO quality=
"0.24Q0 p = 0.028. When the reviewer was perceived similar in openness,
participants perceived the reviewer as having higregige and the reviews being
higher quality. Once again, these results complement the results reported in section
5.3.1. They imply that high perceived reviewerOs openness does not always lead to

positive consequences. Indeed, low perceived reviewerOsespemight also
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increase the perceived trustworthiness of review and reviewer, but only for users who

rate themselves as low on openness (i.e. conventional users).

Reviewer similarity in personality traits
Extraversion | Conscientiousness | Agreeableness | Neuroticism Openness
Quality -0.053 -0.134 0.311** -0.069 -.240*
2 (0.629) (0.223) (0.004) (0.536) (0.028)
()
2 £ Helpfulness | 0.065 -0.057 0.101 -0.142 -0.078
3 ‘§ 0.560 (0.605) (0.360) (0.196) (0.483)
x =
5 Accuracy 0.105 0.001 0.202 0.091 -0.169
= (0.342) (0.995) (0.066) (0.410) (0.124)
” Bias 0.000 -0.166 -0.161 0.034 -0.054
= qc"j (0.998) (0.131) (0.144) (0.759) (0.627)
2 c
25 Expertise 0.064 -0.242* 0.066 -0.019 -0.237*
&2 (0.566) (0.026) (0.551) (0.863) 0.030
>
° Trust 0.014 -0.219* 0.183 -0.012 -0.213
g (0.896) (0.045) (0.095) (0.913) (0.052)
[&]
8 Purchase 0.005 -0.115 0.270* -0.069 -0.206
(0.961) (0.297) (0.013) 0.530 (0.060)

Table 5.11:Correlations between perceived similarities in personality traits with
trust factors, trust and purchase intention (Note: correlations are reported in
Spearman rhos values and significance reported between brackets, *p<.05, **p<.01,
***pn<.001, N=84 for all correlations, significant correlations are indicated by bold

font)

Unlike the perception of similarity in conscientiousness and openness, the
perception of similarity in agreeableness was positively related to participantsO
responses. Perceived similarity in agreeableness was positively related to the
perceivedquality of reviews is = 0.311,p = 0.004) and to purchase intentiaQ £
270, p = 0.013). At first glance, these results suggest that dissimilarity in
agreeableness might have been associated with high perceived quality of reviews and
high purchase intention, meaning that participants who rated themselves low on
agreeableness (i.eritical and quarrelsome) tended to perceive reviews as high
quality and were more willing to make purchase decisions based on reviews when the
reviewer was perceived as having high agreeableness (i.e. warm and sympathetic). In
contrast, participants whoteml themselves high on agreeableness tended to perceive

reviews as high quality and were more willing to make a purchase decision based on
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reviews when the reviewer was perceived as having low agreeableness. However, this
interpretation contradicts resulteported in section 5.3.1 which suggest that high
perceived agreeableness was related to high perceived trustworthiness of reviews.
Thus, an explanation could be drawn based on results related to both the perceived
agreeableness and perceived similarityagreeableness. It is possible that high
perceived agreeableness led to the reviews being perceived as higher quality and also
to higher purchase intention even by users who rated themselves low on
agreeableness (i.e. dissimilar users in terms of ageyessd).

Taken together, the results show that the perceived reviewerOs similarity in
personality traits did not seem to greatly matter in trust compared to the perceived
reviewerOs personality traits. Perhaps determining personality similarity based on
information on profile pages is not easy, unlike similarity in demographics and taste,
which have been suggested to strongly influence trust (e.g. Ziegler & Goldbeck,
2007). Future work is warranted to further explore the role of perceived reviewerOs

persondty similarity in trust.
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Previous work (e.g. Goldbeck et al., 2011; Back, 2010; Gao, 2013) has shown
that information available on the user profile page on social neitvgpsites such as
Facebook can be used in predicting the userOs personality. For example, the userOs
level of extraversion seems to be related to the number of friends: extraverted users
tend to have a high number of friends. The userOs level of opebnesst
experiences seems to relate to interests and hobbies listed on the profile page: users

open to experiences tend to have a wide range of hobbies and interests. Despite these
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findings, nothing is known about how users perceive personality based on
information available on profile pages on ugenerated review systems such as
Yelp. Thus, this study investigated how participants perceived the reviewerQOs
personality traits based on interface signals from profile pages. Table 5.12 shows the
number of partipants who mentioned a relationship between interface signals and
perceived personality traits.

All participants justified at least one personality trait through an interface
signal. There were substantial differences in how participants perceived figrsona
traits. For example, participant 11 used only two types of interface signals in her
perception of reviewerOs personality, whereas participant 5 used seven types of
signals. This means that participants relied to different extents on interface signals
their perception of personality. However, there were some strong patterns, for
example, half of the participants (14 out of 28 participants) used positive words in
their perception of agreeableness.

As shown in Table 5.12, there were two broad categooi signals in this
study: reviewrelated and revieweelated. It seems that that revieglated signals
from the profile pages were more frequently used than revielaed signals in the
perception of personality traits. For example, 14 participarestioned a signal that
related to reviews whereas only four participants used revieaged signals to

assess the personality trait agreeableness.



Signal Signal
Categories Types Signals E c A N o
Profile photo absence 4 0 0 0 0
) Smiling in profile photo 5 0 4 4 0
Identity
o Young age 1 3 0 1 2
[0]
o] Old age 1 1 0 1 0
§ Level of
¢ contribution High number of reviews 4 3 0 0 3
g
3 Level of
Community High number of friends 2 2 0 0 0
Relationships
Community .
Standing Elite 2 3 0 0 1
Nightlife 6 0 0 2 5
Type of Food 2 0 0 0 2
service Sports & Leisure 0 2 0 0 5
service
Service Area 0 0 0 0 2
location City 0 0 0 0 2
°
£ Positive words 9 0 14 7 0
“E’ Negative words 0 0 4 9 0
2 Valence 1 starrating 0 0 4 0 0
[0
o 2 star rating 0 0 5 0 0
3 star rating 0 0 5 0 0
Orthographic .
features Exclamation marks 6 0 0 0 0
| Detailed information 3 7 0 0 1
Level of detall
Lack of details 2 5 0 0 2

Table 5.12:Number of participants mentionimgterface signals in assessing
Extraversion (E), Conscientiousness (C), Agreeableness (A), Neuroticism (N) and
Openness to experience (O) personality traits

The analysis then investigated the way that participants used the types Isf signa
in their perceptionof personality. Figures.4 shows the strength of relationships
between the signal types and personality traits. Interesting patterns were observed in
this analysis. First, some types of signals were unique in helping participdnésrin
perception ofa particular personality trait. For example, the location of the reviewed
serviceswas used only in theperceptionof the reviewerOs openness to experience.
Second, some types of signals seemedntiter in the perceptiomf multiple

personality traitsFor instanceidentity signals were used by participants in assessing
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all five personality traits. The third and fourth pattenmgolve thestrength of the
relationships between each type of signal and personality traits. For exagpdds si
related to review valence were used by 18 participants to judge agreeableness whereas
only nine participants used valence signals in assessing neuroticism. This suggests
that valence signals weraore important inthe perception oagreeableness tham

the perception ofieuroticism.

The results showed that five types of signals played important roles in the
perceptionof personality. These types, in order of importafrcen most to least
werereview valenceused by 21 participas across a range of personality traiyge
of servicesused by 14 participantspvieweOsidentity, used by 13 participants;
review detail used by nice participants; arathographic featuresused by six

participants The following paragraphs dedwgithe way participants used these types

Identity
Level of
contribution

Community
relationships

Reviewerrelated

Community
standing

Type of
services

Location of
services

Valence

Reviewrelated

Orthographic
features

Level of
details

Figure 5.4: Heat map indicating strength of relationship between type
signals and personality traits. Red indicates a strong whereas white ir
a weak relationship. Strength of relationship is calculagesgd on numbe
of participants who have used a signal type to justify a personality t
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of signals in the assessment of personality.

?26'28%>.2,42%

The valence of theeview can be expressed by the use of positive and negative
words and the use of these words might give a clue to a user as to where on the scale
of a personality trait a reviewer is. Thube analysisnvestigated how frequently
participants mentionedalence signals at the low end and at the high end of a
personality trait.

The results showed that participants associated positive words in a review with
high extraversion and high agreeableness but low neuroticism. Nine participants
mentioned that positer words led them to perceive reviewers as extraverted and
enthusiastic. Similarly, 14 participants mentioned that positive words led them to

perceive reviewers as warm and sympathetic. For example:

P7: A think she is number 1 here extraverted and supghusiastic even
though her review is quite short she is using a lot of exclamation marks and using

words like OloveO , sharing with friends .

P12: CShe is very warm and sympathic | will give her a 7 because she is using
very strong words like OloveO &@reQdefinitely go there againO , maybe because she

is happy about the restaurant but she only talks about positivesO

In contrast to positive words, negative words were less frequently used by
participants injudging personality andusednot at all forperceiving extraversion
(Figureb5.5). It seemed that participants used negative worggentceivereviewers on

the low sideof the agreeableness but the high safehe neuroticism. For example,
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nine participants mentioned that the use of negative words led them to perceive the

reviewer as highly neurotic (i.e. anxious and easily upset):

P16: A think she has a tendency to be upset and voice her opinion bestaais
says@isappointin@experiences she mention&he has a calm in her but not that

calmO

Figure 5.5: Positivewords (green bars) used in the perception of high
agreeableness and low neuroticism, negative words (red bars) used in the
perception of low agreeableness but high neuroticism

N5)2%1(246'4 2%

The type of services reviewed was the second most important signal tyyee in
perception ofthe reviewe®spersonality. Participants used type of services in their
perceptionof two personality traits: extraversicaand openness to experience. Six
participants mentioned nightlife servicesd. nightclub, bar, gig) when discussing
thar perception of theeviewer asextraverted and enthusiastic. A similar pattern was
observed in regard to openness to experiefiee participants mentioned nightlife

service in relation tthe revieweibeing highly open to new experience.
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In contrast to nightlife services, fomkrvices (e.g. market, supermarket) led
two participants to perceive the reviewer as low on extraversion and openness to

experience. For example:

P13:0l think he is 2 becaudae is kind of the person who is in the club so he

might be really extravertO

P15: OHe is orb more quiet reserved because he didnOt like the look of the
night club so he appeared to like more like quiet places like a m&kek got the

feeling he didnOt like the initial impression of the flace

?26'282/~(62,+'+5%06

Signals that reited to reviewdbsidentity were used by participants in ithe
perceptiorof all the personality traits of the reviewer. However, identity signals were
most important in theperception of two particular traits: extraversion and
neuroticism. The profilgphoto of the reviewerseemed to communicate a lot of
information abouthe reviewe®sdentity, including facialexpressions, agand the
presence of a photo in the first place.

A profile photo that showed a smiling reviewer was used by participants to
perceive the revieweras being highly extraverted but low on neuroticism. Five
participants interpreted smiling profile photo as evidencef the reviewer being
extraverted and enthusiastic (i.e. high extraversion) and four participants interpreted
the sare signals as evidence for the reviewer being emotionally stable and @lm (i.
low neuroticism). For example:

P28:0Completely enthusiastic and extraverted, itOs the face in the profile
picture, the openness of her snilie honesty the review is full ofeggy and she had

awonderful time&
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P23: OHe seems calmE He is smiling in the photo which is gaad itOs the
arms make him look reserved but only slightlyQsl a nice picture he looks tgui

relaxed in the pictur®

The profile photoalso indicatedhe perceived ag®f the reviewer Perceived
young age seemed to increase the perception of high extraversion but also high
neuroticism. This means that participants in this study perceived young reviewers to
be outgoing but also easily upset. In contrastcgieed old age seemed to hahe
opposite effegtleading participants to perceive the reviewaslow on extraversion
and low on neuroticism.

The absence of a profile photo on the other hand seemed to trigger the
perception of the reviewer being quetd reserved (low extraversignyhich was
observed infour participantsO responses. Often, participants seemed to consider the
lack of a profile photo as a sign of the reviewer's unwillingness to reveal personal

information and therefore to be potentiajlyiet and reserved
?26'28%2+-'%

The level of detail in the reviews seemed to be particularly important in
participants@erceptionof reviewefsonscientiousness. This was observed in seven
participantsO respons@s which they mentioned that detailethformation in the
review led them to perceive the reviewasbeing dependable and selciplined
(i.e. high conscientiousnes$)ack of details had an opposite effect. Five participants
mentioned that the lack of details led them to percthegeviewer as careless and

disorganized:
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P19: CDependable definitely and selisciplined because again she writes well,
there is attention to detajls| donOt associate this kind of things to

careless/disorganised pers@n

P28:010m afraid he is a bit careléssre is no information about the food there

is no colour no detailsO
O/+:*B/-):'4%2-+0/2%

Orthographic features, such as exclamation marks, seemed to have a unique role
in participantsOperception of personality traits. Six participants mentioned
exclamation marks in their assessment of only one personality trait: extraversion. In
these instances, the presence of exclamation marks led participants to perceive the
reviewer as being extraverted and enthusiastic (i.e. high on extraversion). These
participarisO responses suggested that highly extraverted individuals tend to use

exclamation marks when posting ugenerated content. For example:

P7: A think she is number 1 here extraverted and super enthusiastic even
though her review is quite short she is using a lot of exclamamharks and using

words like Olove@sharing with friendsOO
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The userOsam personality has been shown to influence the trust thesea
places in online vendors (Lonsden & MacKay, 2006) and recommender system
(Goldbeck & Norris, 2013). Nevertheless, it is unknown how the userOs own
personality shapes trust in online reviemsen making purchase decisions.
Furthermore, the user@spositional trust and past experience have been stmwn
influencetrustin online vendorsand purchasedecision(McKnight et al., 2002,
Pavlou & Gefen, 2004and therefore their effects can exd to user trust in online
reviews when making purchase decissomiccordingly, this study investigated the
potential ple of participantsO backgroumacluding personality,dispositional trust
andpast experiengeaegarding their trust in online reviewad purchase intention

Among the participantsO own personality traits, extraversion seeimaebtthe
most important role ParticipantsQevel of extraversion, which referred to their
tendencytowards sociability and engagement with the external wditthlko &
Lientz, 2AL0), was related taheir perception ofthe trustworthiness oboth the
reviews andthe reviewers their trust in the reviewsand their purchase intention
There were significant relationships between participants® extravarsibthe
perceived qualityr¢ = 0.574 p = 0.00J), helpfulnessrg = 0.528 p = 0.009, and
accuracy Is = 0.473 p = 0.01) of reviews, perceived reviewerOs expertise= (
0.386 p =0.043, trust in reviews1i = 0.54Q p = 0.003, and purchase intentions=
0.55Q p = 0.002 (Table 5.13. These esults suggest thathighly extraverted
participants tended to perceive higher levelstmistworthinessof reviews and
reviewers, theyended tchave more trust in the revieandtheywere more willing to
make purchase decisions based on reviews. These results support previous work
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(Lumsden & Mackay, 2006Fan & Sutherland, 2004) suggesf that high level of
user extraversion leads to high trust in onireadors

Second, participantdével of neuroticismwas also related totheir responses.

There were significant correlations between participantsO level of neuratizishe
perceived accuracy of reviews € 0.429,p = 0.023), perceived reviewerOs expertise

(rs = 0.394,p = 0.038) and trust in reviewsr{ = 0.396,p = 0.037). These results
suggest that participants who rated themselves high on neurofjicesmanxious,

easily upsetperceived the reviewassmore accurate, the reviewerOsiasnghigher
expertise and had more trust in the reviews. These results were contrary to
expectationssneuroticism describes Oa tendency towards negative emotionalityO
(Halko & Lientz, 2010) and therefore might decrease trust, as suggested by Tan and
Sutherland (2004). Newheless, it has been suggested that highly neurotic
individuals are more are more likely to use the Internet and also their neuroticism can
reflect negative emotionality in interacting with others in real life (Schrammel et al.,
2009; Lopes et al., 2003yhis might explain why participants with high neuroticism

in this study had more trust in online reviews: they may prefer using reviews for
assessing services such as restaurants rather than seeking recommendations from
others in real life.

Third, particimntsO agreeableness, defined as Otendency towards altruism, trust
and modesty as well as compassion and cooperativeness towards othersO (Halko &
Lientz, 2010) was related to participantsO perception of only one trust factor,
perceived accuracy of the rewie(rs = 0.425, p = 0.024). Highly agreeable
participants tended to perceive reviews as more accurate than participants who scored

themselves low on agreeableness.
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Background
- @ @
g 8 5 3 S E 2
Sy g2 | & AL DL -
2> &5 > Qg o © S
g = S g 3 ] 5 =
] & g c 5 Q o
a a IS} < <
Quality 0.168 0.081 0.574** 0.080 0.244 0.203 0.274
" (0.391) (0.683) (0.001) (0.684) (0.210) (0.300) (0.158)
0
(6]
03)-_% Helpfulness | 0.301 0.049 0.528** 0.216 0.330 0.364 0.240
> £ (0.120) (0.805) (0.004) (0.270) (0.086) (0.057) (0.219)
x 2
g Accuracy 0.293 -.016 0.473* 0.125 0.425* 0.429* 0.181
- (0.130) (0.937) (0.011) (0.526) (0.024) | (0.023) (0.356)
Bias -0.312 -0.145 -0.319 0.164 -0.256 0.006 0.087
g £ (0.097) (0.463) (0.098) (0.405) (0.189) (0.974) (0.660)
F=aN’)
2959
2 2 ©[ Expertise | 0.245 -0.216 0.386* 0.159 0.187 0.394* 0.219
24 3 (0.208) (0.269) (0.043) (0.420) (0.340) (0.038) (0.264)
Trust 0.400* -.095 0.540** 0.191 0.235 0.396* 0.298
0 (0.035) | (0629) | (0.003) | (0.330) (0.228) | (0.037) (0.123)
o
‘% Purchase 0.347 0.118 0.550** 0.125 0.169 0.347 0.223
© (0.070) (0.459) (0.002) (0.525) (0.390) (0.070) (0.255)

Table 5.13:Correlations of participantsO background with trust factors, trust and
purchase intention (Note: correlations are reported in Speagwalues and

significance reported between brackets, *p<.05, **p<.01, **p<.001, N=28 for all
correlations, significantorrelations are indicated by cells with bold font)

The results did not reveal any significant relationship between participantsO
conscientiousness and openness and perception of trustworthiness of the review and
reviewer, or trust in the reviews and puash intention. These results are contrary to
previous work both from the eCommerce domain (Tan & Sutherland, 2004) and the
recommender system domain (Goldbeck & Norris, 2013) that has suggested that the
userOs conscientiousness and openness can aftect trus

In addition to participantOs personality traits, participantsO dispositional trust
seemed to have a significant role. There was a significant correlation between
participantsO dispositional trust and their ratings of trust in the review8.400,p =
0.400). Participants with high dispositional trust had higher trust in reviews than
participants with low dispositional trust. This result supports the previous studies in

this thesis (chapters 3 and 4), which suggested that dispositional trust isaimport



regarding trust in online reviews. It also extends previous work on user trust in online
vendors (e.g. McKnight et al., 2002a,b), which has emphasized the role of
dispositional trust in user trust in online vendors. Contrary to expectations,

participarisO past experience was not related to their trust in the reviews or their
purchase intention. This could be because the majority of participants reported good

previous experiences with using Yelp reviews (mean = 5.01).

LFK%>,)=0)) %5

The findings of thisstudy have important implications for future research into
interface signals, personalitgnd trust in online reviews in the purchase decision
making process. They also have implicationsolaifding trustin systems that provide
usergenerated reviews.

This study represents the first atteniptbetter understand howuser trust in
online reviewsis shaped, particularly when the reviewerOs perceived personality is
taken into accoun{RQ-1) (objective 2).It shows thatuser perception of the
reviewerOs pemsality traits has a significant role in the ugmerception ofthe
trustworthiness othe review andhe reviewer,trust in the reviewsand purchase
intention These perceived personality traifspm most to leastimportart are
perceived reviewerOs comsitiousness, neuroticism, openness to experience
agreeablenessand extraversian These findingsbuild on previous work by
Mohammadi et al. (2013who suggested that theerceivedreviewerOgersonality
affects the persuasiveness of tmeviewerin the context of online movie reviewshis
was extended to user trust in reviews when purchasing services such as hotels and
restaurants.

The perceived reviewerOs personality similddtihe useiis also found to be

importantin trust (RQ-2) (objective 2) but to a lesseextentthan theperceived
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reviewerOs personality traihis could be because personality similarity is hard to
perceive based on interface signdlke findings show thatperceived similarity in
only two persomlity traits conscientiosness andpennesshave a significant role
user trust in online reviews when making purchase decisions. These fibdiltgen
two lines of previous work. Firstheybuild onprevious work from the recommender
system literature (e.g. Goldbeck, 208@&nhard et al., 2() thathas emphasizeithat
similarity, particularlyin demographics andaste influencetrust. Secondthey build

on previous work from the social psychology literature (e.g. Selfhout et al., B§09)
showingthat the effect ofperceived personality similarity caextendto theonline
context especiallyto usertrust in online reviews.

This study extendedtudiesl and 2on signals that matter in trust in online
reviews (RQ-3) (objectivel). Thereseem to bdive types of interfacesignalsthat
provide informatioraboutthe reviewerQsersonality signals that relate to theview
valene, type of services reviewedevieweOs identity, review details and
orthographic featuredaVhile some of these types of signals, such as revidailsle
and orthographic featurefiave beenpreviously identified as important in trust
(Kobayashi et al., 2015; Riasanow et al., 2015} study clarified how these signals
can matter in trust in a different way, by signalling the reviewerOs personality, which
in turn influence trust. Further work could help to uncover more interface signals and
the way in whichtheyareemployed by users in the perception of personality.

This study was the first mvestigae therole of the userOs personalitytrustin
online reviewgRQ-4) (objective 3).The userOs level of extraversion and neuroticism
seem to be particularly importarRrevious work by Lumsden and MacKay (2006)
andTan and Sutherland (2004) suggests that high extraversion increases user trust in

online vendorsandthis was extendetb trust in online reviewsHigh levek of user

17¢



neuroticism seems toe associated with higinust, which contradicts previous work
by Ten and Sutherland (2004yho suggested that high neuroticism leads to lower
trust A possible explanation of high neuroticism leading to higher trust isuteas
with high neurotiéssm might prefer using online reviews for assessing vendorsO
services ratér than seeking recommendations from others in realdgéheir high
level of neuroticism can reflect negative emotionality in interacting with others in real
life. Future work is warranted tirther investigate the role of the usep@ssonality
in trust in online reviewsin addition to the user@wn personality the results show
that the usdbslispositional trusseems tenatter inusertrust in online reviewsdJsers
with high dispositional trust tend to have more trust in online reviewsusens with
low dispositional trust. This finding extemdhose oftudiesl and 2 which showed
that dispositional trust can be important in trust in online reviand it extend
previous work by McKnight et al (20022, suggeshg that dispositional rust
influences user trustn online vendors

While this studymakes several contributions is not without limitationsThe
resultsreported inthis study, both quantitative and qualitative, weasedon a small
numberof participants Thus, a largescale investigate could provide quantitative
evidence to validate (i) the effects of interface signals on the perceptieviefierOs
personality (ii) the relationship between perceivegviewerOgpersonality and
personality similarityto the userand trustin online reviewsand (iii) the waythat
useDdackground, especially the u€mpersonality, shapes trust.

This study providegractical implications foruilding trustin systems that
provide usemgenerated reviewsFirst designers can better santhe reviewerOs
opennessand extraversiomy giving a direct visual signal ofthe types of services

reviewedby the reviewerEven thoughparticipants were able to see this information
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by navigating through the reviews, providing a summary of the tgpesviewed
services on the reviewerfsfile pagecould make it easier fousersto perceivethe
reviewerOsopennessand extraversian Secong because some signals are very
importantin communicating personality traits and thus have a role in trusgrosi

should encourage reviewers to provide this information. For example, profile photos
are used in a variety of ways to assess the personality of reviewers, and even their

absence communicates low extraversion.
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The growing number of systems that pr@vigsergenerated reviewssuch as
TripAdvisor and Yelphaschanged the way users interact with vendors, particularly
unfamiliar vendors. Users are increasingly searching for revigveit vendors
written by others prior to making purchase decisifing et al., 2008; Riasanow et
al., 2015; Kobayashi et al., 201%Jowever, users might be uncertain how much to
trust reviews because most users are not familiar with reviewers and reviews might
not becredible. Thus, it is becoming increasingly important to understand which
reviews are trusted by users and why.

This PhD researchasadvanced the knowledgegardingwhat lead users to
trust online reviews when making purchase decisibosdo so, itinvestigated three
research objectives in three empirical studies. Two of the studies wdradatiand
collected qualitative and quantitative datane study was onlinend collected
guantitative data. Tablé.1 provides an overview of the research objedivbe
studies that addressed the objectitks research questions of each stadywell as

thecontributions
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Objective

Study

Research question

Contribution s

Objective 1: To
investigate
interface signalg
that matter in
user trust in
online reviews
when making
purchase
decisions

RQ-1 What interface signals affect user tr
in online reviews?

- User trust in reviews is influenced topth review and reviewerrelated signalsOverall,
reviewrelated signals seem to be more important than revieslated signals.

- Trust in reviews is influenced by new signals not considered beforamunity pinions
about the reviewand usergenerated photogreviewrelated); reviewerOsity & country,
similarity to user in terms afharacteristicsandsatisfaction levefreviewerrelated)

RQ-2: How do users employ interface
signals when perceiving thiristworthiness
of the review and the reviewer?

- Review trustworthiness is perceived based on signals that relate not only to the rev
also to the reviewer, and similarly the reviewerOs trustworthiness.

- The reviewrelated signalsdetails and positive wordsare used in combination in th
perception of the revieand reviewerOs trustworthiness.

RQ-1: How do review valenceonline
community opinions about the revieand
usergenerated photomfluence user trust i
online reviews when makingpurchase|
decisions?

- Positive community opinionsincrease the perceivettrustworthiness of the review
particularly the perceivelelpfulness in contrast to negate@mmunityopinions
- The presence of asergenerated phot@an decrease the perceiviedstworthiness of the
review and reviewer. This could be because users might view photos as means to mg
their trust or because the photos that were used in the study were perceived to be negg

RQ-3: How do users employ interfag
signals intheir perception of the reviewer
personality?

- Five types of interface signalgeview valencgtype of services reviewggkviewerOs identity
review detailandorthographic featuresmatter n the perception of personality

- Signals ofreviewvalence type of services revieweteviewerQOs identitgnd review details
are used in the perception of multiple personality tré@tshographic featuregre used in the
perception of extraversion only.

Objective 2: To
investigate the
perceived
review and
reviewer
related factors
that influence
user trust in

RQ-4: How does the user perception of {
review quality and the reviewerOs exper
and bias influence theerception of the
review helpfulness and accuracy and trus
the review?

- Perceived review quality seems to positively influence the perceived helpfulness, ag
and trust in the review

- The perceived reviewerOs expertise and bias do not sdemetanuch effect compared
perceived review quality. Possibly because perceived review quality is more important.

RQ-5: How does the user perception of {
review helpfulness and accuracy influen
trust in the review?

- Both perceived review helpfuliss and accuracseem topositively influence trust in the
review

online reviews
when making
purchase
decisions, and

the interplay

RQ-1: How do review valence online
community opinions about the review, a
usergenerated photos influence user trus
online reviews when making purcha

decisions?

Positive reviewseem to increase the perceived trustworthiness of review and reviewe
in the review and purchase intentjom contrast to negative reviews
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between these
factors

RQ-3: How do the influential factors o
trust relate to one another, to trust in onl
reviews, and t@urchase intention?

- The perceived review quality and helpfulness seem to be most related to the pe
reviewerOs expertise, and the perceived review accuracy seems to be most related to
reviewerQOs bias

- Factors of the perceived review trustworthiness particularly perceived quality and
helpfulness seem to be most importantrust

- The perceived trustworthiness of the review and reviewer are related to purchase i
butthese relationships might be mediated by trust in the review

RQ-1: How does the perceived reviewe
personality relate to usersO trust in on
reviews when making purchase decisions

The perceived reviewerOs personality seem to play an important role in the user percg
both the review and reviewerOs trustworthiness, trust in the review and purchase iftest
most important perceived personality trait in trust in consciestiess. Followed b
perceived neuroticism and openness. The perceived agreeableness and extraversion s
the least important.

RQ-2: How does a userOs perception
similarity of a reviewerOs personality
their own relate to usersO trust in on
reviews when making purchase decisions

The perceived reviewerOs similarity in conscientiousness and openness can incr
perceived trustworthiness of the review and revievirst in thereview and purchas
intention.

Objective 3: To
investigate the
way that a
userOs
background
shapes user
trust in online
reviews when
making
purchase
decisions

RQ-3: How does a userOs dispositional t
affect the use of interface signals?

Users with low dispositional trusénd to becritical in interpreting signals of the reviewer
background (i.e. city & countrygs signals of trusthile users with high dispositional trust a
more swayed by the communityOs positive opinions aborgwieser.

RQ-2: How does a userOs background in
forms of dispositional trust and pa
experience shape trust in online revie
when making purchase decisions?

- Users with high dispositional trust tend to perceive reviews as being more trust@et
higher quality) than usemwith low dispositional trust
- Users with positive past experience are more likely to make purchase decisions b
reviews than users with negative past experience.

RQ-4: How does the userOs backgroun
the form of personality,dispositional trust
and past experience shape trust in onl
reviews when making purchase decisions

- Highly extraverted and neurotic users tend to perceive the reviews and reviewer
trustworthy, have more trust in the reviews and are more likely to make a purchase b
reviews than users who are low on extraversion and neuroticism.

- Users with high dispositional trust have more trust in reviews than users with
dispositionalrust.

Table 6.1:Overview of research objectives, studies that addressed research ohjeste@sh questiorand finding
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Findings of this research point the way towards a framework that explains user

trust on systems that provide uggmerated reviews (figure 6.1Jhe framework

demonstrateshe reviewrelated and revieweelated signis and perceived factors

Figure 6.1: Framework of user trust on systems that provide-gererated reviews (Note:
reviewrelated signals and factors are bordered with bold font to indicate that these were more
important thanignals and factors of the reviewer)
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that can influence user trust in online reviews, the aspects of the user background that
shape user trust in online revieasd finally, how the use®drust relationship with

the vendor(in the form of purchase intention§ changing on systems that provide
usergenerated reviews. Overall, the framework has four components.

First, user trust in online reviews is mostly affected by reviewelated
signals and factors In regard to the role of revierelated signals in userusst in
online reviews, studies 1, 2 and 3 showed that users employ signals of the review
more than signals of the reviewers not only when deciding to trust the reviews, but
also in their perception of factors of the review and reviewer that influende trus
Indeed, study 2 suggested that even when reviestaied information is lacking,
users tend to use reviewslated signals in their perception tbie trustworthiness of
both the reviewer and the reviewer. This was further supported by the resulidyof st
3, which showed that users tend to rely mostly on revedated signals for assessing
the reviewerOs personality traits that matter in trust. Overall, this research identified
seven reviewelated signals that affect user trust in online reviews. & bgmals are
the detailsincluded in the review angositive words(studies 1 and 3);ommunity
opinions about the reviemdicated by the votes given to the review andpesence
of usergenerated photalongside the review (studies 1 andr®&gativewords(study
3), exclamation markandtype of services reviewéstudy 3) (figure &).

Furthermore, user perception of factors of the review setmbe more
important in trust than the perception of factors of the reviewer. This is based on the
findings of study 1 and 2 in which participantsO perception of the trustworthiness of
the review, especially the perceived review quality and helpfulness, seemed to be
most associated with trust (figure 6.2). This in turn implies that user trust in a review

is mog affected by aspects of the review itself.
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Figure 6.2: Framework of user trust on systems that provide-gsaerated reviews
user trust in the reviews is mostly affected by signals and factors of the review

Second,user trust in reviews is mediated by reviewerelated signals and
factors. This was demonstrated throughout the three studies reported in this thesis.
Studies 1 and 3 have shown that users employ signals that are related to the reviewer
whenperceiving &ctors of the review and also wheeciding to trust the reviews. In
this respect, four signals seem to be particularly important. These signals tatalthe

number of reviews posted by the revieygudies 1 and 3)the total number of
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helpful votes gien to the revieweand the reviewerOs city & countigtudy 1),and
finally, the reviewerOs profile phofstudy 3). Signals of the reviewerOs similarity to
the user in terms afharacteristicsand satisfaction levetan also play a role in user
trust suggesting that users tend to depend on reviews that are posbéitelssimilar

to them(study 1) (figure 6.8

Figure 6.3: Framework of user trust on systems {iavide useigenerated reviewsuser
trust in reviews is mediated by signals and factors of the reviewer

Furthermore, studies 2 and 3 have shown that user percepteoonwhber of
reviewerrelated factors matter in the establishment of trust in online reviews. In study

2, the perception of trustworthiness of the reviewer (i.e. @gpeand bias) was
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shown to be significantly related to ttus the reviewbmeaning thatisers are likely

to trust the review when the reviewer is perceived as trustworthy. Important to note
hereis that the relationship between factors of the revisatenstworthiness with

trust were weaker than the relationship between factors of the tetnastworthiness

with trust. Study 3 added that user perception of the reviewerOs personality and
personality similarity are significantly related to trust in nelreviewgfigure 6.3)

Third, theuserOs own background has a significant role in shaping trust in
online reviews The three studies conducted in this PhD research have shown that the
userOswn background shapes trust in online reviews in different ways, both directly
and indirectly. The userOs dispositional trust has been shown to influence the use of
reviewerrelated signals as trust signals in which low dispositional trust can lead to a
critical approach towards interpreting signals of the revi@serbackground,
particularly the reviewer@gty & country. In contrast, users with high dispositional
trust seem to be more swayed by the communityOs positive opinions about the
reviewer (i.e. Blpful votes given to the reviewe(study 1). Study 2 added that
dispositional trust is related to the perception of the trustworthiness of review,
particularly the perceived review quality. Users with high dispositional trust tend to
perceive reviews asiore trustworthy compared to users with low dispositional trust

(figure 6.4)



Figure 6.4: Framework of user trust on systems that provide-geeerated reviewseffects of
the user's dispositional trust

In addition to the dispositional trustetiusersO personality traits, particularly the
level of extraversion, neuroticism and agreeableness, have been shmeval&bed to
the perception of trustworthiness of the review and reviewer (study 3). Users with
high levels of extraversion, neuroticisand agreeableness tend to perceive the

reviews and reviewers as being more trustworthy (figure 6.5).
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Figure 6.5: Framework of user trust on systems that provide-geaerated reviews
effects of the user's own personality

Fourth,user trust in vendors is affected by the userOs own background, the
review and the reviewer While this research did not directly investigate user trust in
vendors, it investigated the userOs intention to purchase the vendorOs services. This
can indicate the user trustvendors because users are likely to make purchases from
vendors they trust (e.g. McKnight et al., 2002a).

Among aspects of the user background, the user's past experience of using
online reviews (study 2) and the userOs persorligrticularly extaversion and
neuroticism (study 3 were shown to be related with the user purchase intention.

Users with positive past experience and with high level of extraversion and
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neuroticism are more willing to purchase services based on online reviews (figure
6.6).

Study 2 suggested that user purchase intewtoid be affected by the review.
This is becaustactors of the revieW perceived review valence, quality, helpfulness
and accuracyp were significantly related to purchase intention. Users are likely to
make a purchase decisidrased on positive reviews ants@ when reviews are
perceived to be as high quality, helpful and accufatethermore, studies 2 and 3

suggested that user purchase intention can be affected by the reviewer. In study 2, the

Figure 6.6: Framework of user trust on systems that provide-geeerated review
role of the user's background, review and reviewer in user purchase intention
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perceived trustworthiness of the reviewer was shown to besdetatthe purchase
intention.Users were more willing to malkepurchase decision based on the review
when the reviewewas perceived adeing trustworthyb that is the reviewer being
perceived as having high expertise and low on bias (figure $t6jly 3suggested

that the perceived reviewerOs personality traits can also affect the userOs purchase
intention. Users seesdto be more willingto make a purchase decision based on the
reviews when the reviewergere perceived as high on conscientiousness and
openness but low on neuroticigfigure 6.6)

The proposed framework is of high relevance to researchers who investigate
user trust in online reviews (e.g. Kobayashi et al., 2015; Riasanow et al., 2015; Ku et
al.,, 2012; Lee et al., 2008) because it shows M[hifferent reviewrelated and
reviewerrelated signals and factors affect trust. It is also relevant to researchers who
investigate the effects of the perception of personality (e.g. Mohammadi et al., 2015;
Selfhout et al., 2009) by showing how that wadn be extended to the context of
online reviews. Third, the framework is beneficial to researchers who investigate user
trust in online vendors (e.g. McKnight et al., 2002a; Lumsden & MacKay, 2006)
because it shows how the uBerndor trust relationshigsichanging on increasingly

popular systems that provide uggmerated reviews.
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In addition to the framework proposed, findings of this research provide design
implications for designers of systems that provide -geserated reviews that can
support user trust in online revieverall, it seems that users employ different
interfacesignals most of which are reviewlated when deciding to trust reviews.
Thus, revealingmore information about the review can support users in trusting

reviews. In addition, signals of the reviewer also seem to be important in trust
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suggesting that userust in the review is mediated by the reviewere Tallowing
paragraphs discuss the design recommendations that are based on the findings of this
research.
First, transparency in signaling the community opinions about reviews
Study 1 suggested that thenemunitys positive opinions might not be enough for
users to assess the review trustworthiness and to establish trust in online reviews. This
was complemented by study 2 which showed that the community positive opinions
increases the perceived trustwonss of the review while the community negative
opinions decreases the perceived trustworthiness of the reMmis, it is important
to signal the communityOs both positive and negative opinitins interface
Second,providing objective evidence of tle review in the form of user
generated photo The findings of study 1 suggested that users perceived user
generated photos as objective evidence of the information given in the review and
therefore photos can better help them with trusting the reviewdy 2tshowed that
the presence of a usgenerated photo alongside the review has a signifef@tt
not only on the perceived trustworthiness of the review, but also the revidivie.
these effects were negati#meaning that the presence of a phoézrdased the
perceived trustworthineddthis could have been because of the types of photos used
in study 2. In all cases, photos seem to have an important role in trust as they provide
additional visual information.
Third, providing direct signalsof bias While study 1 showed that users tend
to use various signals in their perception of the reviewerOsléiasnining whether
the reviewer is biased still seems difficult. Designers could help users by providing

more direct signalpossibly by providingignals that prove the purchase transactions
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Fourth, providing a direct visual signal of the type of services reviewed
While participant in study 3 were able to find this information by navigating through
the reviews posted by the reviewer, providing a summary of the services reviewed can
better help users in perceiving the reviewerOs level of extraversion and openness
which in turnmatter inusertrustin online reviews

Fifth, encouraging users to provide profile phote. Study 3 showed that users
tend toemploy profile photos in the perception of various personality traits of the

reviewerthat matter in trust.
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Even thoughheresearchieportedheresuggest thatuser trustn online reviews
when making purchase decisiazan be influencebly a variety ofreviewrelatedand
reviewerrelated factors perceived through interface signalsand that the user
background can play a part in the establishment of itustnot without limitations
There arefive main limitatons associated with the findings of this research. These
limitations are related to (i) theulgjective measure of trust (ii) not distinguishing
between symptoms and symbols of trustworthiness (iii) not taking into account new
factors and also new levels of factors that have been investigated (iv) generalizability
of the framework to other contexa$ online reviews and finally (v) generalizability of
the framework to other types of user online behaviour.

First, in all the studies conducted in this research, trust was measured
subjectively by asking participants to rate their own truscdmplemataryapproach
could be toemploy a objective measure of trystuch asobserving purchase under
financial risk as suggested by Riegelsberger et al. (2@08) GrabnerKruter and

Kaluscha (2003)
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Second, his research has explored what signals ofinierface can influence
user trust in online reviewand the perception of trustworthingdsit it did not
distinguish between symptoms and symbols of trustworthiness. Research into signals
of trust in online reviews could benefit from Riegelsberger.sa(2005) framework
of trust in mediated transactions by identifying whether the signals that matter in trust
in online reviews are categorised as symptoms or symbols. This could provide
insights into the reliability of the signals and eventualbuld beusedto better
support user trust.

Third, future work could benefit from takingto accouninew factors and also
new levels of factors that have been investigated. This research has not taken into
account theyuantity of reviewsi.e. the number of rewes about a vendoit has been
suggested that users read multiple reviewsd therefore the quantity of reviews can
affect their trusin the reviewsand also their purchase intentifiree et al., 2008).
Also, more levels of thénvestigated factorseed © be consideredFor instance,
review valence might beeutralrather than positive or negativa. neutral review
refers to the reviewer describipgsitiveandnegative aspects of the service. Previous
work by Kobayashi et al. (2015) shows thautralreviews are perceived dlse most
credible thereforethis needto be considered in future work.

Fourth, t is important to be cautious about the generalizability of the proposed
framework to other contexts of online reviewsis is because thgtudies conducted
in the course of this research have focused on user trusilime reviews about
servicegparticularly hotels and restaurarasid this leads to limitations regandithe
generalizability of thdramework Sun et al. (2011%uggests @ physical products
(e.g. cell phoney are associated with tangible and heical specifications, thus

making it easier for users to quantify the product paramatetshis can potentially

19¢€



affect trust in the reviewsThus, future workshouldconsider pisical products and
find out which interface signals and factors affect trésirthermore it would be
interesting tanvestigatewhether the findings are valfdr user trust in reviews about
services that include a higher level of risk such as hedhted services (i.e.
hospitals and clinics)These two lines of future woskould help tobetterunderstand
how user trust in online reviews is shaped in different domains and whbther
framework proposed in this thesis can be generalised to systenpsavide reviews
about differenproducts andervices.

Fifth, the research prested here represents first stepvards understandirtge
relationship between the perception of personality and trust onlifiele these
findings are within the coakt of anline reviewsand therefore they may not apply in
othercontexts thefindings canstill provide insightdo understandlifferent types of
usersO online behaviour such as findings gaming partners or online dating. The
findings could serve as a basisfoomulate hypotheses about which interface signals
matter in the perception of particular personality traits and the effects of this
perception on user behavioufor instance, users who are perceived as highly
extraverted, conscientious and low in newistn might be moré&usted and therefore

might be mordikely to be chosen as gaming partners ateptialdating partners.
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The research undertaken for this thesigestigateduser trust on increasingly
popular systems that provide ugmmerated reviews. In doing so, this research
revealed the complexity of trust. It showed that in otdarnderstand how usaust
in online reviews is formeddifferent types of indicators have to be taken into
account. These indicators relaiet onlyto the reviewsaandthe source of the reviews

but also to the users themselves. This research enriched the understandingirof trust

197



online reviewsoy showing how these indicators interact with one another and lead to
the establishment of trust. While thould represent a substantial theoretical
contribution and have important practical implications for designers of sysiieen
TripAdvisor and Yelp,the drawbacks should also beghlighted Investigating the
indicators of user trustnot only develops abetter understanding of usersO online
behaviour, butit could also provide insights to untrustworthy actors, such as
untrustworthy reviewerdp deceive user@Briggs et al.2002) Thus, researchn trust
in online reviews need to investigate how users peragitrestworthy reviewsand
find out ways to helpisers indetectinguntrustworthy reviewand reviewers

The research reported in this thesis suggests that the rise ajenseated
conten, particularly usegenerated reviews, is changing the user trust relationship
with vendos. This trust relationship is becoming mediated not only by trust in the
review but also by trust in the reviewer. Thogdelsof user trust in online vendors
shoutl integrate the roteof the review andhereviewer. User trust in vendocould
be eroded if a user does not trust the review tardeviewer, or, more positively,

trust inthereview andhereviewer could increase user trust in the vendor.

"1 B%E& () ,--&* # #

This chapter provided a summary of the research at hand. In doing so, it re
stated the research objectiyéise studies that addressed the objectives as well as the
research questions and findings of each s{gégtion 6.1)Section 6.2oresentd a
framework of user trust in online reviews which shows the revedated and
reviewerrelated signals and factors that influence trust, the role of the userOs own
background in shaping trust and the changing trust relationship between user and
vendor m systems that provide usgenerated reviews. Thigasfollowed by section

6.3 which reviewed the design implications that can bsttpportuser trust in online
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reviews. Section 6.4 discussed the limitations of the research and pointed further work

to address the limitations and finally, section 6.5 concluded with final comments.
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