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A Scientific Approach to Entrepreneurial Decision-Making
as Bayesian Learning

Elena Novelli

7.1 Introduction

Recent academic work has advanced the concept of Bayesian entrepreneurship
(Agrawal et al., 2025; Chavda et al., 2024; Ehrig and Schmidt, 2022; Zellweger
and Zenger, 2022). This concept refers to how entrepreneurs make decisions.
Central to Bayesian entrepreneurship is the idea that entrepreneurs face choices
characterized by high degrees of uncertainty. Bayesian entrepreneurs address
this uncertainty by learning about their environment and the cause—effect link-
ages associated with their actions and by acting in ways that maximize their
subjective utility. Specifically, they develop subjective beliefs (or prior distri-
butions) regarding the probabilities of various opportunities or scenarios they
might encounter and select those they deem most likely to be conducive to the
desired outcomes. Aware of the uncertainty in their prior distributions, Bayesian
entrepreneurs collect signals from the environment in a deliberate attempt to
learn about the entrepreneurial opportunities they envision. These signals func-
tion similarly to a likelihood distribution, allowing them to update their prior
probability distributions and develop posterior distributions, which then inform
subsequent entrepreneurial actions.

The notion that entrepreneurs can learn in a Bayesian manner adds a signif-
icant perspective to the lenses through which entrepreneurial decision-making
can be interpreted, potentially leading to valuable insights. To advance our
understanding of whether, to what extent, and how this approach can offer value
to entrepreneurs, three fundamental issues arise. First, although the key ele-
ments of a Bayesian learning-based decision-making approach are clear (prior
formation, testing, and updating), it is not obvious how such an approach
works in practice. Second, there is a lack of evidence on the implications of
Bayesian decision-making approaches in entrepreneurship. Finally, a relevant
issue concerns the extent to which a Bayesian approach to entrepreneurship can
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be effectively taught, as this could affect the phenomenon’s magnitude under
investigation.

This chapter aims to begin addressing these issues by building on insights
from recent research that has promoted a scientific approach to decision-making
in entrepreneurship (Agarwal et al., 2025; Camuffo, Gambardella, Messinese,
et al., 2024; Novelli and Spina, 2024; Zellweger and Zenger, 2022). A scientific
approach involves theory development, hypothesis formation, testing, and eval-
uation, applying the principles of the scientific learning process to the context of
entrepreneurship. Notably, a scientific decision-making approach shares impor-
tant similarities with Bayesian learning, particularly in how decision-makers
rely on prior beliefs and engage in a deliberate process of evidence collection
to update these beliefs and guide their actions. The purpose of this chapter is to
present the most recent empirical results on a scientific approach to decision-
making and, by highlighting the similarities with Bayesian entrepreneurship,
to offer insights that might inform and support future research in this area. In
doing so, we also hope to contribute to filling a broader empirical gap: Exist-
ing field evidence on Bayesian learning is limited, with current evidence mostly
derived from environments where true probabilities are known or can be reliably
estimated, such as gambling, lotteries, and sports (Benjamin, 2019).

To this end, the chapter is structured as follows. First, we provide an overview
of the scientific approach to entrepreneurial decision-making, highlighting its
similarities to the process of Bayesian learning. Next, we describe the method-
ology employed in the recent research program on this scientific approach.
Following this, we present the key findings from this body of research and
discuss their implications for the study of Bayesian entrepreneurship. Finally,
we conclude by identifying open questions in this area that could guide future
research in Bayesian entrepreneurship.

7.2 A Scientific Approach to Decision-Making as Bayesian Learning

Recent research has conceptually advanced and empirically explored the impli-
cations of a scientific approach to decision-making (Agarwal et al., 2025;
Camuffo, Gambardella, Messinese, et al., 2024; Novelli and Spina, 2024; Zell-
weger and Zenger, 2022). In contrast with the idea that entrepreneurs make deci-
sions following their gut feelings (Bennett and Chatterji, 2019), the approach
advocates that entrepreneurs can benefit when informing their decisions with a
deliberate and structured approach to learning, which follows the same struc-
tured approach used by scientists when learning about phenomena. Specifically,
scientific entrepreneurs follow four fundamental steps:
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The study of a scientific approach to decision-making represents a poten-
tial opportunity for the advancement of research on Bayesian entrepreneurship
because these four steps essentially reflect important elements of Bayesian
learning. The process of theory and hypotheses development can be equated
to a process of prior distribution formation; the process of evidence gathering
resembles a process of likelihood estimation; the disciplined evaluation of the
evidence collected can be reconnected to a process of posterior development
(figure 7.1).

7.2.1 Theory and Hypotheses Development as Prior Formation

Entrepreneurs using this scientific approach start by defining the problem with a
theory of value, which serves as a conceptual framework for understanding how
their business generates value (Felin and Zenger, 2017; Zellweger and Zenger,
2022). This framework involves linking the core elements of their business idea
with relevant environmental contingencies. Using the language of Camuffo,
Gambardella, and Pignataro (2024), these core elements can be referred to as
attributes. These attributes are interconnected through causal links. As part of
the theory development process, entrepreneurs articulate their prior beliefs or
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subjective probabilities concerning the accuracy of the proposed causal struc-
ture. This cognitive process enables entrepreneurs to identify the fundamental
principles underlying their business idea’s value creation and uncover the mech-
anisms that could potentially lead to the start-up’s success (Agarwal et al., 2025;
Camuffo, Gambardella, Messinese, et al., 2024; Felin et al., 2020, 2024).

The theory development process is further refined by breaking down the the-
ory into hypotheses, which are specific, testable, discrete predictions (Agarwal
et al., 2025; Felin and Zenger, 2017). This approach benefits entrepreneurs by
allowing them to decompose the problem into manageable components, thereby
reducing causal ambiguity (Felin et al., 2020; Leatherbee and Katila, 2020).
Together, the process of developing theories and hypotheses shares similari-
ties with prior formation in Bayesian learning. In Bayesian learning, forming
priors involves specifying probability distributions that encode initial beliefs
about the model parameters based on existing knowledge, thereby creating a
baseline understanding. The definition of attributes, causal linkages, and beliefs
in the entrepreneurial theory parallels the definition of parameters, structure in
a Bayesian model and prior distributions.

7.2.2 Evidence Gathering as Prior Testing

In the context of the scientific approach to decision-making, defining a research
design and collecting relevant data to test hypotheses provide critical feed-
back that can be used as a signal on the validity of the theory of value. This
process is consistent with Bayesian learning, in that both processes involve a
feedback loop in which new data are collected to refine initial assumptions. In
both Bayesian learning and the scientific approach, new data provide evidence
that strengthens or weakens the plausibility of the initial beliefs or hypotheses.
This signal informs whether the entrepreneur’s current understanding requires
revision.

7.2.3 Evidence Evaluation as Prior Updating

Finally, in the scientific approach, the methodical and critical evaluation of the
gathered evidence enables entrepreneurs to compare the results against the orig-
inal theory and determine whether the evidence collected supports it, refines it,
or refutes it. This is similar to the process of prior updating in Bayesian learning,
where initial beliefs (priors) are assessed against new data. In Bayesian learning,
new evidence is combined with the prior distribution via Bayes’ rule to produce
a posterior distribution. If the evidence is probable under the prior the posterior
remains close to the prior; if it refutes it, the original belief is adjusted.
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7.3 Scientific Decision-Making in Entrepreneurship: A Research Program

The scientific approach to decision-making has been empirically studied
through a large-scale research program involving approximately four thousand
entrepreneurs. This program began with an initial study in Milan (Camuffo et al.,
2020) and has since expanded to include a series of international randomized
controlled trials (RCTs) in various locations: London, Turin, Hyderabad, Shang-
hai, Dar-Es-Salaam, Rotterdam, Bogota, Barcelona, and Chennai. Although the
specific design and treatments varied across the different RCTs, reflecting the
unique research questions each aimed to address, the program maintained a
common methodology: Entrepreneurs were randomly assigned to different treat-
ment conditions and monitored for at least ten months. This period was used to
observe the impact of the treatments on their decisions and performance across
a range of locations. The rationale for conducting multiple RCTs was to ensure
reproducibility across different settings and to enhance statistical power. This
approach is consistent with the research design implemented in other large-
scale RCTs across various contexts (Banerjee et al., 2015; Bowers et al., 2017;
Davis et al., 2023).

7.3.1 Intervention Details

Experimental groups participated in an entrepreneurship business support pro-
gram consisting of approximately twenty hours of training over a three-month
period. The sessions were experiential, with small class sizes ensuring person-
alized feedback. In the first batch of RCTs (RCTs 1-4), the program aimed to
compare the effectiveness of a structured scientific approach against traditional
entrepreneurship training methods. Participants were divided into a treatment
group and a control group. Both groups received training that included ele-
ments of cognitive-based decision-making, such as strategy frameworks and
tools (e.g., the Business Model Canvas or Balanced Scorecard), and evidence-
based decision-making, incorporating various data collection and testing tech-
niques such as surveys, qualitative interviews, and A/B testing to suit different
entrepreneurial contexts. However, only the treatment group was explicitly
encouraged to, adopting a scientific approach to decision-making. Specifically,
the treatment group was instructed to use the strategy frameworks introduced
in the training to develop a theory of value, derive hypotheses from this the-
ory, and subsequently use data-gathering and analysis techniques to test these
hypotheses. Coali, Novelli, et al. (2024) provide more insights on the charac-
teristics of the andragogical tools that can support the delivery of these types of
interventions.
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7.3.2 Data-Collection Process

Entrepreneurs provided data on their decision-making processes and business
performance throughout the training program via monthly telephone interviews
conducted by research assistants (RAs). RAs were rigorously trained to ensure
consistency in data collection and coding. Interviews included closed- and
open-ended questions on various aspects of business development, with data
recorded and stored securely. Several measures were implemented to minimize
attrition, such as offering the program free of charge through prestigious univer-
sities and organizing monthly events (identical but run separately for treatment
and control) to encourage ongoing participation.

7.4 Key Findings

The current available empirical evidence on a scientific approach refers to three
key entrepreneurial outcomes: project termination, pivoting, and economic
performance. Results from this stream of research provide insights that can be
used to understand more about the implications of Bayesian entrepreneurship.

7.4.1 Project Termination

Bayesian entrepreneurship and termination One important entreprencurial
outcome is project termination. As ventures progress, entrepreneurs naturally
or deliberately gather data and receive signals about the market, customer
interest, competition, and overall feasibility. This new information serves as
evidence that can be used to update the prior probability into a “posterior
probability”—a refined estimate of the venture’s success prospects. For exam-
ple, if an entrepreneur initially believes that a new product has a high probability
of success but then encounters consistent market feedback indicating a lack of
interest, Bayesian reasoning would involve adjusting this belief (or probability
estimate) downward.

However entrepreneurs might suffer from cognitive biases, such as overcon-
fidence or the sunk cost fallacy, leading them to ignore or misinterpret new
evidence (Chen et al., 2018). Instead of adjusting their beliefs in response to
negative data, they might irrationally maintain the original high probability of
success. This behavior can result in continued investment until external con-
straints, such as running out of funds, force termination (Artinger and Powell,
2016).

A scientific approach and termination: Empirical evidence The research pro-
gram on the scientific approach provides evidence relevant to the dynamics
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discussed above. In a large-scale study involving 759 entrepreneurs observed
for up to eighteen months following the start of their training, Camuffo, Gam-
bardella, Messinese, et al. (2024) demonstrate that a scientific approach to
decision-making is associated with more frequent and timely project termina-
tions. Specifically, entrepreneurs trained in the scientific method are 9.8 percent-
age points more likely to terminate their projects than traditional entrepreneurs
and do so 2.7 weeks earlier. This aligns with the patterns observed in Bayesian
entrepreneurship, wherein scientifically trained entrepreneurs are better able to
identify unpromising ideas more quickly.

Firms may choose to terminate projects or ventures for a variety of rea-
sons, each with different implications (Wennberg and DeTienne, 2014). To
distinguish between these scenarios and understand the underlying mechanisms,
Coali, Gambardella, et al. (2024) go beyond merely examining the termination
decision itself. They explore the entrepreneurs’ own estimates of the value of
their projects throughout the observation period, particularly before the decision
to terminate. Their findings indicate a general disconnect between termination
decisions and entrepreneurs’ expectations prior to the termination event, sug-
gesting that entrepreneurs do not always anticipate termination. However, this
disconnect is less pronounced among entrepreneurs trained to think and act like
scientists. Notably, these trained entrepreneurs tend to lower their expectations
about the value of their ideas and anticipate project termination earlier than
those in the control group. This behavior supports the notion that scientifically
trained entrepreneurs act as Bayesian decision-makers, adjusting their initial
beliefs as they gather new data.

This intuition is further supported by the analysis of the longer-term implica-
tions of the scientific approach. Although entrepreneurs in the treatment group
showed a higher probability of terminating their projects in the short term
(up to eighteen months after the start of the program), the long-term results
(up to five years after the start of the program) indicate that the proportion
of projects terminated by treated and control groups is not significantly dif-
ferent. Over time, the initial discrepancy in termination rates between the two
groups leveled out. By 2023, the termination rate was 75.8 percent for treated
entrepreneurs compared with 81.8 percent for the control group. Interestingly,
the results also show that, after termination, treated entrepreneurs initiated more
new projects compared with their control group counterparts, with an average of
0.805 new projects per treated entrepreneur versus 0.484 for those in the control
group. This suggests the possibility, which should be tested by further research,
that treated entrepreneurs who terminated projects earlier were able to redirect
resources more effectively in line with Felin et al.’s (2020) intuition. This find-
ing is significant, as it demonstrates that, over time, all entrepreneurs, regardless
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of whether they adopt a deliberate learning process, adjust their expectations
downward, likely due to natural market feedback. However, the deliberate pro-
cess followed by scientific entrepreneurs, combined with their willingness to
base decisions on learned insights, enables them to update their expectations
more quickly in line with Bayesian updating.

Coali, Gambardella, et al. (2024) address whether the downward adjustment
made by scientific decision-makers accurately also reflects an update of their
priors based on environmental signals, or if they might react too negatively,
potentially increasing false negatives while reducing false positives. To deter-
mine which of these two possible interpretations is more likely, they make the
following assumption: If the second interpretation is correct and the treatment
made entrepreneurs excessively critical, one should observe that the projects
that are discarded by treated entrepreneurs are of higher quality compared with
those discarded by the control group. To investigate this, they used two rel-
atively “objective” indicators of the value of entrepreneurial projects: (1) the
successful acquisition of external funding (blind to the treatment) and (2) expert
assessments of projects at the baseline. Their examination of the terminated
projects reveals that the proportion of terminated projects securing external
funding did not significantly differ between treated and control groups, nor were
the expert assessments at the baseline superior for projects terminated by treated
entrepreneurs. This suggests that the scientific approach does not lead to an
overcorrection in the idea selection process.

7.4.2 Pivoting

Bayesian entrepreneurship and pivoting Another important entrepreneurial
outcome is pivoting, which refers to a change in a firm’s strategy that reori-
ents its strategic direction (Kirtley and O’Mahony, 2023, p. 199; see also Gans
et al., 2019; Pillai et al., 2020). Given the uncertainty faced by entrepreneurs,
their ideas are subject to change over time. For entrepreneurs using a Bayesian
approach, pivots are a natural outcome of the learning process. Their ideas and
specific configurations of their value propositions are based on prior beliefs
(Felin and Zenger, 2017; Zellweger and Zenger, 2022). As they update these
priors with new information from the environment, their value propositions
also evolve, leading to pivots. However, Bayesian entreprencurs, guided by
a theoretical framework and structured prior beliefs, are more likely to con-
duct a highly targeted search process (Felin et al., 2023). This suggests that
although Bayesian entrepreneurs may pivot more frequently, their pivots are
more focused: When they pivot, they do so based on signals obtained through
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their structured learning process, with a clear and well-reasoned configuration
in mind, rather than pivoting indefinitely in a trial-and-error manner.

In the context of a scientific approach to decision-making, Camuffo, Gam-
bardella, Messinese, et al. (2024) identify two core mechanisms: methodic
doubt and efficient search. They suggest that the mechanism of efficient search
underscores the superior efficiency of scientific entrepreneurs in exploring
potential solutions to business challenges. This efficiency stems from their
enhanced ability to prioritize ideas that are more likely to succeed. Conversely,
the mechanism of methodic doubt increases their awareness of factors that could
diminish the likelihood of an idea’s success. Entrepreneurial ideas are consid-
ered valuable only when supported by thorough reasoning, strong arguments,
and consistent evidence.

A scientific approach and pivoting: Empirical evidence In line with the above,
Camuffo, Gambardella, Messinese, et al.’s (2024) findings reveal that the rela-
tionship between scientific intensity (i.e., the extent to which an entrepreneur’s
decision-making adheres to the principles of a scientific approach to decision-
making) and pivoting is not linear. Instead, scientific decision-makers are more
likely to engage in fewer but more focused pivots rather than not pivoting at
all or pivoting multiple times. Specifically, the scientific treatment increases the
probability of executing a radical pivot once (versus not pivoting or pivoting
many times) by 8.3 percentage points.

Valentine et al. (2024) expand on this by exploring the synergies between
theorization and evidence evaluation—the two key components of a scien-
tific approach to decision-making, which closely mirror the processes of prior
formation, testing, and updating. Their qualitative analysis, provides abun-
dant evidence of the way in which these processes work in the practice of
entrepreneurs.

Through a series of case studies, they illustrate how when the process of theo-
rization guides subsequent evidence gathering, pivot become more focused and
targeted. The process might also uncover unexpected “surprises”—that is, new
relevant attributes that were not initially considered in their priors. Recent work
by Gagliardi and Novelli (2025) provides further support for the disciplined-
pivot argument. Drawing on three randomised controlled trials that tracked
female entreprencurs and ethnic entrepreneurs, the authors show that using a
scientific approach can help user entrepreneurs escape narrow niches, redirect
their strategies toward broader and more promising markets, and ultimately
improve venture performance.
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7.4.3 Economic Performance

Bayesian entrepreneurship and economic performance An important question
in research on Bayesian entrepreneurship concerns whether making decisions
based on this approach ultimately leads to superior economic performance. In
principle, if Bayesian learning results in a more accurate assessment of the key
attributes in the entrepreneur’s environment and the causal linkages between
them, it could be argued that this should enhance the entrepreneur’s ability to
optimize actions and, consequently, maximize utility. Therefore, it is rational to
assume that improved economic performance would be a desirable outcome of
this approach.

A scientific approach and economic performance: Empirical evidence Camuffo,
Gambardella, Messinese, et al. (2024) demonstrate that entrepreneurs who
adopt a scientific approach generally achieve superior economic performance,
generating more revenue compared with control firms, conditional on remain-
ing active. In the top 25 percent of cases, start-ups using the scientific method
generated an average of €28,000 more than control companies over the course
of the experiment. For the top 5 percent, these start-ups earned an average of
€492,000 more.

Additional insights are provided by a study conducted by Agarwal et al.
(2025), which underscores the importance of theory-based prior formation over
an approach focused solely on evidence gathering. In their RCT, they compared
a treatment that combined theorization and evidence evaluation as the basis for
decision-making with a treatment that emphasized evidence evaluation with-
out theorization. The results indicate that entrepreneurs who developed their
priors through a comprehensive articulation of their theory were able to make
coordinated changes in both the core and operational elements of their business
models. This comprehensive approach led to superior performance.

Novelli and Spina (2024) examine the contingencies that influence prior for-
mation and theory development. They particularly note that the utility of a
scientific approach in supporting decisions varies significantly throughout the
entrepreneurial journey. Early in the process of business model development,
entrepreneurs have made only a low degree of strategic commitment to key
business model choices. Radical changes are still possible, and the decision-
making process has many degrees of freedom. In contrast, later in the process
of business model development, strategic commitments have been made, and
decisions involve more granular refinements.

Their study reveals that entrepreneurs exposed to a scientific approach early
in their business model development experience a “back to the drawing board”
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effect. They begin to question their macro choices, increasing their epistemic
uncertainty about the value of the business model. As a result, they delay action
to reconsider their choices with the intention of making changes that will posi-
tion them on a better trajectory later. Consequently, their economic performance
is lower compared with nonscientific entrepreneurs who continue with business
as usual. This finding aligns with Gans et al. (2019), who show that feedback
early in the search process can induce further exploration.

Conversely, when entrepreneurs are exposed to a scientific approach later
in their business model development, after making strategic commitments on
core business model choices, they undergo a process of fine-tuning the existing
model and quickly refine and improve it. As a result, their economic per-
formance increases rapidly. Treated firms that were at an average degree of
business model development at the program’s start experienced revenues that
were 13 percent lower than those of the control group by the end of the program.
However, treated firms that were one standard deviation above the mean in their
degree of business model development at the program’s start reported revenues
that were 38 percent higher than the control group at the end of the program.

7.5 Discussion and Open Questions for Future Research on Bayesian
Entrepreneurship

Overall, the insights from research on a scientific approach suggest that en-
trepreneurs who base their decision-making on a clear articulation of their prior
beliefs, and actively update those beliefs with evidence, tend to engage in earlier
project selection and more focused pivots, and achieve superior economic per-
formance. The findings also indicate that such decision-making approaches can
be effectively taught to entrepreneurs. These insights raise important questions
that could inform future research on Bayesian entrepreneurship.

One key area for further exploration is the process of forming prior beliefs.
The research on scientific decision-making shows that entrepreneurs can be
encouraged to articulate their prior beliefs into a coherent theory of value
through dedicated interventions. However, evidence also indicates that some
entrepreneurs in the control group demonstrated high levels of theorization
without such interventions (Valentine et al., 2024). Therefore, it would be
valuable to investigate alternative mechanisms that enable entrepreneurs to
develop articulated priors. Valentine et al. (2024) provide qualitative evidence
suggesting that entrepreneurial experience is a significant factor for high theo-
rization among control entrepreneurs. Similarly, Gagliardi and Novelli (2025)
and Frosi et al. (2023) highlight that an entrepreneur’s educational background
and domain expertise also influence the development of priors. Jannace and
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Camuffo (2023) further show that the priors developed by scientific decision-
makers differ in their level of parsimony compared with others. Future research
should delve deeper into these aspects to understand the role of environmental
and behavioural contingencies in shaping these important cognitive processes.

A second line of inquiry concerns the process of evidence gathering. Qual-
itative evidence on the scientific approaches to decision-making has revealed
that entrepreneurs employ a wide range of methods to collect evidence
supporting their prior beliefs. These methods include conducting surveys,
detailed customer interviews, A/B testing, as well as conceptual experiments
or the observation of comparative case studies of competitors (Camuffo, Gam-
bardella, and Pignataro, 2024; Novelli and Spina, 2024; Valentine et al., 2024).
Future research could benefit from developing a comprehensive rubric of all
approaches used by entrepreneurs in the process of prior testing under differ-
ent contingencies and analyzing the implications of different approaches on the
development of effective signals.

A third important area for future research involves a closer investigation
into the process of updating prior beliefs. Qualitative data collected in the
context of a scientific approach to decision-making has revealed that some
entrepreneurs exhibit resistance to updating their beliefs. This finding aligns
with existing experimental work on Bayesian learning, which has documented
various systematic learning biases, such as under- or overreaction to informa-
tion, overconfidence, and correlation neglect (Benjamin, 2019). Understanding
the characteristics that make entrepreneurs more receptive to Bayesian decision-
making would be crucial. Finally, future research would benefit from a closer
analysis comparing the Bayesian approach to decision-making with other struc-
tured approaches. This comparison could help assess the effectiveness of each
approach in guiding entrepreneurial decisions, particularly under various types
of environmental contingencies.

In conclusion, the findings from research on a scientific approach to
decision-making offer valuable insights, suggesting that by fostering a system-
atic theory-and-evidence-based methodology, Bayesian entrepreneurship can
enhance entrepreneurs’ ability to make informed and adaptive decisions. As
the field of entrepreneurship continues to evolve in an increasingly complex
and uncertain world, adopting Bayesian principles could provide a promising
pathway to more effective and successful entrepreneurial endeavors.

References

Agarwal, R., Bacco, F., Camuffo, A., Coali, A., Gambardella, A., Msangi, H., Sonka, S., Temu,
A., Waized, B., and Wormald, A. (2025). Does a theory-of-value add value? Evidence from a
randomized control trial with tanzanian entrepreneurs. Organization Science, 36(2), pp. 601-625.

Downl oaded from http://direct. mt.edu/ books/ oa-edited-vol une/ chapter - pdf/ 2595218/ c008400_9780262052160. pdf by guest on


https://doi.org/10.7551/mitpress/15918.001.0001

This is a portion of the eBook at do0i:10.7551/mitpress/15918.001.0001

Novelli 173

Agrawal, A., Camuffo, A., Gambardella, A., Gans, J. S., Scott, E. L., and Stern, S. (2025). The
foundations of bayesian entrepreneurship. Bayesian entrepreneurship. MIT Press, 2025.

Artinger, S., and Powell, T. C. (2016). Entrepreneurial failure: Statistical and psychological
explanations. Strategic Management Journal, 37(6), pp. 1047-1064.

Banerjee, A., Duflo, E., Goldberg, N., Karlan, D., Osei, R., Parienté, W., Shapiro, J., Thuysbaert, B.,
and Udry, C. (2015). A multifaceted program causes lasting progress for the very poor: Evidence
from six countries. Science, 348(6236), p. 1260799.

Benjamin, D. J. (2019). Errors in probabilistic reasoning and judgment biases. In B. D. Bern-
heim, S. DellaVigna, and D. Laibson (Eds.), Handbook of behavioral economics—Foundations
and applications 2 (Vol. 2, pp. 69-186). North-Holland / Elsevier.

Bennett, V. M., and Chatterji, A. K. (2019). The entrepreneurial process: Evidence from a nationally
representative survey. Strategic Management Journal, 44(1), pp. 86—116.

Bowers, J., Higgins, N., Karlan, D., Tulman, S., and Zinman, J. (2017). Challenges to replication and
iteration in field experiments: Evidence from two direct mail shots. American Economic Review,
107(5), pp. 462—465.

Camuffo, A., Cordova, A., Gambardella, A., and Spina, C. (2020). A scientific approach to
entrepreneurial decision-making: Evidence from a randomized control trial. Management Science,
66(2), pp. 564-586.

Camuffo, A., Gambardella, A., Messinese, D., Novelli, E., Paolucci, E., and Spina, C. (2024).
A scientific approach to entrepreneurial decision-making: Large-scale replication and extension.
Strategic Management Journal, 45(6), pp. 1209-1237.

Camuffo, A., Gambardella, A., and Pignataro, A. (2024). Theory-driven strategic management
decisions. Strategy Science, 9(4), pp. 382-396.

Chavda, A., Gans, J. S., and Stern, S. (2024). Theory-based entrepreneurial search. Strategy Science,
9(4), pp. 397-415.

Chen, J. S., Croson, D. C., Elfenbein, D. W., and Posen, H. E. (2018). The impact of learning and
overconfidence on entrepreneurial entry and exit. Organization Science, 29(6), pp. 989—1009.
Coali, A., Gambardella, A., and Novelli, E. (2024). Scientific decision-making, project selection
and longer-term outcomes. Research Policy, 53(6), p. 105022.

Coali, A., Novelli, E., Sirigiri, A., and Spina, C. (2024). A scientific approach to decision-making:
Key tools and design principles. Journal of Business Venturing Design, 3, p. 100023.

Davis, A. M., Flicker, B., Hyndman, K. B., Katok, E., Keppler, S., Leider, S., Long, X., and Tong, J.
(2023). 4 replication study of operations management experiments in management science. SSRN
Scholarly Paper (No. 4135500).

Ehrig, T., and Schmidt, J. (2022). Theory-based learning and experimentation: How strategists can
systematically generate knowledge at the edge between the known and the unknown. Strategic
Management Journal, 43(7), pp. 1287-1318.

Felin, T., Gambardella, A., Novelli, E., and Zenger, T. (2024). A scientific method for startups.
Journal of Management, 50(8), pp. 3080-3104.

Felin, T., Gambardella, A., Stern, S., and Zenger, T. (2020). Lean startup and the business model:
Experimentation revisited. Long Range Planning, 53(4), pp. 101889.

Felin, T., Kauffman, S., and Zenger, T. (2023). Resource origins and search. Strategic Management
Journal, 44(6), pp. 1514-1533.

Felin, T., and Zenger, T. R. (2017). The theory-based view: Economic actors as Theorists. Strategy
Science, 2(4), pp. 258-271.

Frosi, C., Mariani, M., and Gagliardi, L. (2023). Is it a match? Training entrepreneurs to make
decisions favors the prepared mind. In Academy of Management Proceedings (Vol. 2023, No. 1, p.
14047). Briarcliff Manor, NY 10510: Academy of Management.

Gagliardi, L., and Novelli, E. (2025). Female entrepreneurs targeting women: Strategic redirection
under scientific decision-making. Organization Science, 36(2), 718-736.

Downl oaded from http://direct. mt.edu/ books/ oa-edited-vol une/ chapter - pdf/ 2595218/ c008400_9780262052160. pdf by guest on


https://doi.org/10.7551/mitpress/15918.001.0001

This is a portion of the eBook at do0i:10.7551/mitpress/15918.001.0001

174 A Scientific Approach as Bayesian Learning

Gans, J. S., Stern, S., and Wu, J. (2019). Foundations of entrepreneurial strategy. Strategic
Management Journal, 40(5), pp. 736-756.

Jannace, D., and Camuffo, A. (2023). Curbing the addition bias: Scientific approaches and propen-
sity to subtract in entrepreneurial ideas. In Academy of Management Proceedings (Vol. 2023, No. 1,
p. 15426). Briarcliff Manor, NY 10510: Academy of Management.

Kirtley, J., and O’Mahony, S. (2023). What is a pivot? Explaining when and how entrepreneurial
firms decide to make strategic change and pivot. Strategic Management Journal, 44(1), pp. 197-230.
Leatherbee, M., and Katila, R. (2020). The lean startup method: Early-stage teams and hypothesis-
based probing of business ideas. Strategic Entrepreneurship Journal, 14(4), pp. 570-593.

Novelli, E., and Spina, C. (2024). Making business model decisions like scientists: Strategic

commitment, uncertainty, and economic performance. Strategic Management Journal, 45(13), pp.
2642-2695.

Pillai, S. D., Goldfarb, B., and Kirsch, D. A. (2020). The origins of firm strategy: Learning by eco-
nomic experimentation and strategic pivots in the early automobile industry. Strategic Management
Journal, 41(3), pp. 369-399.

Valentine, J., Novelli, E., and Agarwal, R. (2024). The theory-based view and strategic pivots: The
effects of formalization in cognition and action on the type and nature of pivots. Strategy Science,
9(4), 433-460.

Wennberg, K., and DeTienne, D. R. (2014). What do we really mean when we talk about “exit”? A
critical review of research on entrepreneurial exit. International Small Business Journal, 32(1), pp.
4-16.

Zellweger, T., and Zenger, T. (2022). Entrepreneurs as scientists: A pragmatist alternative to the
creation-discovery debate. Academy of Management Review, 47(4), pp. 696—699.

Downl oaded from http://direct. mt.edu/ books/ oa-edited-vol une/ chapter - pdf/ 2595218/ c008400_9780262052160. pdf by guest on


https://doi.org/10.7551/mitpress/15918.001.0001

This is a section of doi:10.7551/mitpress/15918.001.0001

Bayesian Entrepreneurship

Edited by: Ajay Agrawal, Arnaldo Camuffo, Alfonso Gambardella,
Joshua Gans, Erin L Scott, Scott Stern

Citation:

Bayesian Entrepreneurship

Edited by: Ajay Agrawal, Arnaldo Camuffo, Alfonso Gambardella, Joshua Gans, Erin
L Scott, Scott Stern

DOI: 10.7551/mitpress/15918.001.0001

ISBN (electronic): 9780262052160

Publisher: The MIT Press

Published: 2026

The open access edition of this book was made possible by generous funding and
support from MIT Press Direct to Open

||||‘|| The MIT Press

Downl oaded from http://direct.mt.edu/ books/ oa-edited-vol une/ chapter-pdf/ 2595218/ c008400_9780262052160. pdf by guest on


https://doi.org/10.7551/mitpress/15918.001.0001

MIT Press Direct

The MIT Press

Massachusetts Institute of Technology
77 Massachusetts Avenue

Cambridge, MA 02139
mitpress.mit.edu

(©) 2026 Massachusetts Institute of Technology
This work is subject to a Creative Commons CC-BY-NC-ND license.
This license applies only to the work in full and not to any components included with permission.

Subject to such license, all rights are reserved. No part of this book may be used to train artificial
intelligence systems without permission in writing from the MIT Press.

@

The MIT Press would like to thank the anonymous peer reviewers who provided comments on drafts
of this book. The generous work of academic experts is essential for establishing the authority and
quality of our publications. We acknowledge with gratitude the contributions of these otherwise
uncredited readers.

This book was set in Times New Roman by Westchester Publishing Services. Printed and bound in
the United States of America.

Library of Congress Cataloging-in-Publication Data is available.
ISBN: 978-0-262-05215-3

EU Authorised Representative: Easy Access System Europe, Mustamide tee 50, 10621 Tallinn,
Estonia | Email: gpsr.requests@easproject.com

Downl oaded from http://direct. mt.edu/ books/ oa-edited-vol une/ chapter - pdf/ 2595218/ c008400_9780262052160. pdf by guest on


http://mitpress.mit.edu
mailto:gpsr.requests@easproject.com

