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Abstract 

Policy documents guide technological transformations. Prior research on national artificial 

intelligence (AI) strategies has examined how these texts articulate governance values and 

principles, but how they promote identification, urgency, and action is less well understood. 

This gap is especially striking given arguments that national AI strategies are typically written 

for policy professionals. We show that these documents are also widely used as publicly 

accessible reference points in debates on responsible AI. Building on the narrative turn in 

public policy scholarship, we analyse 22 European national AI strategies. We find that AI 

strategies create normative entrainment through affect, constituted by three narratives: (1) 

establishing normative orientations by ascribing societal values to AI; (2) anchoring these 
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orientations by invoking social emotions that embed AI in cultural identity and everyday life; 

and (3) promoting implementation by juxtaposing moral emotions such as fear and hope while 

mobilising urgency, leadership, and responsibility. By specifying how emotional narratives are 

woven into policy texts, this framework contributes to research on the communicative 

construction of AI policy and offers implications for responsible digital transformation. 

 

Keywords: artificial intelligence; emotions; national strategies; narratives; policy documents 
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1. Introduction 

Policy documents, such as national Artificial Intelligence (AI) strategies, function as artefacts 

of coordinative and communicative discourse that articulate sociotechnical imaginaries of AI 

(Jasanoff and Kim 2009; Mager and Katzenbach 2021; Bareis and Katzenbach 2022). They are 

also instruments of normative guidance, delineating values, standards, and ideals that orient 

stakeholders as they comprehend, devise, and reflect on digital transformations (Flink and Kal-

dewey 2018; Nielsen, Elmholdt and Noesgaard 2023; Ospina and Dodge 2005; White 1999). 

How these policies frame and communicate technology through narrative is consequential for 

subsequent implementation (Guenduez and Mettler 2023). 

The salience of normative orientation is particularly evident in AI policy documents, given 

widespread social alarm about potential social and ethical harms, unfolding amid a global tech-

nology race (Ulnicane 2023; Schiff 2024). In mapping normative orientations, scholars have 

highlighted the incorporation of governance principles such as transparency, fairness, non-ma-

leficence, responsibility, and privacy in AI policy documents (Morley et al. 2019; Foffano et 

al. 2020; Jobin et al. 2019; Vesnic-Alujevic et al. 2020). Beyond these principles, policy doc-

uments also appeal to concepts such as superintelligence (Bostrom 2014), technological singu-

larity (Shanahan 2015), and the Fourth Industrial Revolution (Schwab 2017). They incorporate 

talk of a “global AI race”, often fuelled by “great powers” discourse (Radu 2021), to signal 

technological momentum. Despite increasing research on AI discourses (e.g. Ulnicane 2024; 

Schiff 2024; Jobin et al. 2019) and on the narratives and normative principles conveyed in 

national AI strategies (Djeffal et al. 2021; Radu 2021), little is known about how normativity 

is rhetorically and narratively constructed and conveyed beyond these terms and governance 

frameworks. The persuasive mechanisms through which these documents advance normative 

orientation remain largely unexplored. We argue that a focus on key terms and governance 
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frameworks alone cannot explain how policy documents cultivate identification, generate a 

sense of urgency, and ultimately support enactment of change. 

In this study we engage with the narrative turn in public administration (White 1999; Dodge, 

Ospina and Foldy 2005; Ospina and Dodge 2005; Orr and Bennett 2017; Nielsen, Elmholdt 

and Noesgaard 2023) and with scholarship on the agentic role of narrative work (Vaara and 

Tienari 2011) in guiding digital transformations through policy documents (Nielsen et al. 2023; 

Orr and Bennett 2017). The study focuses on narratives of AI (cf. Mettler et al. 2024) as 

expressed in 22 European Union national AI strategies and as discussed by policymakers. We 

focus on AI policy documents because AI is a complex, cross-sectoral technology that presents 

interlinked ethical, economic, and social challenges (Jobin, Ienca and Vayena 2019; Ulnicane 

and Aden 2023; Guenduez and Mettler 2023). Empirically, we analyse the strategy documents 

and complement this with interviews and participant observations in three committees drafting 

AI strategies over a six-month period. 

Guided by an abductive research design, the analysis began with an interest in how national AI 

strategies narratively construct normative direction, and it quickly foregrounded a recurring 

juxtaposition of emotionally charged narratives. Interviews and observations indicate that 

normative orientations are crafted intentionally, directed to policymakers but also broader 

publics, and supported by a strategic use of rhetoric. In the policy documents, we show that 

normative orientations are not only communicated through key governance terms and 

frameworks, as prior literature often emphasises (e.g. Morley et al. 2019; Foffano et al. 2020; 

Jobin et al. 2019; Radu 2021; Shanahan 2015; Schwab 2017; Vesnic-Alujevic et al. 2020). 

They are also conveyed through emotionally charged narratives, which we conceptualise as 

normative entrainment through affect. Entrainment refers to a process of emotional and 

cognitive alignment that emerges through engagement with policy text (Collins 2004). 
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Normative entrainment through affect is formed by three overarching narratives. The first 

establishes normative orientations by ascribing societal values to AI. The second anchors these 

orientations by invoking social emotions that embed AI in cultural identity and everyday life. 

Entrainment is most pronounced in the third narrative, which is the central contribution of this 

study. This narrative promotes enactment of normative orientations by juxtaposing moral 

emotions such as fear or anxiety with hope, thereby mobilising urgency, leadership, and 

responsibility. By evoking emotions such as fear, hope, or pride that resonate with readers, the 

policy documents steer them towards particular visions of AI and towards the urgency of 

action. 

Our theoretical contribution is to provide insights into how narratives define normative 

orientations that guide digital transformations through policy text. We engage with scholarship 

that explains the active role taken by European Union countries in directing sectors and 

technologies (Seidl and Schmitz 2023). We build on prior work that treats narratives as central 

communication resources in advancing policy and developing technology change (Boje 2008; 

Borins 2011; Schmidt 2003; Schmidt 2011; Mettler, Miscione, Jacobs and Guenduez 2024). 

We extend the understanding of technology narratives in policy text by moving beyond 

descriptions of categories and governance frameworks (Flink and Kaldewey 2018; Schot and 

Steinmueller 2018; Sharif 2006) and beyond debates on how AI policies frame current 

controversies (Ulnicane 2024). Instead, we show the importance of emotional narratives and 

how they can promote a sense of urgency and support the enactment of normative orientations. 

We contribute by theorising the mechanism we call normative entrainment through affect, and 

by showing the agentic use of emotions to anchor normative orientations in identity-related 

feelings and to mobilise urgency around particular visions of AI. 
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Given our data source, policy texts, we do not trace causal effects on stakeholder behaviour, 

nor are we able to measure readers’ feelings. Rather, we examine how policy texts use affective 

cues to make particular futures appear desirable or risky and to position responsible AI as a 

collective and actionable project. We connect these narratives to normative considerations and 

to the politicisation of AI discourses foregrounded by scholars (Raisch and Krakowski 2021; 

Gregory et al. 2022; Radu 2021), with implications for understanding the communicative 

construction of AI and the construction of responsible innovation. 

 

2. Theory 

2.1. Narrative Work as Means of Persuasion in Public Administration 

We situate this research within debates on the communicative construction of policymaking, 

understood as encompassing both a set of policy ideas and an interactive process through which 

policy is made via communication (Schmidt 2003). In this debate, narratives are essential 

resources that policy actors use to construct policy and shape policy debates (Nielsen et al. 

2022). Narratives have been defined as temporal, discursive constructions that provide the 

mechanics of individual, social, and organisational sensemaking (Vaara et al. 2016). They are 

often described as having a coherent beginning, middle, and end (Boje 2008), yet in practice 

they are frequently provisional and appear as story fragments that have not settled into ordered 

narratives (Vaara and Tienari 2011). A narrative perspective matters because it emphasises that 

institutions are active social projects (Fligstein and McAdam 2012) in which meaning is 

constructed (Down and Warren 2008; Phillips et al. 2013) with the intention of persuading 

others towards the realisation of a desired future (Vaara, Sonenshein and Boje 2016). 

Narratives can be used “more or less purposefully to create meaning” (Vaara and Tienari 2011, 
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372) and to persuade others regarding ‘who and what is […] acceptable’ (Meriläinen et al. 

2004, 544). This has been described as narrative work (Vaara and Tienari 2011). 

In public policy, although narrative research has been sporadic in the past (Borins 2011; Orr 

and Bennett 2017), interest in stories and narratives is increasing. Most studies of narratives, 

and especially of their agentic and persuasive role in shaping meaning and influence, also 

described as engagement, have focused on the stories told by people (Bevir 2011; Ospina and 

Dodge 2005; Orr and Bennett 2017; Wagenaar 2004). Public administration scholarship has 

examined narratives and stories told by managers (Hummel 1999), collected tales from state 

organisations (Schram and Neisser 1997), and analysed the lively narrative work of street-level 

bureaucrats (Maynard-Moody and Musheno 2003). Across this work, people are typically 

presented in situations of change, or reacting to change, and described as agents of storytelling 

who make sense of the complexity (Weick 1995) of policymaking (Orr and Bennett 2017). 

Narratives often involve both cognitive and normative aspects. Cognitive arguments seek to 

justify policy orientations and reforms (Schmidt 2003), typically by referencing external causes 

such as growing competitive pressures, as well as internal ones. Normative arguments “seek to 

legitimise proposed reforms through appeal to values. Such appeals are often longstanding 

values, such as when governments contend that reforms will not violate the values upon which 

the welfare state was built” (Schmidt 2003, 135). In a business ethics context, such normative 

arguments may reflect growing calls for responsible AI governance, as managers and 

policymakers address issues such as bias, transparency, and worker protection (Goos and 

Savona 2024; Kellogg et al. 2020). 

In AI policy documents, the cognitive side of narrative is especially visible in claims that AI 

development is inevitable, accelerating, and internationally competitive. Such claims often 

resemble technological-determinist reasoning: they present technology as an external force to 
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which public organisations, firms, and citizens must adapt. This cognitive framing supplies a 

causal logic for the affective work analysed below, because warnings about falling behind or 

promises of leadership become persuasive once technological momentum is narrated as 

difficult to resist (cf. Van Lente et al, 2013; Bareis and Katzenbach 2022; Campolo and 

Crawford 2020). 

Narratives, however, may also involve the manipulation of emotions. The core premise of 

emotional narratives is that they can evoke emotional states (Polletta 2005). Such narratives 

can be central to influencing behaviour in significant instances, including a person’s disposition 

to join a new activity and the communication of policy change. Emotional narratives often 

evoke moral emotions (Collins 2004) such as shame, hope, and embarrassment (Creed et al. 

2014), which are typically linked to the ascription, or lack of ascription, to values. Narratives 

also mobilise social emotions (Collins 2004), understood as emotions related to evaluations of 

the self in relation to others (Collins 2004). Negative social emotions include fear of the other 

and anxiety (Chan and Anteby 2016). Narratives that mobilise positive social emotions to drive 

engagement and change often relate to the promotion of a sense of collective identity, or sense 

of we-ness, and a collective call to action (Polletta 2005). Emotion research has also 

conceptualised affect along the dimensions of valence (positive versus negative) and activation 

(high versus low) (Russell 1980; Russell 2003). 

In policy settings, these affective cues can support engagement. Moisander et al. (2016), for 

example, show how the Finnish government created highly emotional narratives in support of 

Finland joining the European Union; these narratives eclipsed, diverted, and evoked new 

emotions underpinning legitimacy judgements. Orr and Bennett (2017) describe policymakers 

who use stories that invite emotional connection and commitment to public service, while also 
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provoking reflection on practices and assumptions. Despite these contributions, analysis of the 

emotional content of public policies remains scarce. 

2.2. National AI Strategies as Documents of Communicative Construction  

National AI strategies have been defined as “guiding policies to set strategic vision and 

approaches to AI. These include AI-related priorities and goals and, in some cases, a roadmap 

for achieving them” (Berryhill, Heang, Clogher and Mcbride 2019, 73). Following the 

publication of an OECD (Organisation for Economic Co-operation and Development) report 

in 2019 outlining the focus areas of AI strategies (Berryhill et al. 2019), many governments 

worldwide have defined national AI strategies in recent years. National AI strategies are 

particularly relevant as policy documents because international standards on AI have only 

recently begun to develop (Bryson and Malikova 2021), and governments rely on their own 

national AI strategies to guide the private and public sectors (Hjaltalin and Sigurdason 2024).  

Scholars have outlined the most frequent themes appearing in these policies (e.g. strategy, 

regulations and standards) (Wirts et al. 2021) and the contextual factors, including domain-

specific challenges (Kankanhalli, Charalabidis and Mellouli 2019; Sousa, Melo, Bermejo, 

Farias and Gomes 2019) and national contexts (Sharma, Yadav and Chopra 2020; Wirts et al. 

2021). Scholars are also starting to analyse the characteristics of narratives in national AI 

strategies. For example, Bareis and Katzenbach (2022) analyse the narratives portrayed in the 

national AI strategies of China, the United States, France, and Germany. They show how these 

strategies describe AI as an inevitable and massively disruptive technological development 

through rhetorical devices such as ‘a grand legacy’ and ‘international competition’. Cath et al. 

(2018) analysed AI reports released by the White House, the European Parliament, and the UK 

House of Commons and identified similar rhetoric addressing ethical, social, and economic 



10 

concerns. Guenduez and Mettler (2023) argue that narratives in national AI strategies focus on 

minimising the risks while exalting the opportunities of AI.  

We argue National AI strategies can be read as sociotechnical imaginaries, that is, collectively 

articulated visions of desirable futures that link technological development to social order 

(Jasanoff and Kim 2009; Bareis and Katzenbach 2022). In discursive institutionalism terms, 

these strategies operate both as coordinative discourse among policy actors and as 

communicative discourse that signals intentions to external stakeholders (Schmidt 2003; 

Schmidt 2008). Despite the increasing research looking at the narratives of National AI 

strategies, the way in which these National AI strategies convey normativity and therefore 

policy direction is still to be clarified. This direction has important business ethics implications 

such as questions about accountability, regulatory compliance, and stakeholder well-being 

which remain insufficiently explored in previous narrative analysis of AI policies (Hermann 

2022; Rhue 2023). 

 

3. Methods 

3.1. Context of the Study 

Our research focuses on 22 national AI strategies from states of the European Economic Area 

(EEA). National AI strategies are developed by member states independently from European 

Union and Commission policy documents. Yet, it is important to consider the context in which 

they are developed. In recent years, the European Union has positioned itself as a frontrunner 

in the global debate on AI governance and ethics. Prominent examples of EU efforts include 

the General Data Protection Regulation adopted by the European Commission in April 2016, 

the Communication on Artificial Intelligence for Europe, in which the European Commission 
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(2018) sets out ‘a European initiative on AI’ with three main aims: to boost the EU’s 

technological and industrial capacity and AI uptake; to prepare for socio-economic changes 

brought about by AI (with a focus on labour, social security, and education); and, ultimately, 

to ensure ‘an appropriate ethical and legal framework, based on the Union’s values and in line 

with the Charter of Fundamental Rights of the EU’. Furthermore, in December 2018, the EU 

Commission presented a coordinated plan entitled ‘Made in Europe’ to promote the 

development and use of AI in Europe; this required all member states to have developed and 

implemented their own national AI strategies by the middle of 2019. Although this objective 

was not met, numerous EU countries engaged in the process of developing the national AI 

strategies that we analyse in this project. National AI strategies in the EU primarily relate to 

the implementation of AI technology, in conjunction with existing or, at the time of writing, 

forthcoming regulatory frameworks such as GDPR and the AI Act, which impose rigorous 

rules on how data is used, the level of transparency required, and the need for accountability. 

3.2. Data Collection 

We collected data from 22 national AI strategy documents; other overarching national-level 

policy instruments, such as agendas and plans, whenever they were explicitly mentioned or 

hyperlinked within these strategies; participant observations in three committees drafting AI 

strategies over a six-month period; and three semi-structured interviews. Table 1 summarises 

the empirical material used in this study. 

 

----- Insert Table 1 ‘Empirical material used in the study’ about here---- 
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3.2.1. National AI Strategies Documents and Overarching National-level Agendas and Plans 

We systematically collected and analysed 22 national AI strategies (for brevity, we refer to 

these in the text as ‘strategies’) from the states of the European Economic Area (EEA). We 

complemented the study with the collection and analysis of other overarching national-level 

policy instruments, such as agendas and plans.  

As shown in Table 2, our sample includes European Union member states and EFTA states, 

i.e., Iceland, Liechtenstein, and Norway. Our main source for retrieving these documents was 

the OECD AI Policy Observatory’s list of strategies (OECD Observatory). 

 

----- Insert Table 2  

‘National AI Strategies within EU/EEA - Sample Overview ‘ 

about here---- 

 

Our sampling strategy consisted of a systematic process intended to ensure comparability and 

coherence in our data. The first step was to collect all strategy documents within the EU/EEA 

area, resulting in an initial list of 28 strategies. In the second step we filtered the sample, 

retaining only those documents with a clear national-level perspective; thus, we excluded any 

strategies that were focused only on a single sector or industry, such as academia, producing 

industries, or single stakeholders (e.g., intragovernmental agencies); this was necessary to 

ensure document consistency. Finally, we confirmed the resulting sample through a systematic 

internet search at country level using the search terms [country name], artificial intelligence, 

and AI in combination with strategy, plan, or governance. We supplemented these steps by 
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consulting official government websites. The selection process yielded a final list of 22 

documents from 21 countries (Finland has produced two complementary AI strategy 

documents). At the time of data collection, nine EU/EEA countries had not published a national 

AI strategy (viz. Bulgaria, Croatia, Greece, Hungary, Ireland, Poland, Romania, Slovenia, and 

Liechtenstein). 

The documents in the final sample were all published between September 2017 and February 

2020. Documents ranged from 12 to 136 pages of text, resulting in an overall corpus of 1,068 

pages. In the great majority of cases, we relied on English versions, using online translation 

tools where original documents were unavailable in English at the time of writing (i.e., for 

Cyprus, France, Italy, and Latvia). To ensure the quality of the translation, two authors 

independently read each translation carefully to identify passages that seemed ambiguous, 

incomplete, or incomprehensible. No issues were detected, save for one exception in the 

Cyprus document in which the term artificial intelligence was translated correctly but the 

abbreviation AI was translated incorrectly throughout as TN (from ‘Τεχνητή νοημοσύνη’). 

3.2.2. Interviews and Participant Observation  

Furthermore, our research is rooted in expert engagement with the development of national AI 

strategies. Our understanding of the context and data was informed by one author’s participant 

observation of three strategy processes over six months. We also conducted three semi-

structured interviews with policy experts involved in writing and disseminating several 

national AI strategies. This field knowledge enabled us to use elements of an ethnographic 

approach when interpreting the function of the documents and the rhetorical intent of the texts. 

Access to local knowledge was important in shaping the study’s initial focus on narrative 

orientation, stakeholders, and the intended role of rhetoric. In our interviews, we checked our 

interpretations with members of the network to ensure relevance. 
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3.3. Data Analysis 

Our analysis is grounded in interpretive approaches that treat language as constitutive (Gabriel 

2015) of societal meaning and interactions (Collins 2004). In line with discursive 

institutionalism, we approach national AI strategies as discursive artefacts that both coordinate 

policymaking and communicate visions to stakeholders (Schmidt and Radaelli 2004; Schmidt 

2003). Our analysis unfolded in four steps.  

First, we mapped the structure of each strategy and created a descriptive template of recurring 

building blocks, including definitions, illustrative applications, opportunities, threats, goals, 

and measures. This analysis helped us to understand not only the overall content of the 

documents but also the common structural features and discursive elements. The template is 

available as an annex from the authors.  

Second, we searched for patterns of narrative normativity. We followed an abductive logic, 

iterating between theory and data (Patton 2002). We started with an interest in how strategies 

narratively construct normative direction, but what struck us in the text was not only the use of 

keywords that direct principles of governance, as emphasised in the literature, but also a 

recurring set of affectively charged juxtapositions of opportunity and threat. This observation 

motivated our interest in the emotionality of the narratives. For example, in Belgium’s national 

AI strategy, we found passages that directly juxtapose emotional cues: 

“We live in exciting times. […] [T]his technology can set us free, granting us more time for 

the things that define our humanness, like family and creativity, or - simply put - the pursuit of 

happiness. […] But while many countries are already making significant investments, we are 

at risk of falling behind.” (Belgium, p. 2-3) 
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While this excerpt simultaneously conveys positive affect (excitement) and negative affect 

(risk), other fragments across strategies further encode fear, hope, or collective pride. For 

instance, describing how a country might “fall behind” can be read as evoking fear of missed 

opportunities; similarly, highlighting national pride in “AI made in Germany” can be seen as 

evoking enthusiasm or collective pride. We acknowledge that these textual references may not 

always overtly claim “we are afraid” or “we are proud,” but we argue that they can serve as 

rhetorical devices that stir emotional reactions, even if subtly. These patterns were captured in 

abductive coding of narrative fragments. As described in the theory section, we used Collins’s 

(2004) broad classification of social and moral emotions. We were also inspired by Jasper’s 

(2011) emotional battery mechanism. Beyond the codification of narratives, we captured text 

segments relating to moral emotions (i.e. perceptions of technological harm, fear of falling 

behind, care, hope, and responsibility to act) and social emotions (i.e. pride in national or 

collective identity, a sense of cultural competition, and a sense of we-ness or togetherness). 

Through an abductive process, we examined the rhetorical functions that these narratives 

appear to perform for readers and the main emotions they mobilise.  

Third, we clustered narrative fragments into six sub-narratives and examined their 

relationships, which resulted in three overarching narratives (Figure 1). We were guided by the 

different points at which normativity was constructed. We found that, beyond establishing 

normative orientations with key terms and values, as stated in the literature, emotions were 

used to anchor normativity and promote a sense of urgency. These three elements informed our 

model of normative entrainment through affect, which is the main contribution of the paper.  

Fourth, to triangulate our manual coding, we employed computational text analysis. This 

allowed us to describe the valence and frequency of emotional cues (Figure 2), calculate the 

relative share of positive, negative, and neutral cues per document (Figure 3), analyse the 
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distribution of valenced cues along a normalised document axis (0–1) to capture differences in 

emotional sequencing across countries (Figure 4), and compare documents in terms of their 

levels of activation/arousal (Figure 5). Computational text analysis followed Russell’s (1980, 

2003) circumplex model of emotions, capturing valence (positive, negative, neutral) and 

activation/arousal (high versus low). Valence was operationalised using VADER sentiment 

analysis following Hutto and Gilbert (2014), while activation was operationalised using the 

arousal lexicon developed by Warriner et al. (2013). These computational results do not exactly 

mirror the emotions found in our narratives; rather, they reinforce the finding that positive and 

negative emotions act as emotional batteries and complement the qualitative analysis by 

visualising how affective cues pattern across documents and emphasising where the emotional 

batteries (fear/hope) tend to concentrate.  

 

----- Insert Figure 1  

‘Recurring themes and narratives in National AI strategies’ 

about here---- 

 

3.4. Quality Control 

A static analysis of documents cannot capture the real-time dynamics of policymaking or the 

negotiations among actors who influenced these texts. At the same time, treating national AI 

strategies as stand-alone bodies of knowledge (Foucault 1979) enables analysis of how policy 

documents materialise and stabilise visions of responsible AI. Rigour in this interpretive 

tradition relies on reflexivity, transparency of coding decisions, and plausibility checks. We 

used two complementary forms of contextualisation. First, we conducted three semi-structured 
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interviews with policymakers and advisors involved in drafting national AI strategies. Second, 

one author participated as a member of three national committees involved in strategy 

development over a six-month period. These sources were used for contextual understanding 

and member checking of emerging interpretations, not as primary data for generating the 

narrative strategies.  

Our references to fear or anxiety, hope, and pride reflect interpretive judgements about textual 

cues, rather than direct measures of emotional states. We therefore do not infer author intent or 

claim that any particular reader necessarily experiences these emotions. Instead, we identify 

narrative patterns that are affectively charged, for example through the juxtaposition of risk 

and opportunity or appeals to national leadership. We also acknowledge that emotional 

meanings can be culturally situated. We mitigate this risk by focusing on broad narrative 

patterns that recur across 22 European strategies and by carefully checking translations. 

Nonetheless, cross-cultural interpretation remains a limitation of document-based analysis. 

 

4. Results 

We begin the findings section with a reflection, based on our interviews and observations, on 

the intentional promotion of particular normative orientations in policy texts and on how these 

texts address not only policymakers but also broader societal audiences. We document delib-

erate rhetorical work aimed at mobilising public discourse around AI. We then argue that this 

normative orientation extends beyond key governance terms and frameworks, and is instead 

constituted through emotionally charged narratives that together form what we call normative 

entrainment through affect. 
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Normative entrainment through affect consists of three overarching narratives: (1) establishing 

normative orientations by ascribing societal values to AI; (2) anchoring these orientations by 

invoking social emotions and embedding AI within cultural identity and everyday life; and (3) 

promoting enactment of these orientations by juxtaposing fear or anxiety with hope, and by 

mobilising leadership and responsibility. Figure 2 summarises these narratives, their relation-

ships with sub-narratives, and the types of emotions involved. We conclude the findings section 

by examining variability in the distribution of emotions, which is especially salient in the third 

narrative. 

 

----- Insert Figure 2  

‘Normative entrainment through affect in AI strategy documents’ 

about here---- 

 

4.1. Normative Orientation in the Construction of National AI Strategies 

Our analysis of interviews and observations of national AI strategy processes yields three find-

ings. First, there is agency in the promotion of particular normative orientations. Second, na-

tional AI strategy texts are designed to address not only policymakers but also a broader range 

of societal audiences. Third, they are developed with an explicit rhetorical intent to shape and 

mobilise public discourse around AI. We elaborate on these findings below. 

Respondents repeatedly emphasised that national AI strategies are meant to legitimise subse-

quent action by framing AI development as both inevitable and normatively guided. In this 
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sense, national AI strategies perform a mandate-setting function. They authorise future poli-

cies, investments, and regulatory initiatives by embedding them within a collectively endorsed 

vision. Accordingly, strategies are less about immediate governance and more about shaping 

technological imaginaries and preparing the ground for future governance. As one policy ad-

visor explained, the intention was not to prescribe concrete measures, but to set a broad nor-

mative and political horizon: “[we defined] very generic goals of the AI strategy in mind, i.e. 

developing common good-oriented, value-based mis-anthropy… it describes the big perspec-

tives and directions … but also creating something like a political mandate for action” (policy 

advisor, 2A). 

Although much of the literature argues that national AI strategies primarily address policymak-

ers, our interviews and observations show that they are intentionally written for a much broader 

set of audiences. Respondents consistently described these documents as multi-purpose texts 

that serve internal governmental coordination while simultaneously communicating with in-

dustry actors, civil society, and the general public. From a policy perspective, national AI strat-

egies function as foundational frameworks. They provide orientation for more detailed and 

sector-specific regulations, for example in education, justice, transport, energy, and enforce-

ment. As one advisor noted, they position the state as a framework-setting actor across a wide 

array of policy domains. Yet their role extends beyond internal coordination by promoting the 

entrainment (Collins 2004) of subsequent actors to align with the frames and priorities they 

establish. As one interviewee put it: “we somehow address all those politically responsible” 

(policy advisor, 2A). 

This broad formulation reflects an intentional ambiguity about who exactly is being addressed. 

In practice, national AI strategies signal responsibility and expectations to multiple stakehold-

ers: “We wanted to signal who should be in charge [companies, infrastructure owners] and 
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promote best practices” (policy advisor, 1C). Respondents also emphasised that the orientation 

towards audiences varies across countries. Some strategies are more public-sector oriented, 

while others are explicitly targeted at private firms and technology companies, which are often 

seen as the first and most responsive actors. Others extend further to civil society, particularly 

in relation to AI and rights: “the orientation to policy actors varies amongst countries, some 

countries are more public sector oriented… others develop more transversal policies, in others 

the recipients are private and tech companies, which are the first to react… Also the civil soci-

ety to get prepared on an AI agenda on rights” (policy advisor, 1C). Importantly, national AI 

strategies are not confined to written policy documents. Respondents described how these strat-

egies are translated into dossiers, videos, media briefings, and other communicative formats 

intended for public dissemination: “as a framework-setting actor for sectoral policies… but 

also [from these documents] they produce dossiers, they make videos, they do all sorts of things 

and that then serves the broader public … it is certainly important that we at least try to give 

this topic enough attention” (policy advisor, 2A). We therefore argue that national AI strategies 

perform a communicative function that goes beyond coordinating specific policy communities 

(Schmidt 2003), and that they serve an entrainment role for broader publics. 

Our third finding concerns the explicitly rhetorical intent underlying national AI strategies. 

Respondents described deliberate efforts to balance accessibility and precision, ambition and 

reassurance, and urgency and control. Rather than neutral policy texts, national AI strategies 

are carefully calibrated narratives aimed at shaping how AI is emotionally perceived. Their 

language must be simple enough to travel through journalistic channels, while remaining pre-

cise enough to retain credibility among experts. Respondents also emphasised how national 

political imaginaries shape the rhetoric of AI strategies. In several cases, the rhetorical framing 

was strongly influenced by top political leadership: “in [country] it was the president who im-

posed the rhetoric. In one it was about the fear of missing up the 4th industrial revolution” … 
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“in [country] it was about wanting to be a hub, leaders of innovation for the rest of the region” 

… “it was very related to a higher imaginary of the country” … “it needed to be ambitious, we 

wanted to make others understand the transformation power” (policy advisor, 1C). Here, AI 

strategies are embedded in broader narratives of national destiny, competitiveness, and leader-

ship. Rhetoric of ambition and transformation positions AI not merely as a technology but as 

a vehicle for national renewal and global relevance. 

At the same time, respondents highlighted a strong concern with managing public anxiety and 

media-driven “hysteria” around AI. National strategies were described as attempts to stabilise 

discourse and channel emotional reactions into constructive momentum: “momentum means, 

first of all, something like a shared responsibility for setting a shared mandate for action” (pol-

icy advisor, 2A). “the question of the hysteria surrounding this issue, which in [country], as in 

all other countries, was developing to the point of unbearableness. Yes, especially the hysteria 

conveyed by the media” (policy advisor, 2A). These statements indicate that AI strategies have 

both a rhetorical intent and an intent to stabilise public emotions. To develop a more fine-

grained understanding of how national AI strategies convey emotions, we therefore systemat-

ically analysed the policy documents. 

4.2. Normative Entrainment through Affect 

We now describe the results of our text analysis. We show a mechanism of normative entrain-

ment through affect. Normative entrainment through affect comprises three overarching narra-

tives: first, establishing the normative orientation by ascribing societal values to the develop-

ment of AI; second, anchoring the normative orientations by evoking social emotions that em-

bed AI in cultural identity and everyday reality; and third, promoting the enactment of the 

normative orientation by juxtaposing emotions and mobilising leadership.  
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4.2.1. Establishing the Normative Orientation: Ascribing Societal Values to the Development 

of AI 

In the first narrative, policy documents aim at establishing a normative orientation by ascribing 

societal values to the situatedness of AI in society (especially in terms of its relationship to 

human workers). This, in turn, informs the design principles for appropriate or good AI. The 

envisioned social situatedness of AI builds on human centricity, non-discrimination, and 

fairness. ‘Good AI’ is thought to serve humans, helping improve their prosperity, health, and 

wellbeing while also fostering participation in society. Conversely, ‘bad AI’ is feared to 

displace or outcompete humans; it threatens their privacy or dignity, or it may affect their 

ability to meaningfully participate in societal processes. This normative view is encapsulated 

in the frequently occurring notion that AI should be working to assist humans and augment 

their capacities, and not vice versa. For example, the German strategy (p. 13) socially situates 

AI as follows: 

‘The division of labour between human beings and machines must be re-negotiated. 

Technology is to support human beings and ease their burden, so that they can bring the 

capabilities unique to them - empathy, creativity and solving problems in complex situations – 

to the task. For this to work, technology must be designed to serve the needs of human beings. 

This in turn means that it is highly important to consult and involve workers as specific 

applications are developed and introduced.’ (Germany, p. 13) 

Based on this envisioned human-centric relationship between humans and AI, several design 

principles follow: AI should be built in a way that is transparent, explainable, safe, and 

ultimately inscribed with accountability. The Dutch strategy illustrates this by stressing the 

importance of ‘people know[ing] when a decision is made by an AI […], who was involved in 

the development [of the AI] and who bears responsibility [for its decisions]’ (Netherlands, p. 
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43). Similarly, Norway’s principles for the design of good AI include ‘transparency and 

explainability; robustness, security and safety; and accountability’ (Norway, p. 61). This 

normative orientation towards human-centric and manageable AI is also encapsulated by the 

Portuguese strategy (p. 15), which seeks to empower its citizens to ‘thrive in an AI enabled 

world’. The normative direction is established primarily in the sections of the strategies that 

provide a definition of the AI term. AI definitions often encompass both a ‘technical’ 

description of AI (e.g., as a system with certain functionalities and capacities) which is 

sometimes presented in a separate ‘definition box’ in the document, as well as a more ‘value-

oriented’ description of AI as an ‘actor’ in society. Sometimes, the two are interwoven. For 

instance, complexity can be described as an AI feature and also as a characteristic with 

potentially normative implications for the technology’s situatedness in society. 

4.2.2. Anchoring the Normative Orientation: Embedding AI in Culture and Everyday Reality 

through Social Emotions 

The second narrative aims to anchor the normative orientation by embedding ‘good AI’ 

development in the cultural identity and everyday reality of citizens. This is achieved partly 

through narratives that promote social emotions that lead to cultural identification with AI and 

partly through narratives that stabilise fear of the technology and normalise AI technology as 

an iteration of previous and familiar technologies. This narrative is geared towards lowering 

the perceived barriers to engaging with AI. 

Cultural identification with AI is promoted by framing the development of AI in alignment 

with national culture, pride, and patriotism. The German document not only states that ‘AI 

made in Germany’ is to become a globally recognised quality mark (Germany, p. 7), but the 

German AI strategy document itself carries the subtitle ‘AI made in Germany’ under its logo, 

thus tightly linking the development of AI with national culture and pride. Similarly, the Czech 
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strategy notes that ‘the very word robot was coined by the Czech writer Karel Čapek in 1920’ 

(Czech Republic, p. 2), thus framing autonomous technology - and by extension AI - as deeply 

rooted in a Czech feeling of collective identity and promotion of culture, while claiming at 

least partial historical authorship of the AI paradigm. Strategies alluding to national values 

often use inclusive pronouns such as ‘we’, ‘us’, and ‘our’ to indicate a sense of we-ness, 

togetherness, and unity: ‘We need a strong Belgian story to share with the outside world’ 

(Belgium, p. 5). Another way of harnessing cultural identity is by contrasting one’s own status 

of AI development with that of other nations and building implicit alliances with others. Here, 

a common pattern is that of positioning the nation as a ‘leader’, ‘frontrunner’, or part of the 

‘vanguard’ within a broader competitive group, which is also a commonly used emotional 

strategy that aims to evoke national pride. For instance, the Finnish strategy seeks to ‘ensure 

that Finland becomes one of the frontrunners among countries that apply artificial intelligence’ 

(Finland, p. 9). Similarly, Iceland states that it is ‘on a par with its Nordic neighbours, which 

are in the vanguard as regards technological infrastructure’ (Iceland, p. 6). Another pattern is 

that of highlighting the nation’s leading or lagging position in relation to a specific benchmark. 

For instance, the Finnish strategy frequently alludes to the industry leadership of the United 

States and China and to the fact that ‘Europe is very clearly lagging behind’ (Finland, p. 19). 

This serves to construct a sense of collective identity rooted in the need to work together to 

close the gap on the global leaders. 

The second narrative evoked to anchor the normative orientation is normalising AI technology 

by framing it as a knowable, if not already known, phenomenon. Normalising technology helps 

to reduce the emotional anxiety created in previous narratives. This is achieved by equating 

current AI developments with existing and known technological phenomena, or by 

extrapolating from previous developments. More specifically, documents draw on everyday 

analogies, emphasising the role already played by AI technology in citizens’ everyday reality: 
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‘Today, artificial intelligence is already part of our daily lives. Our chats are answered by 

robots, we ask our phone's Siri for advice’ (Finland, p. 11). Such analogies typically include 

examples related to mobile communications, autonomous driving, traffic management, and 

media recommendation systems. Strategies also draw on historical analogies, likening the 

advent of AI to the ‘industrial revolution’ (e.g., Iceland, p. 5), the ‘steam engine and electricity’ 

(e.g., Cyprus, p. 5), or to robots that ‘have been used extensively in factories around the world 

since the 1960s’ (e.g., Iceland, p. 28). In describing the AI phenomenon in the ‘known terms’ 

of everyday life or as an incremental extrapolation of historical trends, the envisioned 

normative orientation of AI development is thereby presented as ‘knowable’ and thus 

potentially manageable. The presentation of AI as rooted in everyday practices may also 

provide heuristics for tackling challenges related to AI, since this suggests that the tools, 

strategies, and resources deployed by past policy documents could be translated to meet future 

needs. The anchoring of the normative orientation unfolds primarily within sections that 

provide illustrative examples of AI technology or AI implementation. Such examples may 

already be a reality (e.g., autonomous driving) or they may be aspirational (e.g., ‘AI made in 

Germany’ will be a marker for quality). Here, strategies often rely on elaborate and fleshed-

out descriptions of current and future examples to anchor the normative direction and reduce 

the emotional anxiety of the unknown. 

4.2.3. Promote the Enactment of the Normative Orientation: Juxtaposing Emotions and 

Mobilising Leadership 

The third narrative aims to promote the enactment of the normative orientation by juxtaposing 

sub-narratives of hope with narratives of fear - creating a sense of urgency - as well as through 

sub-narratives that assign agency, responsibility, and leadership to specific individual and 

institutional actors. 
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Narratives of fear generally evoke imageries of an uncertain future marked by human 

disenfranchisement and falling behind. Such scenarios illustrate, for instance, how individuals, 

professions, or entire social classes may be disadvantaged, displaced, or discriminated against 

by ‘wrongly designed’ AI. For instance, Finland (p. 68) alludes to a sense of harm in warning 

against the ‘threat of large-scale unemployment’ in the face of increased - and unchecked - AI-

driven automation, while Belgium (p. 18) provides an example of AI-driven recruiting tools 

‘favouring men for technical jobs’ due to inherent bias. Negative scenarios also include 

warnings about the potential abuse of personal data and privacy issues, a point given some 

prominence in the Dutch strategy: ‘Privacy can be violated if the processing of personal data 

does not meet the requirements of propriety and transparency’ (Netherlands, p. 40). 

Another theme evokes the fear of being left behind as a collective culture or country, while 

others win the ‘global race for technological dominance’ (Czech Republic, p. 20). Such 

narratives include depictions of countries suffering economically due to inaction or insufficient 

investment, or because they allow critical knowledge to leave the economy. Belgium takes a 

particularly urgent stance in this regard: ‘Belgians have always played an important role in AI, 

but our country as a whole has failed to follow suit’ (Belgium, p. 4). In particular, the Belgian 

strategy highlights the fact that the country currently lacks ‘both the capacity and tools’ to 

support the AI transition and that ‘citizens and companies are not sufficiently reaping the 

benefits of the ongoing technological evolution’. Similarly, the Spanish strategy (p. 18) asserts 

that ‘the technological investment made so far in Spain is insufficient’ to facilitate a 

competitive environment for AI technologies. Highlighting the threat of losing critical 

knowledge and skills, Iceland places particular emphasis on preventing ‘an exodus of people 

with specialised education’ who are seen as the key drivers in the development and use of novel 

technologies, such as machine learning and AI. 
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Against these narratives of fear and decline, national strategies also employ narratives that 

create a sense of hope by pointing towards desirable outcomes linked to the development of AI 

within the boundaries of the outlined normative domain. This narrative includes scenarios 

illustrating the benefits of ‘good AI’, which is thought to ‘set us free, granting us more time for 

the things that define our humanness’ (Belgium, p. 2). In the same vein, ‘good AI systems’ are 

further described as tools that ‘safeguard the integrity and privacy of the individual’ (Norway, 

p. 56), while also furthering societal participation by boosting the fair and equal treatment of 

citizens. Finally, policy documents aim at creating a sense of hope by projecting positive and 

often very specific future scenarios. This is achieved, for instance, through extrapolations from 

the status quo as the strategies map out a near future in which AI incrementally improves both 

individual and societal outcomes. For instance, Malta’s AI strategy predicts that ‘an AI-

powered adaptive learning system [will] help students achieve better education outcomes 

through personalised learning programmes’ (Malta, p. 28), while Denmark foresees ‘more 

individualised treatment of the sick, e.g., through […] advanced voice recognition for 

emergency calls’ (Denmark, p. 12), and Germany expects that ‘looking for a parking space will 

soon become a thing of the past as AI-based connected cars learn to identify the nearest 

available space’ (Germany, p. 34). The juxtaposition of such scenarios of harm with scenarios 

of care creates at once a sense of fear (vis-à-vis scenarios of harm) and a sense of excitement 

(vis-à-vis scenarios of care). The language used for describing both scenarios further generates 

a sense of urgency, with issues being presented in a time-critical context: if we don’t act now, 

we may ‘fall behind’, ‘lose the race’, or ‘miss unprecedented opportunities.’ 

Finally, national AI strategies assign responsibility to various constituencies for ensuring the 

morally acceptable design, implementation, and use of AI. Here, the narratives seek to mobilise 

individual actors (e.g., entrepreneurs, designers, teachers, and medical doctors) as well as 

individual organisations. In the Slovakian strategy, for instance, entrepreneurs are directly 
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urged to ‘learn how to use all data they have available efficiently’ (Slovakia, p. 48). Similarly, 

several strategies situate the responsibility for the design and implementation of ‘good AI’ on 

the individual level: ‘The designers of AI must ensure security and prepare for misconduct 

already in design phases’ (Finland, p. 113). Finally, Cyprus foresees that the role of teachers 

will change significantly, with them being expected to ‘learn new skills to use new methods 

and tools.’ (Cyprus, p. 39) Here, individual actors are portrayed as important and valuable 

contributors to an overarching effort to realise the potential of AI. Narratives also seek to 

mobilise institutional actors such as academia, industry, and the public sector by directly 

assigning them specific responsibilities. In the Czech strategy, for instance, the education 

system is called upon at the institutional level to develop knowledge and skills: ‘The education 

system must also be flexible enough to focus on developing the knowledge and skills that can 

be used in the future rather than the current labour market’ (Czech Republic, p. 24). On the 

institutional level, assigned responsibility often goes hand in hand with signals of tangible 

support. For instance, the German strategy emphasises the important role played by the 

‘German Mittelstand’ (a group of small and medium-sized companies) in creating value 

through AI technologies, while also stating that ‘the Federal Government will provide targeted 

support for Mittelstand companies for this purpose’ (Germany, p. 20). Strategy documents 

primarily promote the enactment of the normative orientation within the sections that outline 

opportunities and threats (juxtaposing emotions) as well as goals and measures (assigning 

responsibility). Outlining the opportunities and threats creates a sense of urgency and 

underscores the need to act, but describing the goals and measures offers a concrete way 

forward, while also being a way of activating leadership in the enactment of the normative 

orientation. 

4.3. Affective Valence and Sequencing Across Strategies (computational triangulation) 
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To complement the interpretive coding of moral and social-emotional cues and how they 

constitute normative entrainment through affect, we conducted a computational text analysis 

that operationalises Russell’s circumplex model of affect (Russell, 1980, 2003) using VADER 

(Valence Aware Dictionary and sEntiment Reasoner), a lexicon- and rule-based sentiment 

analysis tool developed by Hutto and Gilbert (2014). In addition, we drew on the lexical 

database of emotional norms provided by Warriner et al. (2013) to quantify activation and 

arousal across documents. Together, these approaches served as a triangulation step to 

systematically assess emotional valence and intensity alongside the qualitative analysis, 

confirming the presence of emotional cues as well as their consistent juxtaposition (close 

proximity of strong positive and strong negative emotional cues) throughout the documents. 

Figure 3 provides a descriptive overview of affective tone across the strategies. Across the 

corpus, strategies are predominantly neutral-to-positive at the sentence level, but a smaller, 

recurring share of negative sentences is present in most documents, consistent with our 

qualitative finding that enactment-oriented sections often juxtapose fear with hope as an 

emotional battery. The VADER results also make cross-country contrasts starkly visible. 

Austria and Iceland show notably larger negative shares than many other strategies, consistent 

with a comparatively more fear-oriented tone. Germany, by contrast, exhibits a comparatively 

high neutral share and a smaller positive share, consistent with a more normative or principle-

based register overall. Belgium and Cyprus show comparatively higher positive shares paired 

with recurring negative passages, a pattern that fits the rhetorical “battery” logic described in 

Section 4.3 (risk cues are repeatedly paired with optimistic or solution-oriented cues rather than 

replacing them).  

--- Figure 3  

‘Share of affect per document (positive, neutral, negative)’  

about here --- 
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Figure 4 illustrates how national AI strategies combine positive and negative emotional cues, 

revealing different affective patterns through which urgency in the enactment of the normative 

orientation may be communicated. Across countries, positive emotional language 

predominates, yet negative cues are consistently present as well. Here, we distinguish two ways 

in which the simultaneous presence of positive and negative emotions contributes to the 

enactment of the normative orientation: through frequency (how often negative sentences 

occur) and through intensity (how strongly negative valence is expressed when it occurs). Italy 

stands out as a case in which negative sentiment is comparatively intense despite a more 

moderate frequency of negative sentences, pointing to fewer but more sharply valenced 

cautionary passages. Austria, by contrast, combines elevated frequency with strong negative 

intensity, indicating a more pervasive cautionary tone recurring throughout the document. 

Taken together, the affective patterns in Figure 4 suggest that urgency in the enactment of the 

normative orientation is not primarily conveyed through uniformly negative or highly emotive 

language. Rather, it emerges from the juxtaposition of positive and negative emotional cues 

within the same policy narratives, where affirmative visions of AI are accompanied by 

recurring or sharply articulated warnings of an uncertain future that emphasise the need for 

timely action. 

 

--- Figure 4  

‘Intensity and frequency of affect per document’ 

about here --- 
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Figure 5 illustrates how national AI strategies differ in the distribution of negative emotional 

cues across documents, highlighting where and how urgency in the promotion of the normative 

orientation is narratively activated. Three sequencing patterns are particularly useful for 

interpreting the narrative functions identified above. First, a frontloaded risk pattern (early-

phase urgency) is evident in Iceland and, to a lesser extent, Latvia. These strategies concentrate 

negative cues early in the text, foregrounding the risks of an uncertain future, or “what is at 

stake” before transitioning into governance frameworks and proposed solutions. Second, a 

distributed juxtaposition (recurring “battery” logic) characterises Belgium and Austria. In these 

cases, negative cues recur throughout the document rather than being confined to a single risk-

focused section, suggesting a narrative strategy in which urgency is repeatedly reactivated and 

consistently paired with narratives of caring and opportunity claims. Third, a backloaded 

valence (late activation) pattern appears in Germany. Here, emotional language is 

comparatively limited in early sections and becomes more pronounced later in the document, 

aligning with strategies that begin in a largely descriptive and normative register and intensify 

emotionally in sections addressing measures, controls, and responsibilities. Overall, affective 

patterns in Figure 5 reinforce our findings and explain variability in the last narrative of our 

model. 

 

--- Figure 5  

‘Relative position of affect per document’  

about here --- 
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This section complements the interpretive, qualitative coding of moral and social-emotional 

cues by providing a systematic, computational perspective on affective valence and sequencing 

across national AI strategies. Using sentiment analysis and normative arousal scores, this step 

serves three interrelated purposes. First, it confirms the qualitative coding, showing that 

emotional cues identified in narrative fragments – both positive and negative – are indeed 

present across the corpus. Second, it triangulates the analysis by combining qualitative 

interpretation with quantitative sentiment measures, highlighting consistent patterns such as 

the juxtaposition of risk and opportunity or fear and hope. Third, it differentiates strategies by 

revealing cross-country variation in how affective cues are deployed, both in frequency and 

intensity, and in their sequential placement within the documents. In this way, the 

computational analysis supports and enriches the narrative account, demonstrating that 

normative entrainment through affect is not only interpretively grounded but also 

systematically patterned across national AI strategies. 

 

5. Discussion and Conclusion 

This study contributes to scholarship on how policy documents guide digital transformations 

by specifying the normative and affective dimensions of national AI strategies. Drawing on 

narrative analysis, observations, and interviews, we argue that these artefacts and instruments 

not only articulate normative guidance by delineating values, standards, and ideals (Flink and 

Kaldewey 2018; Ospina and Dodge 2005; White 1999; Nielsen, Elmholdt and Noesgaard 

2023), but also promote what we call normative entrainment through affect. Entrainment refers 

to a process of emotional and cognitive alignment that emerges through engagement with 

policy text. This alignment reinforces normative orientations by creating identification and 

motivating urgency, thereby encouraging action. 
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Analysing 22 European strategies, and contextualising our interpretations through interviews 

and participant observation, we show that normative entrainment through affect is constituted 

by three overarching narratives. Strategies establish normative orientations by ascribing 

societal values to AI, anchor these orientations by invoking social emotions and embedding AI 

in identity and everyday life, and promote enactment of the normative orientation by 

juxtaposing fear or anxiety with hope while foregrounding leadership and responsibility. We 

interpret these patterns as a repertoire through which strategy texts engage people in the 

development of responsible AI and render it both morally desirable and practically urgent. 

We acknowledge that identifying fear or anxiety, hope, and pride in policy texts involves 

interpretation. Passages that frame AI as critical for national competitiveness, or that warn 

about falling behind, can be read as producing urgency or anxiety. Similarly, references to 

national pride or a “grand legacy” can be read as inviting positive collective identification. 

Such rhetorical devices are common in strategy writing. Our claim is not that they coerce 

audiences, but that they extend the communicative register beyond purely technical or 

cognitive argumentation and thereby help stabilise visions of responsible AI. The concept of 

entrainment captures this process by emphasising its emotional dynamics. 

The first narrative of normative entrainment through affect, establishing normative orientations 

by ascribing societal values to AI, foregrounds values and design principles attributed to 

technology in order to craft a vision of a desired future. Prior studies have documented how 

principles such as transparency or explainability appear in AI policy documents (Jobin, Ienca 

and Vayena 2019; Foffano et al. 2020; Jobin et al. 2019; Vesnic-Alujevic et al. 2020). In our 

analysis, what stands out is the careful narration of AI’s social situatedness around foundational 

values such as human centricity and fairness. Rather than treating value lists as self-sufficient, 

as some prior literature has done (Flink and Kaldewey 2018), entrainment highlights how 
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normative orientations are delineated through social situatedness. In this way, AI is framed as 

a collective moral project. 

The second narrative anchors the normative orientation through social emotions by embedding 

AI in cultural identity and everyday life. It invokes a sense of social connection and alignment 

with a collective. Cultural references and everyday analogies can be read as reducing distance 

to the technology, normalising AI as part of daily routines, and fostering a sense of we-ness 

around digital transformation. 

Entrainment is most pronounced in the third narrative, which is the central contribution of this 

study. Here, policy documents promote enactment of normative orientations by juxtaposing 

moral emotions such as fear or anxiety with hope, creating a sense of urgency while mobilising 

leadership. Through sequences that contrast potential harms with hopeful future scenarios, 

strategy texts aim to generate urgency while also presenting a route to collective agency and 

leadership. Fear has been shown to drive conformity and the reproduction of precise practices 

(Gill and Burrow 2018). Hope, by contrast, has been associated with enactment of change and 

the mobilisation of broader publics (Snow 2004). Van Lente (2000) shows that statements that 

articulate hope in future technological performance can mobilise attention. We extend this 

insight by situating hope within a broader perspective on alignment, and by showing how 

emotional “batteries” such as fear and hope can foster entrainment. We explain how appeals to 

emotion can give policy documents the capacity to construct grievances and motivate collective 

action by activating the emotional connections people have to their values. Our contribution is 

to link this affective sequencing to the construction of normative orientations, and to specify 

the concrete mechanism through which AI policy documents can cultivate identification, 

urgency, and ultimately the perceived need for action. These elements are necessary for public 

entrainment with AI governance. 
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The cognitive side of these narratives also deserves emphasis. Throughout the corpus, affective 

cues are frequently embedded in a deterministic account of technological change: AI is narrated 

as an accelerating tide, a global race, or an unavoidable transformation to which countries must 

respond. This ‘comply or perish’ tenor does not only add background context but also provides 

the cognitive warrant that makes fear, hope, urgency, and responsibility cohere. In such 

passages, policy choice is often framed less as an open democratic question than as the 

management of an already moving technological trajectory. This is consistent with critiques of 

technological determinism and forceful futures (Van Lente 2000; Campolo and Crawford 

2020), and it points to a limitation of our affect-centred account. Future research should 

examine more directly how cognitive narratives of inevitability interact with emotional 

narratives, how they distribute agency and responsibility, and whether they narrow or expand 

political debate about alternative AI futures. 

We also observe that many of these narratives recur across different European national 

contexts, suggesting a degree of isomorphism. Countries frequently draw on similar emotional 

storylines, including national pride, potential threats, and promises, to generate buy-in. Some 

documents express these elements more strongly or explicitly than others. Our claim is not that 

all 22 strategies reflect all three narratives with equal intensity, but that the narratives recur 

with sufficient frequency to indicate a shared repertoire of emotional narratives. The valence 

analysis in the final section of our findings supports this interpretation. 

This study has limitations that suggest avenues for future research. First, we limited the 

comparative ambition of the study across countries in order to focus on commonly used 

narratives and how these guide digital transformations. Our objective was to engage the policy 

debate on AI rather than foreground national differences. This choice is consistent with 

research that points to convergence in AI narratives across venues (Lemke et al. 2023). Such 
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convergence may indicate the formation of a subsystem-specific policy agenda around AI 

(Lemke et al. 2023). Relatedly, studies of policy narratives in digital transformation highlight 

the isomorphic character of digital technology policy as a “common repertoire of narratives 

used by governments from all around the globe” (Mettler et al. 2024). Guenduez and Mettler 

(2023) further argue that isomorphic narratives in AI policy documents may function as a 

blame-avoidance strategy. Our informal observations as participant observers on national AI 

strategies are consistent with this view. By communicating in largely context-free ways and 

adhering to established norms, policymakers may reduce exposure to criticism for suboptimal 

decisions. By contrast, developing unique, country-specific, or situation-specific narratives in 

response to a novel phenomenon such as AI may invite adverse reactions from political 

opponents, lobbyists, or policy consultants. Future research could therefore investigate both 

the actors and processes of knowledge creation and the differences between countries that lead 

or lag in AI technologies. 

A second limitation concerns the qualitative and interpretive nature of our analysis. We do not 

claim statistical generalisation; rather, we offer theoretically informed interpretations 

supported by illustrative passages (Patton 2014). While we identify three overarching 

narratives across 22 European strategies, other configurations may emerge in different 

geopolitical or sectoral settings. In addition, our study focuses on the communicative action of 

policy documents (Boje 2008) and does not examine how different stakeholder groups actually 

read or respond to these texts. Future research could investigate reception processes and 

potential consequences, for example whether different affective framings correlate with 

subsequent partnerships, investments, or regulatory initiatives. Future work should also 

examine potential downsides of strong affective framing. Highly alarmist rhetoric may erode 

trust, while overly optimistic rhetoric may foster complacency and downplay governance 

needs. 
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We emphasise that policy documents play a critical role in guiding digital transformations by 

outlining principles and values such as transparency, explainability, and accountability 

(Foffano et al. 2020; Jobin et al. 2019; Vesnic-Alujevic et al. 2020). Beyond listing these 

values, our analysis highlights how entrainment through affect can support their 

implementation in practice. By tracing the interplay between policy texts and mechanisms of 

entrainment and emotional resonance, we underscore communicative dynamics that shape 

decision-making around AI. 

Our findings also speak to broader debates on governments’ responsibilities in developing and 

deploying AI at national level, including the importance of normative frameworks and 

regulatory measures for ensuring responsible data use and mitigating harmful outputs (Chan 

2023; Kerr, Barry, and Kelleher 2020). We align with scholars who challenge the view that AI 

narratives are purely technocratic, arguing instead that they carry significant normative 

implications (Köstler and Ossewaarde 2022; Lemke et al. 2024; Radu 2021; Taeihagh 2021). 

This work extends research on how EU policy documents seek to steer normative direction 

(Seidl 2023) and clarifies the role of national AI policies in this process. It also contributes to 

debates on how AI policies frame current controversies (Ulnicane 2024). We go beyond 

identifying framings and controversies by specifying the mechanisms of normative 

entrainment through affect that policy documents use to influence policymakers and broader 

publics. 
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FIGURES 
 

Figure 1: Recurring themes and narratives in National AI strategies 
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Figure 2: Normative entrainment through affect in AI strategy documents 
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Figure 3: Share of affect per document (positive, neutral, negative)  

 

Sentence-level valence distribution across national AI strategies (VADER). Bars show the proportion 
of sentences classified as positive, neutral, or negative within each document, illustrating that strategies 
are predominantly neutral-to-positive while negative cues recur across most documents. 
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Figure 4: Intensity and frequency of affect per document 
 

 
VADER sentiment analysis. Frequency is measured by the share of positive versus negative sentences 
per document (left). Intensity is measured by average positive versus negative sentiment (right). 
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Figure 5: Relative position of affect per document 

 
Sequencing of affective cues along a normalised document axis. Each dot represents a sentence clas-
sified as positive/neutral/negative, positioned by relative location in the document (0–1). 
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TABLES 
 

Table 1: Empirical material used in the study 
 
Material Scope Role in analysis 
National AI strategies 
(EU/EEA) 

22 documents, 1,068 pages 
(2017–2020) 

Primary corpus for narra-
tive fragment and emotion 
coding 

Linked national policy in-
struments 

Collected when explicitly 
referenced or hyperlinked in 
strategies 

Contextual check of rhetor-
ical patterns; not systemati-
cally coded 

Participant observation One author observed three AI 
strategy drafting committees 
over six months 

Contextual understanding 
of drafting practices; re-
flexive interpretation 

Semi-structured expert inter-
views 

3 interviews (45-60 minutes) 
with policymakers and advi-
sors involved in drafting 

Member checking and con-
textualisation of interpreta-
tions; not used to generate 
codes 
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Table 2: National AI Strategies within EU/EEA - Sample Overview 
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Appendix 1 – Table A1 

Illustrative Quotes 1st Order themes Code Description Narratives 

Acknowledging that people are the central element of research, 
innovation, deployment and usage of any AI manifestation, the 
outlined AI strategy deliberately puts at its core action plan the em-
powering of people with the necessary knowledge, skills and 
means to thrive in an AI enabled world. (Portugal, p. 15) 

Delineate social situ-
atedness of AI 

Text segments describing 
(1) the envisioned role 
and position of AI in soci-
ety, (2) the envisioned 
qualities and dynamics of 
the human-AI relationship 
including (2a) the role of 
humans in society and 
(2b) the role of AI in soci-
ety as well as (3) the gen-
eral societal values in-
scribed in 'good AI' 

Create the vision:  
Narratives of desirable values and design 
principles ascribed to technology 

The division of labour between human beings and machines must 
be re-negotiated. Technology is to support human beings and 
ease their burden, so that they can bring the capabilities unique to 
them - empathy, creativity and solving problems in complex situa-
tions – to the task. For this to work, technology must be designed 
to serve the needs of human beings. This in turn means that it is 
highly important to consult and involve workers as specific appli-
cations are developed and introduced. (Germany, p. 13) 

Human dignity should be respected in development and use of 
artificial intelligence. Artificial intelligence should not cause in-
jury, it should support due process and it should not unjustifiably 
place people in a worse position. (Denmark, p. 29) 

To make sure that AI can best serve [humans], it needs to be 
understandable, transparent and, ultimately, trustworthy. A hu-
man-centric approach requires a level playing field among the di-
verse stakeholders (Luxembourg, p. 9) 

AI-based systems must be transparent - Decisions made by systems 
built on artificial intelligence must be traceable, explainable and 
transparent. This means that individuals or legal persons must 
have   an opportunity to gain insight into how a decision that affects 
them was made. (Norway, p. 58) 

Define AI design prin-
ciples 

Text segments describing (1) 
specific requirements and func-
tionalities of 'good AI', (2) 
needed safeguards against 'bad 
AI' or (3) best-practices and 
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Explainability means that you can describe, control and restore 
data, underlying logics and consequences of the use of artificial 
intelligence, e.g. by being able to trace and explain decisions and 
decision support. Explainability is not the same as full transparency 
of algorithms [...]. (Denmark, p. 29) 

processes of good technology 
development  

The recommendation [of the OECD] identifies key values for trust-
worthy AI, namely: inclusive growth, sustainable development and 
well-being; human-centred values and fairness; transparency and 
explainability; robustness, security and safety; and accounta-
bility. (Norway, p. 61) 

We gave the world the word robot and we have nothing to worry 
about at the time of robots. We have hard work ahead of us, but I 
am convinced that together we are going to get our country back to 
where it once belonged. Ing. Andrej Babiš  (Prime Minister of the 
Czech Republic) (Czech Republic, p. 2) 

Frame AI as a driver 
of national identity 

Text segments which (1) 
link the development of 
AI to national culture, 
pride or patriotism, (2) in-
voke a specific a cultural 
value or artefact as evi-
dence for the country's 
unique qualification for 
AI development  

Embed in cultural identity: Narratives of 
promoting cultural identification with 
technology 

Germany is to become a leading centre for AI, especially through 
the pursuit of a speedy and comprehensive transfer of research find-
ings to applications and the modernisation of administration in the 
context of the needs of a state based on the rule of law. ‘Artificial 
Intelligence (AI) made in Germany’ is to become a globally rec-
ognised quality mark.  (Germany, p. 7) 

We propose to build on these and come together. We need to in-
volve all government-level institutions in this transition, and we 
need a strong Belgian story to share with the outside world, 
starting with Europe. We also need to set a national financial am-
bition level. (Belgium, p. 5) 

France is among the top 4 countries in the world for the global 
production of articles on artificial intelligence, along with China, 
the United States, and the United Kingdom. (France, p. 9) 

Evoke a sense of cul-
tural competition 

Text segments (1) contrasting 
AI progress with other coun-
tries, (2) aligning AI progress 
with other countries, (3) map-
ping allies and competitors, (4) Iceland is on a par with its Nordic neighbours, which are in the 

vanguard as regards technological infrastructure. (Iceland, p. 6) 
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The public sector will be among the leading countries in Europe 
in using data and artificial intelligence to improve and target public 
services. (Denmark, p. 11) 

describing the countries role 
and position in the AI race 

This strategy is part of the European Coordinated Plan for Artificial 
Intelligence 11 and can be understood as a contribution to a syner-
gistic action between the countries of the European Union, with the 
hope that Europe will soon be able to compete with the United 
States and China. (Italy, p. 7) 

The Government of Malta has taken a clear stance on  technological 
innovation: it should be embraced, not stifled; Malta should be a 
disrupter, rather than a follower.  (Malta, p. 12) 

Today, artificial intelligence is already part of our daily lives. 
Our chats are answered by robots, we ask our phone's Siri for 
advice and we are currently in the process of preparing transport 
that will allow us (at some point in time) to eliminate the greatest 
threat to safety: human drivers. (Finland, p. 11) 

Embed AI in everyday 
analogies 

Text segments which (1) pro-
vide current examples of AI be-
ing used in mundane or every-
day situations or (2) use cur-
rent technology or tools as a 
metaphor for the development 
of future AI development 

 

AI solutions are being used to increase the relevance of recom-
mendations users see on websites, display personalised advertis-
ing. (Malta, p. 12) 

Artificial intelligence is already being used in many of the prod-
ucts and services that are part of everyday life in Denmark. E.g. 
in apps, search engines, image recognition, diagnosis and facial 
recognition, as well as for automation in industry. (Denmark, p. 14) 

The contribution of AI is expected to transform the modern world, 
as happened with the steam engine and electricity in the past. (Cy-
prus, p. 5) 

Embed AI in historical 
analogy 

Text segments which (1) com-
pare AI to historical technolo-
gies (i.e. the steam engine) or 
(2) compare the emergence of 
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Robots have been used extensively in factories around the world 
since the 1960s, but they are now becoming ever more sophisti-
cated and are advancing by leaps and bounds with artificially intel-
ligent control systems. (Iceland, p. 18) 

AI to historical processes (i.e. 
industrialization) (3) situate AI 
development as a natural next 
step of societal development 

In Portugal, the [AI] field started to grow in the 80s with a few 
pioneers working in areas such as Knowledge Representation, 
Logic Programming, Machine Learning, Natural Language Pro-
cessing and Multi Agent Systems. (Portugal, p. 10) 

The first and second industrial revolution was the result of a 
large part of human's physical work replacement by machines. 
Third industrial revolution was replaced part of the human brain, 
the fourth industrial revolution will be replaced a large part of  
human intellectual work. (Latvia, p. 4) 

Potential threats include deepening the problems in socially ex-
cluded regions, temporarily increasing structural and frictional un-
employment, or deepening the various forms of inequality and 
discrimination. (Czech Republic, p. 30) 

Create perception of 
harm 

Text segments which (1) 
illustrate negative conse-
quences of 'bad AI' (i.e. 
AI violating the envi-
sioned design principles) 
(2) negative consequences 
of lacking safeguards 
against misuse of 'good 
AI' or (3) general scenar-
ios of human disenfran-
chisement vis-à-vis AI 
(i.e. failure to manage the 
transition as a whole) 

Evoke fear: Narratives of the uncertain 
future and the danger of a technological 
disconnection (evoke fear) 

There may be unintended or unforeseen consequences of using AI 
as a result of biased or manipulated data, lack of transparency, 
misuse or hostile use. This may lead to discrimination, loss of 
trust, financial damage and consequences for the functioning of de-
mocracy. (Sweden, p. 4) 

Multiple incidents have been shared in the press over the last few 
years: an algorithm mistakenly classifying black people as “goril-
las” or a recruiting tool favouring men for technical jobs. Moreo-
ver, through their scalable nature, algorithms can create negative 
feedback loops and, in that way, deeply influence our society. 
For example, police presence based on historical crime can cause a 
further detection of petty crimes in problematic areas. (Belgium, p. 
13) 
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Denmark is currently lagging behind comparable countries 
such as Finland, Norway and Sweden with regard to private 
investment in artificial intelligence. In the long term, this may 
challenge the competitiveness of Danish businesses. (Denmark, p. 
54) 

Evoke perceptions of 
falling behind 

Text segments which (1) convey 
sentiments of insufficient in-
vestment or preparedness of 
one's own country (2) evoke a 
danger of 'losing the race' or 
(3) lament a lower than optimal 
ranking in a cross-country 
comparison 

But while many countries are already making significant invest-
ments, we are at risk of falling behind. It is time to be bold and 
ambitious, to come together, all of us, and to prepare our country 
for a future that is inevitably digital. (Belgium, p. 2) 

In the event of a global race for technological dominance, Europe 
and the Czech Republic, coupled with the German industrial clus-
ter, risk losing up to half the added value, especially in the automo-
tive industry. (Czech Republic, p. 20) 

Spain ranks fourth [...]. These data show that [...] the technological 
investment made so far in Spain is insufficient and that, in short, 
without solving these [...] aspects there will not be a favourable en-
vironment for AI technologies in our country. (Spain, p. 17) 

AI can improve productivity in two ways: on the one hand, by 
automating some activities previously performed by people; on the 
other, bringing systems to function and adapt to circumstances with 
increasingly reduced if not absent human control (Italy, p. 4) 

Create perception of 
care 

Text segments which (1) illus-
trate how AI improves society, 
(2) examples of inscribed soci-
etal values being enacted 

Galvanise hope: Narratives of a car-
ing and better society 

Important societal problems such as sustainability, resources 
management, and unemployment will be successfully ap-
proached using AI and data science technologies. (Portugal, p. 21) 

Ordinary citizens will benefit from the numerous new possibilities 
for a more rewarding working life and the wellbeing that arti-
ficial intelligence-based new technology will create. (Finland, p. 
13) 
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develop an AI-powered adaptive learning system to help students 
achieve better education outcomes through personalised learning 
programmes based on student performance, ambitions and needs. 
(Malta, p. 28) 

Build positive future 
scenarios 

Text segments which (1) 
vividly illustrate specific 
domains and examples of 
improvement sparked by 
AI development, (2) 
drawing utopian scenarios 
comparing a better future 
with the present, (3) shar-
ing emotional examples 
of a better future 

Looking for a parking space will soon become a thing of the past 
as AI-based connected cars learn to identify the nearest available 
space. (Germany, p. 34) 

The ways in which AI can change our lives for the better, reach 
beyond our wildest dreams. Thanks to AI, doctors are better 
equipped to predict and identify brain tumours. Restaurants can 
reduce waste by predicting customers’ orders. Deaf children can 
follow classes with their peers through speech-to-text conversion. 
(Belgium, p. 3) 

Another key enabling technology underpinned by AI is autono-
mous driving – a technology that can render our mobility sector 
safer, more environmentally friendly, better and cheaper at the 
same time. (Germany, p. 17) 

From the utopia of a bright future for a humanity freed from the 
most exhausting tasks, to the fears aroused by killer robots, pass-
ing by the fantasy of a beyond Man, the most radiant promises for 
our collective future rubs shoulders with the deepest anxieties 
about the misuse that could arise from these technologies. (France, 
p. 4) 

The possibilities are endless [...] [AI] can also enhance the reduc-
tion of energy consumption through optimal use of natural re-
sources, to reduce the need for pesticides contribute to a cleaner 
environment, improved forecasting weather, disaster prevention, 
timely recognition cybersecurity problems and generally improve 
living conditions of modern man. (Cyprus, p. 5) 
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Therefore, the designers of AI must ensure security and prepare 
for misconduct already in design phases (security by design). (Fin-
land, p. 113) 

Assign responsibilities 
to individual actors 

Text elements which (1) point 
towards specific individual ac-
tors (citizens, workers, compa-
nies) and their role, responsi-
bility or mission in the develop-
ment and implementation of 
'good AI'  

Mobilise Leadership: Narratives of 
the need for agency in the manage-
ment and development of technol-
ogy Many companies have a poor overview of their own data, and 

therefore have neither categorised it nor assessed its potential ben-
efit to themselves or to other organisations. (Norway, p. 15) 

The role of [the] teacher as the only source of knowledge no longer 
exists and [needs to be] upgraded [towards a] role as mentor and 
provider of incentives in the learning process. Teachers need to 
learn new skills to use new methods and tools. (Cyprus, p. 39) 

Entrepreneurs [...] must learn how to use data they have avail-
able efficiently in order to provide consumers and citizens with 
increased added value of services. (Slovakia, p. 48) 

The public sector could prepare the ground, for example, with a 
systematic assessment of the labour market’s long-term skills, ed-
ucation, and personnel needs; with targeted support to meet those 
needs; and with structured steps to support high-tech development, 
transfer of knowledge and technology, and innovation. (Iceland, p. 
39) 

Assign responsibilities 
to institutional actors 

Text elements which (1) point 
towards specific institutional 
actors (industries, govern-
ments) and their role, responsi-
bility or mission in the develop-
ment and implementation of 
'good AI'  

Sweden needs to develop partnerships and collaborations on 
the use of AI applications with other countries, especially within 
the EU. (Sweden, p. 7) 

Due to the dynamics of changes, the education system must also 
be flexible enough to focus on developing the knowledge and skills 
that can be used on the future rather than the current labour market. 
(Czech Republic, p. 24) 
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Portugal has an active and rapidly growing AI ecosystem, includ-
ing academia, industry and public sector, and must act to fully 
benefit from this revolution. To be prepared for it, Portugal must 
foster strong investment in AI at national and European terms, mo-
bilize key actors, identify key areas for development and mitigate 
risks for the citizens and the society. (Portugal, p. 13) 
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Table A2 AI Strategy Interviews with Signatories, Authors and Consulted Experts - In-
terview Guide 

 
• You co-authored the [AI strategy] for [your country]. How are you on track to ful-

filling the ambitious goals described in the strategy document? 
 

• Can you tell us a bit more about the history of this document? 
o Who initiated it? 
o How was it developed? 
o What was your role in the process? 

 
• What are the goals of such strategy documents?  

o What do you hope to achieve with the strategy? 
o When would you consider the AI strategy a success? 
o The EU already has an extensive AI Strategy. Why does [your country] need 

its own strategy?  
 

• What is the secret to writing an excellent strategy document? How can the document 
best support your goals? 

o What is the ideal structure?  
o What is the ideal language and tone? 
o How do you use technical terms? 
o How do you use emotions? 

 
• Who is the document written for? Which are your most important stakeholders? 

(5min) 
 

• What is the role of [your government] in shaping [your country’s] AI future?  
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Table A3 Complementary Analyses of Emotional Cues: Qualitative Coding and Computational 
Text Analysis 
 
 
Feature Qualitative Analysis Computational Text Analysis 

Purpose Identify social and moral 
emotional cues in narrative 
fragments to understand rhe-
torical strategies (normative 
entrainment through affect) 

Systematically measure emotional valence, in-
tensity, distribution of cues and arousal across 
entire documents to confirm and differentiate 
qualitative findings 

Theoretical Ba-
sis 

Haidt (2003) for moral emotion 
cues; Creed et al. (2014) for so-
cial emotion cues 

VADER sentiment analysis (Hutto & Gil-
bert 2014); affective norms lexicon captur-
ing arousal/activation (Warriner et al. 
2013). Together, these operationalise Rus-
sell’s (1980) circumplex model of affect 
(valence × arousal) 

Unit of Analysis Narrative fragments (e.g., sen-
tences or paragraphs) selected 
for interpretive relevance 

Entire document, sentence-level  

Measures Presence of cue, type of cue, 
contextual use of moral and so-
cial emotions 

Sentence-level valence (positive/neutral/nega-
tive), intensity of sentiment, relative position 
in document, arousal (activation) scores 

Contribution 
to Findings 

Highlights what types of emo-
tional cues are present and their 
narrative function 

Confirms presence and frequency of cues, 
identifies patterns of juxtaposition, intensity, 
and sequencing; differentiates strategies quan-
titatively 

 
 


